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Abstract

Does gender identity affect judicial decisions? This paper provides novel evidence
of in-group gender bias in the judicial decisions for almost all divorce cases in China.
Exploiting the effectively random assignment of cases to judges, the analysis finds
that female judges are 1.2 percentage points more likely to grant divorce petitions
filed by female plaintiffs compared to male plaintiffs, relative to male judges. This
bias primarily reflects female judges’ harsher treatment of male plaintiffs. The bias
is significantly weaker in regions with stronger traditional gender norms, indicating
that conservative cultural attitudes may constrain overt displays of in-group gender
favoritism. Institutional legal development has little moderating effect, underscoring
the primary role of culture. These findings highlight the importance of complementing
efforts to promote judicial diversity with safeguards to detect and mitigate implicit
bias.
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1 Introduction

Does gender identity affect judicial decisions? From the perspective of the public, the justice
system is a context in which society particularly values fair, impartial, and rational decision-
making. Hence, gender identity should have little or no influence on judicial decisions.
However, economic studies have found gender bias in multiple professions and settings, such
as teaching evaluations, career promotion, and job recruitment. Can judges, who are tradi-
tionally viewed as objective and neutral, be an exception? If not, to what extent? How is
this bias integrated with existing social culture, attitudes, and institutions? What measures
can be adopted in the judicial process to bolster fairness and accuracy in the decision-making
process? The answers to these questions are particularly important for those in developing
countries or regions in which corruption, traditional customs, and poor institutions are still
widespread. However, there is limited evidence on these questions.

In this paper, we investigate gender bias in judicial decisions. We use comprehensive
online transcripts of the judicial decisions for almost all divorce cases in China. The institu-
tional judicial setup in China provides a unique opportunity to explore gender bias. During
recent decades, the Chinese judiciary has increasingly adopted measures to boost fairness
and accuracy in the decision-making process. To increase the transparency and public su-
pervision of judicial decisions, in late 2013, the Supreme People’s Court of China released
regulations on publishing the verdicts of the People’s Courts online. According to official
regulations, the verdicts of the People’s Courts at various levels should be published online
except for those that (1) involve state secrets or individual privacy, (2) involve juveniles,
or (3) involve other “improper” situations. Furthermore, to avoid potential manipulation
of the case assignment, which may result in unfairness and public controversy, the Supreme
People’s Court implemented an official announcement in early 2014 that requires that within
the same lower court, each case, in principle, should be randomly assigned to a judge who
will preside over the trial, plea bargaining, and sentencing process.1

These features offer an ideal setup to investigate gender bias in judicial decisions. First,
the online transcripts of judicial decisions allow us to obtain a naturally occurring dataset
that contains rich information on judges, plaintiffs, and cases. Second, the random assign-
ment strategy required by the Supreme People’s Court allows us to exploit the effectively
exogenous gender shock of judges to cases. Third, substantial regional variation in social
norms and institutional environments across China allows us to examine how cultural con-
text shapes the expression of in-group gender bias and to assess the broader generalizability
of our findings.

1See Section 2 for a detailed discussion of the institutional background.
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Our empirical analysis proceeds in three stages. First, we document the significant ex-
istence of in-group gender bias in judicial decisions. Specifically, the in-group gender bias
comes primarily from the negative bias of female judges toward male plaintiffs, which is
aligned with physiological and sociological research on gender differences in in-group bias.
In terms of economic magnitude, with an average of acceptance ratio of 0.265 points for
divorce claims, we document an in-group gender bias of 0.012 points. The estimates are
robust across different specifications, including a placebo test with fake assignment of judges
to plaintiffs, randomly dropping a court each time to address the concern of outlier influence,
using an alternative inference method, keeping courts with at least one female judge, and
examining the sample selection issue due to missing gender information of the plaintiff.

Second, we detect several mechanisms that may account for this pattern. The first is in-
group gender bias: people care not only about themselves, but also about the groups to which
they belong. In our focal setting, female judges show preferential treatment toward members
of their group (female plaintiffs) and offer them greater lenience in judicial decisions. We
also consider a number of alternative explanations for the empirical patterns. One possibility
is that although judicial decisions vary with the plaintiff’s gender, this variation is not due
to preferential treatment toward members of one’s own group, but rather to differences
in the information available to the judge. In other words, a female judge may pay equal
attention to the arguments made by both sides, yet may better understand the arguments
made by members of her own group. The second possibility is that the plaintiff’s—not the
judge’s—behavior is driving the results. For example, a female plaintiff may perform better
in the courtroom when she faces a female judge. The third possibility is that it is not
the judges’ gender, but other characteristics that are correlated with gender that drive the
bias. The fourth possibility is that judges may not be biased toward the plaintiff’s gender
but are influenced by other plaintiff characteristics. Although definitively ruling out these
alternative explanations is difficult, we provide multiple pieces of evidence that suggest that
these possibilities are unlikely to fully account for the observed patterns.

Third, we explore heterogeneity patterns in in-group gender bias across regions to deepen
our understanding of the in-group gender bias and gain insight into external validity. Specif-
ically, estimated in-group gender bias in judicial decisions is less pronounced in regions with
stronger traditional gender norms (that is, initially higher gender discrimination against
women). These results show that traditional culture and social norms shape the expression
of in-group gender bias. Meanwhile, we find that there are no substantial differences in the
magnitude of in-group gender bias across regions with different levels of legal development.
These results suggest that our documented in-group gender bias by judges is universal across
levels of legal development.
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These findings have important implications for the design of equitable judicial systems
in the context of increasing gender diversity on judicial benches. According to data from
China’s National Bureau of Statistics and the Chinese Judicial Statistics Yearbook, the share
of female judges in China rose from 23.5 percent in 2009 to 28.8 percent in 2013, reaching
32 percent by 2022.2 These shifts represent meaningful progress toward gender parity in
judicial institutions and broader inclusion in state governance. However, increased gender
diversity alone does not guarantee judicial impartiality. Implicit identity-based biases, such
as in-group gender favoritism (identified in our analysis), may inadvertently emerge and af-
fect judicial outcomes. Effective judicial diversity should be accompanied by institutional
safeguards designed to identify and mitigate implicit bias. For example, our study finds that
such biases are significantly moderated by prevailing cultural norms, indicating that they re-
flect socially conditioned beliefs rather than intrinsic gender-based traits. Meanwhile, recent
empirical evidence from the education sector demonstrates that bias-awareness programs can
attenuate discriminatory behavior.3 Analogous bias-awareness programs in judicial settings
could similarly mitigate implicit gender biases, helping to reinforce judicial neutrality and
fairness.

Literature Review. This study echoes the theory of social identity—namely, that people
care not only about themselves, but also about the group to which they belong, and show
preferential treatment toward members of their own group. Within the context of gender,
this theory suggests that decision-makers may systematically favor individuals of their own
gender. In-group bias has been extensively studied in the literature using the minimal group
paradigm in experimental setting. Some recent research relies on naturally occurring data
to explore in-group bias in real-world contexts. These studies span diverse decision-making
domains, including judicial decisions (Shayo and Zussman 2011, 2017; Anwar et al. 2012),
policing (Antonovics and Knight 2009; West 2018), academic journals refereeing (Chari and
Goldsmith-Pinkham 2017; Card et al. 2020; Van Der Lee and Ellemers 2015), student eval-
uations of teachers (Boring 2017; Mengel et al. 2019), and hiring decisions (Bagues and
Esteve-Volart 2010; Bagues et al. 2017).4

Our study is among the first to use naturally occurring data and exploit a random assign-
2International trends reflect similar patterns: the UN Women reports that the global share of female

judges or magistrates increased from under 32 percent in 2010 to 43 percent in 2021.
3For instance, Alesina et al. (2024) show that revealing stereotypes among teachers leads to measurable

reductions in discriminatory behavior toward immigrant students.
4A large strand of the literature has examined in-group social identity and bias in lab or field experiments;

see Charness and Chen (2020) for a review. Whereas experiments conducted in lab settings suffer from
weaknesses—for example, group identities are artificially generated and the stakes are low—a growing amount
of research in recent years has used naturally occurring data to overcome these limitations and improve
identification.
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ment strategy to investigate in-group gender bias in judicial decisions. While several studies
have explored gender bias in judicial decisions, many are case studies or descriptive analyses
(Bauer and Dawuni 2015; Kenney 2013), or they fail to account for potential nonrandom
assignment between judges and cases, which limits their ability to causally identify gender
bias (Bindler and Hjalmarsson 2020; Mustard 2001; Kulik et al. 2003; Fix and Johnson 2017).
Recent advances in the literature leverage quasi-random assignment mechanisms to address
these challenges. For example, Hoekstra and Street (2021) exploits the random ordering of
jury pools in U.S. misdemeanor and felony cases to demonstrate that jurors of the same gen-
der as the defendant reduce the likelihood of conviction. Similarly, Didwania (2022) examine
U.S. federal prosecutors and shows that gender-matched prosecutors and defendants lead to
more lenient sentencing outcomes, providing robust evidence of implicit gender preferences.
In another context, Ash et al. (2024) use Natural Language Processing to quantify gender
attitudes expressed in judicial opinions from U.S. appellate courts, finding that judges with
traditional gender attitudes are more likely to issue rulings unfavorable to women and less
likely to engage with female colleagues (e.g., fewer citations of female authors). While in the
developing country context, Ash et al. (2025) analyze over 5 million Indian court cases and
find little evidence of gender, religion, and caste in-group bias, even when identity is salient.

