RF ROCKWOOL Foundation Berlin

BERLIN Institute for the Economy and the Future of Work (RFBerlin)

DISCUSSION PAPER SERIES 109/26

Bad News and Policy Views:
Expectations, Disappointment, and
Opposition to Affirmative Action

Louis-Pierre Lepage, Heather Sarsons, Michael Thaler

www.rfberlin.com APRIL 2026




Bad News and Policy Views: Expectations, Disappointment,
and Opposition to Affirmative Action

Authors

Louis-Pierre Lepage, Heather Sarsons, Michael Thaler

Reference

JEL Codes: D83, D9], 123, J15
Keywords: Affirmative action, college admissions, disappointment, belief updating, policy preferences

Recommended Citation: Louis-Pierre Lepage, Heather Sarsons, Michael Thaler (2026): Bad News and Policy Views: Expectations, Dis-
appointment, and Opposition to Affirmative Action. RFBerlin Discussion Paper No. 109/26

Access

Papers can be downloaded free of charge from the RFBerlin website: https://www.rfberlin.com/discussion-papers

Discussion Papers of RFBerlin are indexed on RePEc: https://ideas.repec.org/s/crm/wpaper.html

Disclaimer

Opinions and views expressed in this paper are those of the author(s) and not those of RFBerlin. Research disseminated in this dis-
cussion paper series may include views on policy, but RFBerlin takes no institutional policy positions. RFBerlin is an independent re-
search institute.

RFBerlin Discussion Papers often represent preliminary or incomplete work and have not been peer-reviewed. Citation and use of
research disseminated in this series should take into account the provisional nature of the work. Discussion papers are shared to
encourage feedback and foster academic discussion.

All materials were provided by the authors, who are responsible for proper attribution and rights clearance. While every effort has
been made to ensure proper attribution and accuracy, should any issues arise regarding authorship, citation, or rights, please con-
tact RFBerlin to request a correction.

These materials may not be used for the development or training of artificial intelligence systems.

Imprint RFBerlin Gormannstrasse 22, 10119 Berlin
ROCKWOOL Foundation Berlin — Tel: +49 (0) 151143 444 67 RF
Institute for the Economy E-mail: info@rfberlin.com e—
BERLIN

and the Future of Work Web: www.rfberlin.com


https://ideas.repec.org/s/crm/wpaper.html

Bad News and Policy Views:

Expectations, Disappointment, and Opposition to Affirmative Action*

Louis-Pierre Lepage Heather Sarsons Michael Thaler
Stockholm University Chicago Booth & CEPR & NBER UCL & CEPR & CESifo

April 2, 2026

Abstract

There is widespread opposition to affirmative action policies. We study whether personal
disappointments shape preferences for such policies. Specifically, we test whether individ-
uals’ college admissions outcomes, relative to their expectations, influence their attitudes
toward affirmative action policies. Using a retrospective survey among recent White and
Asian college applicants, we find that disappointed individuals—those who were admitted to
fewer schools than anticipated—are relatively more likely to believe that affirmative action
played an important role in their admissions outcomes, have the lowest support for affirma-
tive action policies, and are more willing to donate to an anti-affirmative action organization.
They also hold more negative views about the academic qualifications of under-represented
minorities. To isolate the causal effect of “bad news” from selection, we conduct a comple-
mentary survey experiment with parents of future college applicants. We randomize whether
parents receive information about their child’s admissions prospects. Providing bad news to
overconfident parents causes them to increase opposition to affirmative action and donate
to an anti-affirmative action organization. Results suggest that some individuals attribute
bad news to external factors, specifically policies that benefit out-groups.

*This project underwent ethics review and received approval at the University of British Columbia (H25-
00965) and the University of Chicago (IRB25-1188). The experiment was preregistered on AsPredicted (https://
aspredicted.org/v7gb-4t4f.pdf). We gratefully acknowledge funding from Handelsbanken Forskningsstiftelser
(P23-0078).
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1 Introduction

Affirmative action in university admissions is a contentious policy, with a plurality of Americans
disapproving (Gramlich, 2023). Much of this contention centers around the fairness of the policy:
While the intended goal of affirmative action is to promote equal opportunity, opponents believe
that it detracts from merit-based admissions (Newport, 2016). Given a limited number of
seats in universities, race-based admissions policies can provide a tool for addressing historical
inequities, but can also impose an uncertain cost by reducing the weight of merit-based factors
on admissions. Individuals who go through the admissions process may make different inferences
about how their experience was affected by affirmative action, and thus form different views
about the policy as a whole. Specifically, if individuals are disappointed with their admissions
outcomes, they may attribute rejection more to affirmative action policies that favor out-groups
rather than merit, allowing them to shift blame for their outcomes (Van Dijk et al., 1999). These
perceptions can in turn shape political beliefs, reduce support for related equity initiatives, and
influence how people interpret fairness and merit within the admissions process.