While these studies have significantly advanced our understanding of in-group bias, the
literature remains predominantly focused on developed economies. Research in developing
economies, where cultural norms and institutional constraints may lead to distinct patterns
of bias, is notably limited. Furthermore, most existing studies concentrate on criminal cases,
leaving civil cases—especially those involving family law—underexplored. Family law cases
are deeply intertwined with societal values and gender norms, making them particularly
important for studying how culture and identity shape judicial decisions.

Our study addresses these gaps by providing the first large-scale evidence explicitly fo-
cused on in-group gender bias in judicial decision-making within a civil law context in a
developing economy. By taking advantage of the institutional setting in China and lever-
aging a national-level, comprehensive dataset covering 47,603 Basic Civil Court judges in
2,696 locations spread across the whole of China, we reveal in-group gender bias in judicial
decision-making as well as its integration with existing cultural and institutional characteris-
tics. Importantly, we find that the magnitude of the bias is smaller in regions with stronger
traditional gender norms against women, suggesting that conservative social expectations
may constrain the expression of gender favoritism among female judges. Additionally, our
results indicate that institutional factors, such as levels of regional legal development, show
little impact on mitigating this bias, emphasizing the critical role of cultural attitudes over
formal institutions. These findings extend the literature by shifting the focus to civil law in
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a developing economy and uncovering the critical role of cultural norms in shaping judicial
outcomes. By offering robust evidence and ruling out alternative explanations, our study
complements existing research and provides new insights into the interplay between culture,
identity, and judicial behavior, solidifying its contribution to a broader understanding of
institutional fairness and bias.

This paper also contributes to the broader literature on gender bias. Gender bias has been
well-established as one of the determinants of women’s underperformance across multiple
societal domains. It has been examined extensively in the literature, including in teacher
evaluations (Boring 2017; Mengel et al. 2019), hiring decisions (Bagues and Esteve-Volart
2010; Bagues et al. 2017; Reuben et al. 2014), the peer review process (Chari and Goldsmith-
Pinkham 2017; Card et al. 2020; Van Der Lee and Ellemers 2015), and evaluation in driving
tests (Bar and Zussman 2020). The empirical conclusions, however, are mixed. While certain
studies detect no gender bias in evaluations (Blank 1991), many others identify substantial
biases adversely affecting women (Bagues et al. 2017; Mengel et al. 2019; Card et al. 2020;
Van Der Lee and Ellemers 2015). For example, Bagues et al. (2017) find that the gender
composition of the committees does not affect hiring decisions, whereas evidence shows that
candidates are less likely to be hired if the committee contains a higher share of evaluators of
the same gender as the candidate. Mengel et al. (2019) investigate gender bias in university
teaching evaluations. They find that women receive systematically lower teaching evaluations
than their male colleagues, and this bias is driven by male students’ evaluations. Although
this strand of the literature has documented that gender bias has a significantly negative
impact on women’s career development—including hiring, tenure, promotion, and so forth—
the evidence on women’s broader social welfare remains limited. Our paper extends this
literature by providing novel evidence of gender bias in judicial decisions, a domain closely
tied to women’s societal welfare, legal protection, and subjective well-being, and traditionally
regarded as impartial and procedurally fair. Importantly, we identify significant asymmetric
in-group favoritism among female judges. Our analysis uncovers an indirect but critical
channel through which institutional gender composition can affect distributive outcomes,
even in settings governed by formal rules and professional norms of impartiality. These
results carry important policy implications that promoting judicial impartiality requires
targeted policies and programs designed to mitigate implicit gender biases.
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2 Institutional Background, Data, and Summary Statis-
tics

2.1 Institutional Background

To provide a comprehensive picture of the institutional background of the divorce cases, we
first describe the institutional background of the legal system in China, then present the
judicial procedure for divorce cases and finally, discuss the features and advantages of the
institutional setting for our study.

The Court System in China. There are four levels of courts in China: Supreme, Superior,
Intermediate, and Basic Courts. The Supreme People’s Court is the highest judicial organ
of the People’s Republic of China. Superior Courts are established in province-level regions
(including provinces, autonomous regions, and municipalities) and are the highest judicial
organization at the provincial level. They exercise judicial powers in accordance with the law
and supervise the judicial work of lower-level courts. Intermediate Courts are established in
prefectures, with their superior units being the Superior Courts. Basic Courts are established
at the county level and are supervised by Intermediate Courts. Basic Courts are responsible,
in the first instance, for most civil cases, including divorce cases. The main data (first-
instance judicial decisions) used in our study are from the Basic Courts.

Judicial Procedure of Divorce Cases in China. According to Chinese law, divorce cases
proceed in three stages. In the first stage (the prosecution stage), a husband or wife can
make an appeal to the Basic Court to dissolve their marriage. In principle, the plaintiff in
the divorce proceedings—that is, the party who filed for divorce—should file a lawsuit with
the Basic Court in the defendant’s registered permanent residence, which may differ from
that of the plaintiff. When filing a lawsuit, the plaintiff should submit the complaint and
relevant documents, including personal information for both parties, the claim and causes
for the divorce, and relevant evidence and witness information.5

In the second stage (the investigation stage), the corresponding Basic Court takes charge
of the case and proceeds in two phases: preparation for trial and mediation. In the prepara-
tion phase, the court reviews the relevant documents, conducts an investigation, and collects

5According to the Civil Procedure Law of the People’s Republic of China, the plaintiffs are allowed to
withdraw the case after learning the judge. Specifically, the plaintiff can withdraw the action after the
court has accepted the case until the judgment has been pronounced. The court decides whether to grant
permission or not. In most cases, the court grants a dismissal. It is worth noting that once the case
is withdrawn, the court will not accept the case again within six months until there are new reasons or
circumstances.
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evidence. After that, courts are required to attempt mediation in divorce cases before pro-
ceeding to trial, according to Article 9 of the Civil Procedure Law (amended in 2012). This
reflects a systematic effort to prioritize alternative dispute-resolution mechanisms. Typically,
mediation is not conducted by judges, and each court has a dedicated mediation committee
to handle pre-trial mediation. These are staffed by a diverse group of professionals, including
retired judges, trained mediators, legal advisors, social workers, community volunteers, and
psychological counselors. Their primary role is to facilitate communication between parties
and encourage reconciliation. In practice, mediation teams are randomly formed and not
assigned based on gender or other characteristics of judges and plaintiffs.

If mediation leads both parties to reach a mutual agreement, the case is closed. If
mediation fails, the court proceeds to the third stage, the trial stage. The court assigns
presiding judge(s), who examines the evidence, ascertains the facts, distinguishes right from
wrong, and affirms the rights and obligations of both parties. Details regarding types and
assignment of judges are provided in the following paragraphs. The plaintiff and defendant
are also allowed to make arguments and ask questions.

After the trial, the judge pronounces the result in public, which can occur in the court
immediately after the trial or at another time. The predominant legal standard for grant-
ing divorce in China, as stipulated by the Article 32 of the Marriage Law of the People’s
Republic of China, is whether “the emotional relationship is truly ruptured.” This criterion
is intentionally broad, providing judges with significant discretions in evaluating individual
cases. However, the law also specifies certain circumstances that may be considered evi-
dence of a ruptured relationship, including: (1) bigamy or cohabitation with another person;
(2) domestic violence or maltreatment; (3) gambling, drug use, or other criminal activities;
(4) long-term (more than 2 years) separation without reconciliation; and (5) other serious
circumstances that damage the marriage relationship.

In practice, judges interpret “truly ruptured emotional relationship” based on evidence
provided during the trial. For instance, a plaintiff may present written evidence, police re-
ports, or witness testimony to support claims of abuse or infidelity. Communication records,
such as messages or recordings, may also be used to demonstrate irreparable conflict. Testi-
monies from family members or community representatives may supplement the evaluation
of the relationship’s status.6

If either party disagrees with the result, they can appeal to a higher level court and enter
6For example, in a case where the plaintiff presented hospital records documenting injuries from domestic

violence and police intervention reports, the judge ruled that the emotional relationship was irreparably
damaged. Another example involves a long-term separation with documented attempts at reconciliation by
one party, which were consistently rejected by the other. This was deemed sufficient to grant a divorce.
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the second trial stage within 15 days of the date of receiving the written judgment.7 The
judicial process for the second trial is the same as for the first trial. For divorce cases, the
second trial stage is the final instance. The proportion of appeals is generally low for divorce
cases; for example, it is 4.1% in our dataset.

For divorce cases in the first instance, the time limit is six months. If an extension is
needed under special circumstances, the deadline may be extended for six or nine months
upon approval of the president of the court or the next higher-level court. The time limit
for hearing appeals against civil judgments is three months. If an extension is needed under
special circumstances, the deadline may be extended by three months upon the approval of
the president of the court.

Judges in Divorce Cases. In China, there are two types of civil case procedure: summary
procedures and general procedures. Most divorce cases apply summary procedures. Accord-
ing to the Civil Procedural Law, for the first instance in the summary procedure, one judge
appears at the trial and is solely in charge of the trial (assisted by a clerk who records the
proceedings). In some complicated divorce cases, general procedures are applied in which
there are three judges: a principal judge and two juror judges, who form a collegial panel. In
our dataset, 69.3% of the cases apply summary procedures, and the remaining 30.7% apply
general procedures.8

In addition, while most judges in the court system are formal judges, some are acting
judges. Specifically, according to the Organization Law of the People’s Courts in China,
once an individual passes the judicial examination and starts to work in the court system,
they become an acting judge. After engaging in judicial work for at least two years, they
can be appointed by the People’s Congress to be a formal judge. Acting judges can play the
same role in the divorce case courts as formal judges. In our dataset, for the first instance,
16.5% of the cases were heard by acting judges.

Advantage of the Institutional Setting for the Study. The judicial procedural details
of divorce cases in China provide a unique opportunity to examine the possible in-group
gender bias in judicial decisions. First, unlike criminal cases, the applicable legal standards
in divorce cases are rather loose, and the legal provisions that specify when a judge grants a
divorce are extremely vague. For example, the most predominant legal criterion for divorce
is “whether the emotional relationship is truly ruptured”. This criterion is elusive, as it is

7In general, the appeal letter will be transferred to the People’s Court at the next higher level by the
Basic Court that originally tried the case. Alternatively, the appellant may directly file the appeal with the
People’s Court at the next higher level.

8For cases that apply general procedures, our divorce case dataset only records the principal judge’s
information.
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difficult to determine whether it is truly ruptured or not. Instead of bright-line rules, judges
are given vast discretion in interpreting the seriousness of a ruptured emotional relationship.
Hence, unlike the decision system in the United States, judges in China have a high degree
of personal discretion and independence in how they evaluate divorce cases. Trial court
decisions are generally final, as appeals are only available on a limited basis, occurring
infrequently and seldom leading to reversal. The degree of discretion and the compelling
force of the decisions empowered by the local court judges allow us to examine whether the
judges exhibit gender bias in their rulings.

Second, the Chinese judicial system has increasingly adopted measures to boost fairness
and precision in the decision-making process. Specifically, the law implemented by the
Supreme People’s Court in 2014 requires that within the same lower court, each case is in
principle, randomly assigned to a judge who presides over the trial, plea bargaining, and
sentencing process.9 Meanwhile, judges are unaware of the details of the upcoming cases. In
most provinces, the cases are randomly assigned by a computer system. Once it is assigned,
the judge cannot reject a case unless the judge has a particular reason (for example, a
conflict of interest). To enforce the implementation of the random assignment, the whole
process is supervised by the Discipline Inspection and Supervision Departments of China.10

The random assignment generates an exogenous shock of judges to cases, which provides
the estimation power for unbiasedly identifying the effect of the judges’ gender on court
decisions.

2.2 Data and Variables

The primary source of data is online transcripts of judicial decisions. In late 2013, the
Supreme People’s Court promulgated the Regulations on Publishing Verdicts of Peoples’
Courts Online. According to this document, the verdicts of People’s Courts at various levels
should be published online, allowing us to obtain comprehensive records of judicial cases.11

These documents first became available online in late 2013 for a handful of courts, and the
coverage widened over time.

9For the official document, see the announcement issued by the Supreme People’s Court in China:
http://www.court.gov.cn/zixun-xiangqing-13520.html.

10See, for example, the requirement of random assignment in the prefecture of Guangdong:
http://www.gzhzcourt.gov.cn/news/50007629.cshtml.

11There are limited exceptions to this policy, including cases involving state secrets, individual privacy,
or juvenile. The first two categories are often not publicly disclosed due to the sensitive nature of the
information. According to the China Judicial Statistical Yearbook, juvenile criminal cases accounted for
only 0.5% of all adjudicated cases adjudicated in 2012. This percentage has remained consistently low over
the years, although more recent data is unavailable. These cases are excluded from our dataset as they fall
under a separate judicial system.
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In our dataset, 5.65% of cases involved plaintiffs withdrawing their claims. We exclude
these cases from the analysis as they do not contain judicial ruling information.12 Meanwhile,
we exclude collegial panel cases (31.67%) from the main analysis and focus on single-judge
trials. Collegial panels, typically composed of one principal judge and two jurors, present
two estimation complications; that is, only the principal judge’s name is recorded, and
collective decision-making may differ from that of individual judges. To avoid ambiguity in
assigning responsibility and ensure clean identification, we restrict our main analysis to cases
adjudicated by a single judge.13 Our final analysis sample consists of 540,525 divorce cases
decided between 2014 and 2016 by 42,766 judges in Basic Civil Courts across 2,639 locations
nationwide.14

From the judicial transcripts, we extract detailed case-level variables, including the ver-
dict date, adjudicating court, judge’s name, plaintiff’s gender, and the cause of action and
the outcome of the claim. The cause of action is captured through a set of binary indicators,
such as whether the defendant engaged in gambling, was incarcerated, committed domestic
violence, used drugs, or had an extramarital affair. To capture the context of marital conflict,
we extract additional indicators such as whether the defendant left the home, whether the
parties frequently quarreled over trivial matters, whether the defendant’s whereabouts were
unknown, and whether the couple had been living apart for an extended period. We further
document whether the couple met through a blind date, whether the case involved disputes
over child support, and the number of sons and daughter mentioned in the judgment.

The primary outcome variable, Case Acceptance, is a binary indicator which equals to
one if the ruling explicitly grants the plaintiff’s request for divorce (e.g., “divorce granted”,
“divorce application approved”, or “plaintiff prevails”) and zero if the request is denied (e.g.,
“divorce not granted”, “application denied”, or “plaintiff’s request not supported”). This
classification ensures consistency and and accuracy across judicial rulings.

12This raises a potential concern of sample selection bias if withdrawal decisions are systematically related
to judge or plaintiff gender. To assess this, we examine whether withdrawal rates vary by judge-plaintiff
gender combinations in Column 1 of Appendix Table C2. The estimated coefficients are statistically and
economically insignificant, suggesting that selection bias from case withdrawal is unlikely.

13In a robustness check, we experiment with full sample including both individual judges and collegial
panels. While our main findings remain robust, the estimated coefficients change, implying the substantial
difference between cases adjudicated by single judge and those by panels.

14Cases resolved through mediation are excluded, as they do not proceed to trial and do not involve
judicial rulings. According to the China Judicial Statistical Yearbook, approximately 46% of first-instance
civil cases involving marriage and family disputes were resolved through mediation between 2012 and 2014.
Because mediation bypasses judicial adjudication, it does not compromise the random assignment assumption
underlying our identification. To further assess potential selection concerns, we examine whether in-group
gender bias affects case duration (from filing to closure or trial). Columns 2 and 3 of Appendix Table C2
show that the interaction between male judge and male plaintiff has no significant effect on either measure,
alleviating concerns about sample selection due to excluded mediated cases.
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The key information for our analysis is the gender of the plaintiff and the gender of the
judge. Plaintiff gender is typically reported in the case documents, and cases missing this
information(3.56%) are excluded15. However, the transcripts include only the judges’ names,
but not their gender. We then manually identify the gender of the judges in the following
steps. We first search and explore each court’s website. In China, some courts have websites
that list the demographic information of judges (including gender), their position, and the
work for which they are responsible, and we identify the gender of these judges directly.
For courts that do not have a website or do not provide gender information, we search
the judge’s name together with the court’s name on search engines such as Baidu or Google.
Some news reports on judges’ achievements or experiences state their gender directly. Lastly,
we supplement our identification of the gender of the judges by using the China Court Trial
Online website. On 11 December 2013, the China Court Live Trial website was officially
launched to stream court trials.16 As the website contains videos of parts of the trials, we
visually identify the gender of the judges by watching the videos. With these steps, we are
able to identify the gender of most of the judges. For the few remaining judges, we identify
their gender by exploring their names; that is, those with recognizable female names. Online
Appendix A provides detailed descriptions and examples.

One limitation of the publicly available judicial decision transcripts is that they typi-
cally provide only the names of judges and their acting status (i.e., whether the judge is a
junior judge who has recently obtained adjudicative authority). To complement our anal-
ysis, we employ a systematic approach using multiple publicly accessible sources to collect
more judge-level characteristics. Data Appendix B provides the details of data collection.
Specifically, using publicly accessible sources such as court websites, news reports and public
profiles, judicial selection announcements, university alumni networks, and search engines,
we systematically collect and cross-check data over several iterations. These efforts allow
us to obtain additional characteristics for a subset of judges, including their year of birth
(8.13% of judges), judicial ranks (13% of judges), educational attainment (7.6% of judges)
and whether the judge is local (2.98% of judges).

From this enriched dataset, we create four new judge-level variables: (1) judge age,
defined as the year in which the case was adjudicated minus the judge’s year of birth; (2)
senior judge status, a binary indicator equal to one if the judge holds a rank of Level 4
Senior Judge or higher, which corresponds to the median rank in our sample;17 and (3)

15In Section 3.3 and Appendix Table C4, we conduct several checks that sample attrition due to missing
plaintiff gender information does not pose a threat to our identification strategy, and our findings remain
robust to concerns about sample selection bias.

16China Court’s Live Trial Website: http://tingshen.court.gov.cn.
17China’s judicial ranking system comprises twelve levels: Chief Justice, Level 1 Supreme Court Justice,
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graduate degree status, indicating whether the judge holds a postgraduate (master’s or
doctoral) degree; and (4) local judge, indicating whether the judge is a local resident of the
jurisdiction in which the case is tried.

In addition, using the judge’s name and court affiliation, we construct two further vari-
ables: (1) number of cases handled, defined as the cumulative number of cases adjudicated
by the judge from their first appearance in the dataset up to and including the current case;
and (2) experienced judge, a binary indicator equal to one if the number of cases handled
exceeds the sample median.

From the judicial decision transcripts, we further extract several plaintiff-level character-
istics. These include whether the plaintiff holds an urban hukou (i.e., urban residence reg-
istration), whether the plaintiff hired an attorney, whether the plaintiff appeared in court,
as well as the plaintiff’s year of birth and year of marriage. Using this information, we
construct the following variables: (1) Urban hukou, a binary indicator equal to one if the
plaintiff holds urban residence registration; (2) Attorney, indicating whether the plaintiff
hired legal representation; (3) Present in court, a binary indicator for whether the plaintiff
appeared in court; (4) Age, calculated as the year the case was handled minus the plaintiff’s
year of birth; (5) Age at marriage, calculated as the year of marriage minus the year of birth;
and (6) Marriage duration, defined as the year of case handling minus the year of marriage.

Table 1 presents summary statistics for cases, judges, and plaintiffs separately by plaintiff
gender, along with tests of differences between these groups. Panel A reports characteristics
of divorce cases. Cases filed by female plaintiffs are significantly more likely to involve
allegations of domestic violence, drug addiction, incarceration, gambling, frequent quarrels,
long-term separation, and blind-date marriages. They also more often involve disputes over
child custody and tend to include a greater number of sons. In contrast, cases filed by male
plaintiffs are more likely to cite the spouse’s extramarital affairs, disappearance, or leaving
home as the cause of action, and they involve a greater number of daughters on average.

[Insert Table 1 here]

Figure 1 compares divorce grant rates by judge and plaintiff gender. Panel A presents raw
means. Among male judges, the divorce grant rate is approximately 27.2% for male plaintiffs
and 28.1% for female plaintiffs. Among female judges, the difference is more pronounced:

Level 2 Supreme Court Justice, Level 1 Senior Judge, Level 2 Senior Judge, Level 3 Senior Judge, Level
4 Senior Judge, and Level 1 through Level 5 Judge. Higher ranks typically reflect greater experience and
assignment to more complex cases. Our dataset does not include the top three ranks—Chief Justice and
Supreme Court Justices—who primarily serve in the Supreme People’s Court and do not preside over first-
instance trials.
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23.2% versus 25.8%. Panel B shows conditional means after controlling for court-by-time
fixed effects. The pattern remains: female plaintiffs are more likely to receive favorable
rulings, especially from female judges. These results indicate a remarkable difference in
the divorce grant rates across gender identities, especially among female judges. However,
one concern with this raw comparison is that the differences in acceptance ratio across
judge gender and across plaintiff gender may reflect the differences in cases filed by different
plaintiffs (as documented in panel A of Table 1). To address this identification issue, we
present our estimation strategy using the random assignment of cases to judges in the Chinese
divorce cases in the next section.

[Insert Figure 1 here]

3 Empirical Analyses

3.1 Estimation Strategy

To estimate the extent of judicial in-group gender bias, we leverage the random case assign-
ment system implemented in Chinese courts, as described in Section 2.1. According to the
official mandate of China’s Supreme People’s Court, within the same lower court, each case
is randomly assigned to a judge who presides over the trial, plea bargaining, and sentencing
process. This implies that the assignment of judges to cases within a given court is in prin-
ciple orthogonal to characteristics of the case, i.e., cases assigned to male and female judges
are comparable. The differences in judicial decisions on similar cases but different plaintiff
genders can then be attributed to the gender bias of the judges.

Specifically, we estimate the following specification:

Yijct = β0 + β1FemaleP laintiffi × FemaleJudgej

+ β2FemaleP laintiffi + β3FemaleJudgej + λct + εijct, (1)

where Yijct is the outcome, indicating whether the divorce request in case i assigned to judge
j in court c at time t was granted; The variable FemaleP laintiffi equals one if case i

involves a female plaintiff; FemaleJudgej equals one if the presiding judge j of case i is
female; λct denotes court fixed effect interacted with time (year-month of court hearing)
fixed effects; and εijct is the error term. To account for potential heteroscedasticity and
serial autocorrelation, we cluster the standard errors at the judge level (as recommended in
Bertrand et al. 2004).
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In spirit, our identification takes the form of a difference-in-differences (DD) design,
accounting for two possible differences across gender groups that may not indicate in-group
gender bias. First, β2 captures differences in case composition across gender plaintiffs. That
is, β2 may be nonzero even in the absence of in-group bias if cases submitted by female
plaintiffs systematically differ from those submitted by male plaintiffs. Second, the judge
strictness may differ across gender, captured by β3. In other words, β3 may be nonzero if
female judges are overall more or less strict than male judges, independent of the plaintiff’s
gender. Our DD-type estimation isolates whether, conditional on these factors, female judges
exhibit systematically more favorable (or unfavorable) treatment toward female plaintiffs
relative to male plaintiffs—a direct test of in-group bias (see Appendix Table C1 for a simple
illustration of the DD design). Specifically, the coefficient of interest β1 captures the in-group
gender bias, i.e., whether female plaintiffs are granted divorce at a higher (or lower) rate than
male plaintiffs when randomly assigned to female judges.

To further address potential confounding from unobserved judge or case characteristics,
we estimate an augmented model:

Yijct = β0 + β1FemaleP laintiffi × FemaleJudgej + β2FemaleP laintiffi

+ λj + ActingJudgejt + X ′
i × FemaleJudgej + λct + εijct, (2)

where λj denotes judge fixed effect, enabling the identification from case decisions across
plaintiff gender within the same judge.18 Meanwhile, to contain the possibility that junior
judges may behave differently in the early stages of their careers, we include an indicator
ActingJudgejt that takes the value one if the case is assessed by an acting judge i in time t.
The vector X ′

i is a list of case-specific characteristics listed in panel A of Table 1, interacted
with with FemaleJudge indicator to further account for the possibility that female judges
respond differently to the types of cases brought by female plaintiffs, rather than it being
due to in-group bias. Specifically, X ′

i include whether the defendant engaged in gambling,
was incarcerated, committed domestic violence, used drugs, or had an extramarital affair,
whether the defendant left the home, whether the parties frequently quarreled over trivial
matters, whether the defendant’s whereabouts were unknown, and whether the couple had
been living apart for an extended period, whether the couple met through a blind date,
whether the case involved disputes over child support, and the number of sons and daughters.

18The judge fixed effect picks up any time invariant judge characteristics that may affect her rulings. Note
that including judge fixed effects absorbs the main effect of judge gender FemaleJudge from the equation(1).
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Balancing test. Unbiased estimation of β1 requires that, conditional on the controls, the
interaction term FemaleP laintiffi ∗ FemaleJudgej is uncorrelated with the error term
εijct.To assess this identifying assumption, we conduct a balancing test following follow-
ing Bagues et al. (2017), testing whether predetermined case characteristics are randomly
distributed across judge-plaintiff gender pairings.

Table 2 reports these results. In Panel A, we regress case characteristics on judge and
plaintiff gender interactions with court-by-time fixed effects; Panel B adds judge fixed effects
and controls for acting judge status. Across both panels, most coefficients are economically
and statistically insignificant, indicating balance in observable case characteristics. The
only exception is the indicator for extramarital affairs (HaveAffair), which is statistically
significant but small in magnitude.

[Insert Table 2 here]

In Column 14, we test whether the case characteristics are jointly significant. The estima-
tion result shows that the coefficient is statistically significant but very small in magnitude
(in the absolute term and relative to the sample mean). Together, these sets of results
support the validity of our identification strategy. As an additional precaution, our main
specifications include interactions of case characteristics with the female judge indicator to
further isolate the in-group gender effect.

3.2 Baseline Findings

Table 3 presents the baseline regression results. Column (1) reports estimates from equation
(1), which includes only court-by-time fixed effects as controls.19 Interpretation of coefficients
in this difference-in-differences framework is provided in Appendix Table C1. Specifically,
to our central interest, the coefficient (β1) on the interaction term between FemalePlaintiff
and FemaleJudge is estimated at 1.8 percentage points and is highly statistically significant.
This result provides causal evidence of in-group gender bias in judicial decisions, consistent
with the raw patterns shown in Figure 1. That is, female judges are 1.8 percentage points
more likely than male judges to grant divorce claims when the plaintiff is female rather than
male.

[Insert Table 3 here]
19The inclusion of court-time fixed effects leads to the exclusion of 13,246 singleton observations, resulting

in a final estimation sample of 527,279 cases.
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In the meantime, the individual coefficient on FemaleJudge (β3) is negative and statisti-
cally significant, indicating that female judges are, on average, less likely than male judges
to grant divorce claims submitted by male plaintiffs. In contrast, the coefficient on Female-
Plaintiff (β2) is close to zero and statistically insignificant, suggesting that among male
judges, there is no systematic difference in the acceptance rate between male and female
plaintiffs.20 Taken together, these estimates imply that female judges are more restrictive
overall than male judges, and this restrictiveness is especially pronounced for male plaintiffs.

Columns (2) through (4) of Table 3 report results from augmented specifications; that is,
stepwisely adding judge fixed effects, case characteristics (interacted with the female judge
indicator), and an indicator for acting judge status. Across all specifications, the estimated
interaction effect remains positive, statistically significant, and quantitatively stable, rein-
forcing the robustness of the in-group gender bias finding.

In terms of economic significance, the estimated magnitude of the interaction term from
the fully specified model (in the last column) suggests that, relative to male judges, female
judges are 1.2 percentage points more likely to grant divorce claims submitted by female (as
opposed to male) plaintiffs.

These findings are consistent with insights from psychology and sociology, which doc-
ument stronger in-group bias among women than men. For example, Pratto et al. (1997)
find that women tend to identify more strongly with their gender group. Similarly, Rudman
and Goodwin (2004) show that while both men and women express favorable views toward
women, women exhibit in-group bias that is 4.5 times stronger than that of men. They also
find that only women exhibit cognitive alignment among in-group bias, identity, and self-
esteem, suggesting that men lack a mechanism that fosters automatic in-group preference.
Evidence from other domains, such as policy-making, supports this pattern. For instance,
Chattopadhyay and Duflo (2004) show that female leaders in India were more likely to
prioritize policies benefiting women.

Comparison with the literature. This study’s estimated in-group gender bias of 1.2 per-
centage points—corresponding to a 4.5% increase relative to the mean probability of granting
divorce (26.5%)— is modest compared to recent studies employing quasi-random assignment
methods with naturally occurring data to investigate judicial in-group bias. For instance,
Hoekstra and Street (2021), using data from jury trials in two large Florida counties, docu-
ment a substantial effect, finding that having at least one own-gender juror reduces convic-

20It is important to note that although the baseline acceptance rate for female plaintiffs is higher when
cases are assigned to male judges (as β1 + β3 < 0), this reflects the overall more restrictive adjudication
style of female judges (reflected by β3 < 0), consistent with prior evidence on gender differences in judicial
strictness (Songer and Crews-Meyer 2000; Boyd et al. 2010).
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tion rates in drug trials by about 30 percentage points (a 43% relative reduction). Similarly,
Didwania (2022) examines sentencing outcomes in U.S. federal courts and finds that gender-
matching between prosecutors and defendants reduces sentence length by approximately 5
months, or about 8% relative to the mean sentence length. These studies highlight how
gender-matched dynamics between jurors or prosecutors and defendants significantly influ-
ence outcomes, particularly in high-stakes criminal trials and sentencing decisions.21

Several contextual and institutional factors likely account for the modest magnitude ob-
served in our study, aligning more closely with Ash et al. (2025) who find negligible in-group
biases in the Indian judiciary despite examining over five million criminal cases. First, cul-
tural and societal attitudes prevalent in developing countries like China may temper overt
demonstrations of gender bias. Specifically, our heterogeneity analysis below shows that
in-group gender bias is indeed less pronounced in regions with stronger traditional gender
norms—that is, higher initial gender discrimination against women—suggesting conservative
cultural attitudes may restrain explicit favoritism. Second, both studies examine judicial sys-
tems within large, diverse developing countries (China and India), where aggregation across
heterogeneous regions likely dilutes localized bias and then reduces observed magnitudes at
the national level. Third, both studies use binary judicial outcome variables (i.e., divorce
granted versus rejected in our study, and conviction outcomes in Ash et al. (2025)), po-
tentially understating the extent of bias compared to continuous measures such as sentence
length (Didwania (2022)) or citation patterns (Ash et al. (2024)), which capture subtler
decision-making nuances. Finally, publication bias may amplify the visibility of larger, sta-
tistically significant effects documented in existing literature, as noted by Ash et al. (2025),
underscoring the importance of contextualizing modest yet meaningful findings like ours.

3.3 Robustness checks.

We conduct several tests to examine the robustness of our results. These include a placebo
test with simulated assignment of judges to plaintiffs, a leave-one-court-out analysis to ad-
dress outlier influence, using an alternative inference method, keeping courts with at least
one female judge, and examining the potential sample selection issue due to missing plaintiff
gender information.

Placebo test with simulate case assignment. We conduct a placebo test in which we
21Ash et al. (2024) examines judicial decisions in U.S. Circuit Courts and focuses on the role of judges’

implicit gender attitudes in rulings and professional interactions. They find that judges with traditional
gender attitudes are 4.1 percentage points (7% of mean) less likely to support expanding women’s rights
in gender-related cases and 1.7 percentage points (4.5% of mean) less likely to assign majority opinions to
female colleagues.
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fabricate the assignment of judges to plaintiffs while preserving the number of cases assigned
to each judge (following approaches in Chetty et al. 2009; La Ferrara et al. 2012). Under this
placebo design, the constructed regressor of interest should not exhibit any significant effect
on case outcomes; otherwise, it would suggest confounding factors. To enhance statistical
power, we repeat the simulation 1,000 times. Appendix Figure C1 plots the distribution of
these placebo estimates alongside our benchmark estimate (0.012 from column (4) in Table
3). The distribution of the placebo estimates is tightly centered around zero, while our actual
estimate lies far outside this distribution, lending further support to our research design and
baseline estimates.

Outlier influence. To assess whether our results are driven by specific courts, we con-
duct a leave-one-court-out analysis, re-estimating equation (1) while iteratively dropping
each court from the sample. Appendix Figure C2 presents the results. In all iterations,
the estimated coefficient on the interaction term MaleP laintiffi ∗ MaleJudgej) remains
statistically significant and sharply clustered around the baseline estimate, indicating that
our results are not driven by outliers.

Alternative inference approach. In our baseline, we estimate the standard error clustered
at the judge level. To assess whether our results are sensitive to the way we cluster the
standard error, we experiment with an alternative inference approach; that is, cluster the
standard error at the court-time level. Estimation results are reported in column 4 of Ap-
pendix Table C2. We continue to find statistical significance, strengthening the confidence
of our estimates.

Courts without female judges. Our identification relies on random assignment of cases
to both male and female judges within a court. In courts with no female judges, this strat-
egy cannot be implemented. To address this, we re-estimate the model excluding courts
without any female judges. Results, shown in column in column 5 of Appendix Table C2, re-
main statistically significant and comparable in magnitude to our baseline estimates, further
supporting the robustness of our conclusions.

Collegial Panel Cases. Our baseline analysis focuses on the cases presided by single
judges to avoid the complications introduced by collegial panel cases (i.e., due to the missing
information of other panel judges and the collective decision). To assess the external validity
of our findings, we replicate the analysis with full sample including collegial panel cases, and
report the results in Appendix Table C3. Across all specifications, the estimated interaction
term remains positive and statistically significant, reinforcing the robustness of the in-group
gender bias result.
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In terms of magnitude, the estimated in-group gender bias is slightly larger in the full
sample including collegial panels than in single-judge cases. This pattern is likely explained
by the structure of collegial panels: while the data record only the gender of the principal
judge, actual decisions reflect the deliberation of the full panel. If the gender composition of
the panel is systematically correlated with that of the principal judge (e.g., female principal
judges may more often serve on panels with a higher proportion of female members), then
the interaction between the principal judge’s gender and the plaintiff’s gender may partly
capture the collective in-group bias of the entire panel, rather than a pure principal-judge
effect. This compositional effect would naturally lead to an upward bias in the estimated
in-group gender bias for collegial panel cases.

Missing gender information of the plaintiff. Approximately 3.28% of the cases in our
dataset lack information on the plaintiff’s gender, primarily due to incomplete entries in the
judicial decision transcripts. In Appendix Table C4, we examine whether cases with miss-
ing plaintiff gender information systematically differ from those with complete information
Specifically, Columns 1 to 7 examine differences across judge characteristics. Cases missing
plaintiff gender information are somewhat less likely to be presided over by male judges or
by judges who have handled a larger number of cases, and more likely to be presided over
by older and more senior judges. While these differences are statistically significant in some
cases, their magnitudes are small relative to the sample means. Columns 8 to 20 further
analyzes case characteristics, finding that cases lacking plaintiff gender information differ
significantly on most of these dimensions, though again the magnitudes of these differences
are relatively small.

These results may raise concerns about potential sample attrition, since our analysis
sample is effectively selected on the presence of plaintiff gender information. Note that the
proportion of cases missing plaintiff gender information is relatively small and any significant
differences are small in magnitude, implying that the sample attrition issue may not cause
significant estimation biases on our baseline estimates.

Nonetheless, we further conduct two exercises to quantitatively examine the relevance
of the sample attrition issue in our setting. First, we implement the inverse-probability-
weighted (IPW) method developed by Wooldridge (2007). That is, we first estimate the
probability that a case does not contain plaintiff gender information, and then use the inverse
of this estimated probability as a weight in our baseline specification. The results, reported
in column (6) of Appendix Table C2, yield a coefficient nearly identical to our baseline
estimate.

Second, we consider two extreme cases following the spirit by Lee (2009) to obtain the
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bounds of our potential effects. Specifically, we construct extreme bounds by alternatively
assuming that all cases with missing plaintiff gender information correspond either to female
or male plaintiffs (reported in columns (7) and (8) of Appendix Table C2). The resulting
estimates of 0.011 and 0.012, respectively, bracket our baseline estimate and suggest limited
sensitivity to this source of attrition.

Taken together, these analyses suggest that the sample attrition from missing plaintiff
gender information does not cause any significant problems with our estimation.

3.4 Competing Interpretations

The preceding results document a clear pattern of in-group gender bias in judicial decisions:
female judges treat female plaintiffs more favorably relative to male plaintiffs in comparable
cases, while male judges exhibit no significant differential treatment across plaintiff gender.
Our preferred explanation is that this pattern reflects in-group gender bias—that is, judges’
differential treatment is influenced by shared gender identity with the plaintiff. In this
section, we consider three alternative explanations for the observed empirical pattern.

Information and communication. One possible alternative mechanism is that variation
in judicial decisions across judge and plaintiff gender reflects differences in the quality of
communication or information transmission. In this view, while judges may apply neutral
standards, they may more readily understand or interpret arguments presented by members
of their own gender due to subtle linguistic or communicative dynamics, particularly in
cases requiring nuanced factual assessment or credibility judgments.22 If this mechanism
were important, we would expect the in-group gender bias to be more pronounced in cases
that are more complex—those that require greater judicial reliance on the plaintiff’s narrative
and the quality of communication—than in cases where decisions are based on clearly defined
statutory criteria.

We test this potential mechanism empirically by examining whether the in-group gender
bias varies across cases of differing complexity that require different efforts of arguments.
Specifically, according to Article 32 Chapter IV of the Marriage Law of the People’s Re-
public of China, divorce shall be granted if mediation fails and the case involves certain
circumstances, including bigamy, domestic violence, drug abuse, imprisonment, or gambling.
These circumstances are typically more straightforward for judges to assess, and the law
allows them to grant a divorce directly based on these grounds. In contrast, cases lacking

22In practice, we believe that the differences in the quality of in-group-in-group versus in-group-out-group
communication are unlikely to drive our results, because divorce cases tend to be simple and judicial decisions
essentially concern whose version of the events to accept instead of sophisticated lines of argumentation.
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these grounds—typically involving disputes over emotional relationships or financial mat-
ters—require the judge to rely on more information from both parties and often require
additional communication and supporting evidence.

We classify cases into “straightforward” and “complicated” categories based on whether
the judgment includes keywords corresponding to statutory grounds for divorce (domestic
violence, drug abuse, imprisonment, gambling, or extramarital affairs). We then estimate
a specification that interacts the straightforward case indicator with our main regressor of
interest to test for differential in-group bias across case types.

Results, reported in column (1) of Table 4, show that the coefficient on the interaction
between female judge and female plaintiff remains statistically significant and of similar
magnitude to our baseline estimate. Importantly, the triple interaction term is both sta-
tistically and economically insignificant. These findings indicate that in-group gender bias
does not vary meaningfully between straightforward and complicated cases, suggesting that
differences in communication or information transmission are unlikely to account for our
results.

[Insert Table 4 here]

Meanwhile, if differences in the quality of communication or information transmission
were driving the observed pattern, we would expect heavier caseloads and associated cogni-
tive fatigue to impair judges’ ability to fully process case information, making them more
prone to rely on stereotypes and thereby amplifying in-group gender bias. To test this possi-
bility, we use a judge’s monthly workload (measured as whether the number of cases closed
in the corresponding month is above the sample median), interacted with the main regressor
to capture the heterogeneity in-group gender bias. The results, reported in column 2 of Table
4, do not support this explanation. The estimated coefficient on the triple interaction term
(between female judge, female plaintiff, and high workload) is close to zero and statistically
insignificant. This finding indicates that the magnitude of in-group gender bias does not
systematically vary with judicial workload, suggesting that cognitive fatigue or information
processing differences are unlikely to be the primary driver of the bias.

Plantiff behavior. The second alternative interpretation is that it is plaintiffs’ behavior,
rather than judges’ behavior, that drives the results. Price and Wolfers (2010) provides
an intuitive example to illustrate this alternative interpretation. They examine National
Basketball Association (NBA) refereeing decisions and find that more personal fouls are
called against players when the games are officiated by an opposite-race refereeing crew than
a same-race crew. An important difficulty that arises in the NBA context is that player
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behavior may depend on the racial composition of the refereeing crew. For example, white
players may play more aggressively when the refereeing crew consists of more black referees.
In the NBA setting, when a player makes a foul, he already knows the racial composition of
the refereeing crew, which may conceivably affect his behavior. Analogously, in our setting,
plaintiffs may perform better in the courts when they face a same-gender judge.

However, we do not observe the plaintiff’s behavior in the courtroom (we only have access
to the decision document written by the judge), we cannot directly rule out this possibility.
Instead, we conduct some indirect tests to shed light on this alternative. Specifically, we
implement a heterogeneity analysis by judges’ work experience. The premise of the test
is that if plaintiffs’ behavior is the main channel, we may expect a less experienced judge
to be more likely to be affected by the plaintiff’s court performance.23 To this end, we
interact our main regressor with an indicator for judge experience, defined as whether the
number of cases handled by the judge between their first appearance in our dataset and the
case date exceeds the sample median. Estimation results are reported in column 3 of Table
4. The estimated coefficient of the interaction between female judge and female plaintiff
remains positive and statistically significant, confirming our main findings. Meanwhile, the
triple interaction among female judge, female plaintiff, and the high-experience indicator is
small in magnitude and statistically insignificant, indicating that the in-group gender bias
is similar for judges with both greater and lesser levels of experience.

One concern with this analysis is that judges may have prior unobserved experience
before entering our data. Given that the full career information of judges is unavailable to
us, we conduct another heterogeneity analysis by using the seniority information of judges in
a subsample to shed light on the check on the plaintiff’s behavior story. Estimation results
for the heterogeneity analysis across judicial seniority are reported in column 4 of Table 4.
We continue to find a positive coefficient of the interaction between female judge and female
plaintiff with a similar magnitude but less precise due to the small sample size. Meanwhile,
the triple interaction among female judge, female plaintiff, and the indicator for senior judge
is highly insignificant with a magnitude close to zero, indicating the estimated in-group
gender bias is similar for judges with different seniority.

Alternatively, we examine the heterogeneity effects across judge age, as older judges tend
to be more experienced. Indeed, in the subsample with judge age information (around 8.13%
of the full regression sample), we find a positive correlation between judge experience and
age. Estimation results are reported in column 5 of Table 4. We again find a positive

23One caveat with this test is that judge experience may affect other things, such as how judges process
information. We examine the relevance of the information channel in the previous analysis, and also examine
whether experience correlates with age and how age affects the heterogeneity effects.
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estimated coefficient for the interaction term between male judge and male plaintiff despite
being imprecisely estimated due to the small sample. Meanwhile, the triple interaction term
is small in magnitude and statistically insignificant, indicating similar effects for old and
young judges.

Furthermore, we examine heterogeneity across acting and formal judges. Acting judges
are those who have passed the judicial examination and recently started working in the
court system, while formal judges are more experienced. In column 6 of Table 4, we interact
our main regressor with an indicator for acting judge status. The triple interaction term is
statistically insignificant, and the main interaction effect remains positive and significant,
indicating that the in-group gender bias does not vary between acting and formal judges.

Taken together, these results suggest that it is unlikely that plaintiffs’ behavior explains
the main pattern.

Characteristics correlated with judge gender. A third alternative interpretation is that
the estimates are likely to be driven by some other judge characteristics associated with
gender. As shown in Panel B of Table 1, male judges tend to be older and more experienced;
female judges are more likely to be acting judges, more senior, and have higher educational
attainment. To address this, we follow Shayo and Zussman (2011) and control for these judge
characteristics by introducing interaction terms between judge characteristics and plaintiff’s
gender.

Estimation results are reported in Table 5. With the inclusion of these additional controls
for judge characteristics that may confound the effect of judge gender, our main regressor of
interest (the interaction term between female judge and female plaintiff) remains positive,
although some estimates are less precise due to smaller sample sizes.24 These results suggest
that our main findings on in-group gender bias are not significantly confounded by other
judge characteristics correlated with judge gender.25

[Insert Table 5 here]
24We acknowledge substantial missing data for several judge characteristics—age, seniority, educational

attainment, and nonlocal judge status—in columns (4)-(7). To assess whether this missing data introduces
sample selection concerns, we examine whether the probability of missingness systematically varies across
female judge and female plaintiff. Results, reported in columns (1)-(4) of Appendix Table C5, show statis-
tically and economically insignificant coefficients with magnitudes close to zero, suggesting no substantial
sample attrition problem.

25To further address the possibility that the documented in-group gender bias is driven by other judge
characteristics, such as acting judge status or judge age, we examine heterogeneity in treatment effects across
young and old judges and across acting and formal judges (columns (4)-(5) of Table 5). In both cases, the
triple interaction terms are statistically and economically insignificant, indicating that the in-group gender
bias is similar across judge age groups and judge types.
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Characteristics correlated with plaintiff gender. It is also possible that the documented
in-group gender bias reflects not plaintiff gender per se, but other plaintiff characteristics
correlated with gender. As shown in Panel C of Table 1, male plaintiffs are more likely to
hold an urban hukou, are older, marry later, have longer marriage durations, are less likely
to appear in court, and are more likely to hire legal representation than female plaintiffs.

Using an approach analogous to that in Table 5, we control for the potential confounding
influence of these characteristics by including interaction terms between plaintiff character-
istics and judge gender. The estimation results are reported in Table 6.26

Across all specifications, the coefficient on our main interaction term remains positive
and statistically significant, with only small variations in magnitude. These findings indicate
that our documented in-group gender bias is not significantly confounded by other plaintiff
characteristics correlated with gender.

[Insert Table 6 here]

To summarize, while we cannot definitively rule out all alternative explanations, the
evidence presented in this subsection suggests that they are unlikely to fully account for the
observed pattern of in-group gender bias in judicial decisions.

3.5 Heterogeneity Analysis

Our analyses establish the presence of in-group gender bias in divorce cases. To further
understand this bias and assess its external validity, we examine patterns of heterogeneity
across regions and individuals. Specifically, we first explore whether the magnitude of in-
group gender bias varies across regions with differing prevailing gender attitude, to help
assess whether cultural context shapes the extent to which such bias is expressed in judicial
decisions. We then investigate whether in-group gender bias varies with regional differences
in legal conditions, providing insight into the generality and institutional robustness of our
findings.

Initial attitudes toward gender. In China, provinces differ substantially in prevailing
gender attitudes. In regions with stronger gender discrimination, men occupy higher social
and familial status, and son preference remains strong; in other provinces, gender roles

26Note that there are substantial reductions in sample size due to missing data on certain plaintiff char-
acteristics in columns (2) and (5)-(8). To address potential sample attrition concerns, we examine whether
the probability of missing data systematically varies across male judge and male plaintiff. Results, reported
in columns (5)-(9) of Appendix Table C5, show statistically and economically insignificant coefficients with
magnitudes close to zero, suggesting no substantial sample attrition problem.
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are more egalitarian. These patterns reflect deep-rooted Confucian values that historically
emphasized male dominance and female submission within families and society. Despite
significant economic and social development, traditional Confucian values that prioritize
male dominance persist, particularly in rural and more conservative provinces. This enduring
cultural context shapes societal expectations around gender roles, potentially conditioning
the expression of gender biases, including in judicial decisions.

We use two complementary measures to capture regional variation in gender discrimi-
nation. The first measure is the province-level sex ratio from the 2010 census. Given the
biological consistency of the natural sex ratio at birth, observed variations largely reflect
gender-selective abortions driven by strong son preference (Almond et al. 2019). The second
measure derives from respondents’ answers to gender-related questions from the 2014 wave
of the China Family Panel Studies (CFPS 2014). Respondents rated their agreement (on a
five-point Likert scale) with four statements reflecting traditional gender roles. Specifically:
(1) Men should prioritize careers, women the family; (2) Marrying well is more important
for women than professional success; (3) Women should have at least one child; and (4) Men
should share half the housework (reverse-coded). Higher scores indicate stronger endorse-
ment of traditional gender attitudes. We aggregate these responses by province to create a
regional index of gender attitudes.

Both measures reflect societal gender biases, emphasizing different mechanisms. A highly
skewed sex ratio signals entrenched son preference, creating pronounced societal expectations
that women serve primarily as family caregivers. Meanwhile, regions with strong traditional
gender attitudes explicitly reinforce normative beliefs about appropriate gender roles, often
emphasizing women’s dependence and vulnerability. Judges, despite professionally trained,
are also socialized within these regional cultural contexts, which may influence their empa-
thetic or evaluative responses toward plaintiffs of different genders.

Our data show that a substantial majority of judges (approximately 75.5%) serve in their
home regions, making local gender norms highly salient to judicial behavior. Moreover, even
non-local judges typically adapt to local social and cultural expectations to perform their
duties effectively. Primary court proceedings frequently incorporate local dialects and cus-
toms, requiring judges—regardless of origin—to internalize local norms that likely influence
their adjudicative perspectives.

Estimation results on the heterogeneity in the in-group gender bias across regional gender
attitudes are reported in Columns 1 and 2 of Table 7. We find that the in-group gender bias
among female judges is significantly weaker in regions with more traditional gender attitudes;
specifically, the triple interaction terms are negative, with statistical significance for the
survey-based measure. One possible interpretation is that conservative regional gender norms
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impose social pressures on female judges to demonstrate formal impartiality and professional
neutrality in patriarchal environments. As a result, female judges may consciously moderate
overt displays of in-group favoritism toward female plaintiffs. Additionally, female judges
in more traditional settings may adapt more strongly to patriarchal expectations—either
by internalizing prevailing norms or by taking extra care to avoid perceptions of bias—thus
limiting the expression of in-group gender bias. In contrast, male judges, who are generally
less influenced by gender identification (as documented by Rudman and Goodwin 2004;
Pratto et al. 1997), show no corresponding pattern, consistent with our baseline findings.

Overall, these results highlight a nuanced interaction between cultural context and the
expression of in-group gender bias. Rather than uniformly amplifying bias, traditional gender
norms appear to constrain its overt manifestation among female judges. These findings
underscore the complex relationship between regional culture and judicial behavior, and the
broader importance of addressing cultural norms and attitudes as part of efforts to promote
gender equity within judicial institutions.

[Insert Table 7 here]

Initial level in legal development. The level of legal system development varies substan-
tially across regions in China. In some provinces—particularly coastal areas—authorities
exhibit greater adherence to legal procedures and stronger institutional capacity, result-
ing in more standardized trials. In other provinces—such as parts of the northeast—trial
practices remain more discretionary and less formalized. We examine whether the in-group
gender bias documented above varies systematically with regional differences in legal system
development.

To this end, we construct two measures of regional legal development. The first is based
on responses to legal-related questions in the 2010 wave of the China General Social Survey
(CGSS), including: (1) trust in the courts and judicial system, (2) legal knowledge, and
(3) frequency of legal compliance.27 Responses are recorded on a five-point Likert scale (1
= completely unknown to 5 = completely known), with higher scores indicating stronger
legal development. We compute province-level averages to form an index of regional legal
development. Our second measure draws on a subindex of the widely used National Economic
Research Institute (NERI) Marketization Index, which captures provincial variation in legal
environment quality based on a combination of original survey data and official statistics.

Estimation results are reported in columns 3 and 4 of Table 7. The estimated interaction
27Legal knowledge covers basic legal understanding, familiarity with court functions, and knowledge of

how to access legal services such as hiring a lawyer, seeking legal assistance, or filing a lawsuit.
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between female judge and female plaintiff remains similar in magnitude and significance to
our baseline results. The triple interaction terms with both legal development measures are
statistically and economically insignificant, indicating that the degree of in-group gender
bias does not vary meaningfully across regions with different levels of legal system develop-
ment. These findings suggest that the observed in-group gender bias is pervasive and largely
invariant to institutional legal quality.28

4 Conclusion

In this paper, we provide novel evidence of in-group gender bias in judicial decision-making
using a large-scale dataset comprising nearly all divorce cases handled by basic civil courts
across China. Exploiting the effectively random assignment of cases to judges, we identify
a clear pattern of gender-based favoritism. Specifically, we find that female judges are 1.2
percentage points more likely than their male counterparts to grant divorce petitions filed
by female plaintiffs relative to those filed by male plaintiffs. This effect is robust to a variety
of checks, including alternative specifications, placebo tests, and controls for extensive judge
and plaintiff characteristics. Our findings rule out alternative explanations such as access to
information available to the judge or plaintiffs’ courtroom behaviors, pointing clearly toward
female judges’ in-group gender bias as the most plausible explanation.

To further contextualize and examine the external validity of this bias, we examine het-
erogeneity across different regions and judicial contexts. We document that the magnitude
of the bias varies systematically with regional gender attitudes but not with regional levels
of legal system development. Interestingly, the observed gender bias among female judges
is significantly smaller in regions with more traditional gender norms, suggesting that con-
servative cultural contexts may suppress overt expressions of gender-based favoritism. In
contrast, institutional factors such as legal development appear to have minimal moderating
effects, underscoring the stronger influence of cultural attitudes over formal institutions in
shaping judicial behavior.

Our study contributes to the literature by providing one of the first comprehensive analy-
ses of in-group gender bias in judicial decisions using naturally occurring large-scale judicial

28The contrast between the heterogeneity patterns for legal development and those for cultural gender
attitudes highlights the distinct geographic distributions of these two dimensions (correlations ranging from
-0.11 to -0.35). This divergence reflects the fact that legal development and gender norms are shaped by
different historical and institutional processes. Specifically, the legal origins literature (Glaeser and Shleifer
2002; Lu and Tao 2009) shows that regional variation in legal development in China is historically linked
to foreign influence during the late Qing Dynasty (1840–1911), whereas gender norms are rooted in local
cultural practices, family structures, and agricultural traditions (Alesina et al. 2013).
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data and a rigorous identification strategy based on random case assignment. While existing
literature has extensively documented gender biases in various professional and societal con-
texts, evidence on such biases within high-stakes judicial decisions—especially within civil
law contexts such as divorce in developing economies—has remained limited. Our findings
underscore that even judges, typically viewed as impartial arbiters, may exhibit subtle biases
shaped by shared gender identities.

These results carry important policy implications. As gender diversity on judicial benches
continues to rise globally, our findings underscore that increasing gender representation, while
desirable for equity and legitimacy, it may also introduce new challenges to impartial adju-
dication if identity-based biases persist. Without complementary safeguards, identity-based
biases may persist or emerge. Effective responses include targeted judicial training on im-
plicit bias, enhanced transparency and accountability in court procedures, and broader efforts
to reshape cultural norms through education and institutional reform. Such interventions
are essential to ensuring equal treatment under the law and to advancing substantive gender
equity within judicial systems and beyond.
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Figures and Tables

Figure 1: Divorce Grant Rates by Judge and Plaintiff Gender

Notes: This figure compares the divorce grant rates across judge and plaintiff gender combinations. Panel A
displays the raw mean grant rates for each group. Panel B presents the conditional mean grant rates after
accounting for court-time fixed effects.
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Table 1: Summary Statistics

Notes: Panel A summarizes case characteristics, Panel B summarizes judge-level characteristics, and Panel C
reports plaintiff-level characteristics. Standard errors are reported for differences in means, with significance
levels denoted as follows: ***p < 0.01, **p < 0.05, *p < 0.1.
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Table 3: Baseline Results

Notes: Column 1 controls for court-by-month fixed effects. Column 2 adds judge fixed effects. Column 3 in-
cludes eight case characteristics interacted with the male judge indicator, and Column 4 further incorporates
an indicator for whether the judge is acting. Standard errors are clustered at the judge level. Significance
levels are denoted as follows: ***p < 0.01, **p < 0.05, *p < 0.1.
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Do Judges Exhibit Gender Bias? Evidence from the
Universe of Divorce Cases in China

ONLINE APPENDIX
Xiqian Cai, Pei Li, Qinyue Luo, HOng Song, Huihua Xie

Appendix A Strategies to Determine Judge’s Gender
To ensure the accuracy of the gender information for judges in our dataset, we employed a
multi-step manual verification process using a variety of publicly available sources. Below,
we detail the four-step methods and examples used in this process.

1. Search on Baidu/google using the judge’s name + ”judge” +
county name
1.1 Lists of Judges:

For some courts, searching the judge’s name alongside “judge” and the county name on
Baidu or Google yields direct lists of judges, which often include their gender.

Example: The official website of Wuxi City, Jiangsu Province, provides a comprehensive
list of judges, including their gender.

Note: Wuxi Judge Directory. Source: https://splcgk.court.gov.cn/gzfwww/fgml.
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1.2 News Reports:

In some cases, news articles either explicitly reveal the judge’s gender or do so indirectly
through the use of pronouns like “he” or “she.”

Example: Searching for “Jiang Qingchun judge” led to a report on his achievements
that uses the pronoun “he,” confirming the judge is male.

Note: News Report on Jiang Qingchun. Source: http://www.ewkfy.gov.cn/show.asp?id=2535.
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1.3 Photos:

For some judges, online photos can be used to visually identify their gender.
Example: A report on Judge Zhou Bin, including his photo, confirms his gender as

male.

Note: Sohu Article on Zhou Bin. Source: https://www.sohu.com/a/304644474120059495.

2. Explore Courts’ Official Websites
2.1 Judges’ Personal Information on Court Websites:

Some courts provide detailed personal information about judges on their official websites,
including gender.
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Example: The Taizhou City Court website lists judges’ personal information, including
gender.

Note: Taizhou City Court. Source: http://www.tzfyw.gov.cn/InfoPub/CategoryView.aspx?CategoryID=71.

3. Browse the China Court Trial Online
3.1 Trial Videos:

In cases where judges preside over trials broadcast on the China Court Trial Online platform,
their gender can often be identified by watching the trial video.
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Example: A trial video available on the platform confirmed the gender of a female judge
presiding over the case.

Note: China Court Trial Online. Source: http://tingshen.court.gov.cn.

Note: China Court Trial Online. Source: http://tingshen.court.gov.cn.

4. Manual Identification Using Name Characteristics
For the remaining judges (approximately 8% of the total), whose gender could not be deter-
mined through the above methods, we inferred their gender based on name characteristics,
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particularly for names that are typically associated with one gender in Chinese culture.
Example: A list of judges’ names from Hanyang District, Wuhan City, Hubei Province,

includes names like “Wang Qin,” “Zhu Yini,” and “Sun Jiao,” which are commonly recognized
as female names in Chinese culture.

Note: Hanyang Judge Directory. Source: https://splcgk.court.gov.cn/gzfwww/fgml.
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Appendix B Judge Information Collection Methods
To collect additional judge-level information for our study, we employed a systematic ap-
proach using multiple publicly accessible sources. Below, we outline the key methods and
channels used by our research team:

1. Court Websites: The primary source of information was the official websites of the
courts where the judges were employed. Many court websites provide public disclosures
or personnel directories. For example, on the Guangdong High People’s Court website, we
identified Judge Jia Mi through the “Judge Directory” section using the browser’s search
tools. From these listings, we gathered personal information disclosed by the court, such as
educational background and professional roles.

Example:

Note: This image shows the Guangdong High People’s Court website, where we used the “Judge Directory”
section to identify Judge Jia Mi
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Note: This image displays publicly disclosed information about Judge Jia Mi obtained from the same website.

2. Search Engines (e.g., Baidu): We used Baidu to search for “Judge Name + Court
Name,” which sometimes led to Baidu Baike (the Chinese equivalent of Wikipedia) entries.
If a judge had a Baidu Baike profile, it often contained supplementary information, such as
education and career details. However, since the accuracy of Baidu Baike entries depends
on cited sources, we cross-verified the information by reviewing the referenced websites to
ensure reliability and check for updates.

Note: This image illustrates a search result for a judge with a Baidu Baike entry. The profile contains
supplementary information, such as educational background and career details.

3. Judicial Selection Announcements: Another valuable resource was public announce-
ments of judicial selection or promotion, which often disclose information such as academic
qualifications and alma maters. For example, we referenced the 2023 “Judicial Selection
Announcement for the Sichuan High People’s Court,” which included detailed profiles of
candidates for judicial positions.

4. News Reports and Public Profiles: We searched for news articles and other public
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Note: This is an image of the “2023 Judicial Selection Announcement for the Sichuan High People’s Court,”
detailing candidates’ profiles and disclosing key personal information.

platforms that showcased judges’ achievements or profiles. For instance, we identified judges
featured in alumni spotlights, law school newsletters, or professional achievement reports.

Note:This image is from Shandong University’s 2023 announcement featuring award-winning alumni, pro-
viding information about their education, specialization, and achievements.

5. University Alumni Networks: We reviewed alumni association directories from law
schools and legal universities. Although these lists were often incomplete, they occasionally
included details about alumni who are now judges. For example, the East China University
of Political Science and Law’s alumni council member list provided information on judges’
education and alma maters.

Despite our comprehensive efforts, some judges’ information remains incomplete due to
factors such as personnel changes or limited disclosures by certain courts. While we aimed
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Note: This image shows Henan Finance and Law University’s report on prominent alumni appointments,
which includes details on judges’ graduation years and qualifications.

Note: This is an image of the East China University of Political Science and Law’s alumni council member
list, which offered insights into judges’ education and alma maters.

to gather as much information as possible, we supplemented the dataset only with verified
and reliable information to maintain data accuracy.
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Appendix C Additional Figures and Tables

Figure C1: Placebo Test, Randomly Assignment of Gender

Notes: This shows the distribution of the estimates from the 1,000 runs of placebo test regression, along
with the benchmark estimate. The placebo test is to randomly assign judges to plaintiffs, keeping the ratio
of each judge’s cases unchanged (for similar practices, see, e.g., Chetty etal.,2009; La Ferrara et al., 2012).
To increase the identification power of this placebo test, it is repeated 1,000 times.
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Figure C2: Robustness Test, Drop One Court

Notes: This illustrates the distribution of estimates from the robustness test regressions, alongside the
benchmark estimate. The robustness test involves sequentially dropping one court at a time.
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Table C1: Predicted Differences in Divorce Acceptance Rate for Judge-Plaintiff Gender Pairs

[1] [2] [3]
Female Plaintiff Male Plaintiff Difference

Female Judge β0 + β1 + β2 + β3 β0 + β3 β1 + β2

Male Judge β0 + β2 β0 β2

Difference β1 + β3 β3 β1
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Table C3: Including Collegial Panel Cases

Notes: Column 1 controls for court-by-month fixed effects. Column 2 adds judge fixed effects. Column 3
includes eight case characteristics interacted with the female judge indicator, and Column 4 further incorpo-
rates an indicator for whether the judge is acting. Significance levels are indicated as follows: ***p < 0.01,
**p < 0.05, *p < 0.1.
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