This paper tests whether individuals’ views on affirmative action are shaped by their own
admissions outcomes. We use an original survey and experiment to examine whether individ-
uals’ college application outcomes, relative to their expectations, affect their beliefs about the
presence of affirmative action, perceived performance differences between racial groups, and pol-
icy preferences. Both the survey and experiment suggest that individuals who receive bad news
about their (or their child’s) college admissions outcomes or prospects become less supportive
of affirmative action policies and more likely to donate to organizations that oppose race-based
admissions.

We begin with a retrospective survey of college students in the United States. We recruit
White and Asian students who applied to college in the last five years to take part in a survey
about their college application experience, asking about the number and types of schools to
which they applied, their application outcomes, and their ex-ante expectations.! We elicit

beliefs about their own ability—such as perceived rank among applicants to similar colleges—

'We focus on White and Asian students as they are typically not expected to be beneficiaries of race-based
affirmative action. For instance, in Fisher v. University of Texas (2013), the plaintiffs were White, and in
Students for Fair Admissions v. Harvard (2023), the plaintiffs were Asian (Supreme Court of the United States
(2013); Supreme Court of the United States (2023)).



as well as beliefs about the admissions process, including beliefs about displacement due to
affirmative action and whether schools consider race in admissions. We then measure both
incentivized and unincentivized support for affirmative action policies to assess whether beliefs
correlate with preferences.

Our survey yields three findings that together suggest that below-expected college admissions
outcomes are related to students’ negative views about affirmative action. First, applicants’
admissions outcomes correlate with beliefs about both personal ability and the admissions
process. A 10 percentage point increase in a respondent’s acceptance rate is associated with
a one rank point increase in perceived ability (on a 0-to-100 scale) relative to students who
applied to similar schools. However, candidates admitted to fewer schools also have different
views about the role of affirmative action in admissions. They are more likely to state that they
were displaced because of affirmative action and that their top-choice school uses affirmative
action in admissions.

Second, the relationship between admissions outcomes and beliefs about affirmative action
is strongest among respondents whose admissions outcomes were worse than they expected.
Disappointed individuals—those who expected to be admitted to more schools than they were—
are no more likely than others to attribute admissions outcomes to their own ability, but are
significantly more likely to attribute outcomes to the presence of affirmative action. Respondents
with worse outcomes than expected are (1) 19 percentage points (or 71%) more likely to believe
they were displaced by affirmative action, (2) perceive larger SAT gaps between Black/Hispanic
and White/Asian students, and (3) overestimate Black and Hispanic students’ enrollment share
more.

Finally, admissions outcomes correlate with policy preferences. Students admitted to fewer
schools are less supportive of affirmative action policies and are more likely to donate to a non-
profit, Students for Fair Admissions (SFFA ), that aims to eliminate racial preferences in college
admissions. These correlations are again strongest among students with worse-than-expected
outcomes. The results hold even after controlling for the types and selectivity of schools that
respondents applied to, and for students’ SAT or ACT scores.

There are two sets of explanations for these results. Our preferred explanation is that
receiving bad news about admissions outcomes causes White and Asian students to become
disappointed, leading them to attribute their rejection to affirmative action. However, it is also

possible that instead of measuring the effect of the news itself, we are identifying a type of



student—those who always believe they were admitted to too few schools and who also oppose
policies like affirmative action. The survey is unable to disentangle these factors because it is
retrospective: we only observe people after they have received their admissions decisions. As
such, we cannot directly measure individual updating.

To address this concern, we conduct an online experiment in the United States in which
we randomly provide information about college admissions prospects, and compare preferences
for affirmative action with vs. without the information. Because of the challenges in recruiting
a large sample of high school students applying to college, we conduct the experiment among
prospective students’ parents. We recruit 990 parents of students who are planning to apply to
college in the 2025-26 or 2026-27 academic years. Our objective is to study whether randomly
providing information about their child’s relative ranking within the applicant pool for a school
of interest affects their views on affirmative action.

We first ask parents to choose one school for which they will receive information about their
child’s prospects of admission. Then, we use a prediction calculator to generate information
about their child’s relative ranking among previously-admitted students at that school.

The treatment randomly provides parents this information before or after eliciting their
support for affirmative action policies. Importantly, we collect parents’ prior beliefs to construct
a measure of parent overconfidence (parent prior minus calculator prediction), and compare the
effect of overconfidence on policy support within the control and treatment groups. To fix ideas,
we consider the relationship between three concepts: (1) Ouverconfidence, a bias in initial beliefs;
(2) good/bad news, positive/negative information relative to the prior; and (3) disappointment,
the affective response to bad news that is measured directly in the experiment and proxied in
the survey by self-reported below-expectation outcomes. The information in the experiment is
“good news” when parents’ priors are below the prediction (i.e. they are underconfident), and
“bad news” when parents’ priors are above the prediction (i.e. they are overconfident). This
enables us to identify the effects of overconfidence by itself from the effects of bad news that

evokes disappointment.



Most parents are overconfident about their child’s relative ranking, but overconfidence does
not predict views about affirmative action in the control group. However, once they receive
information, overconfident parents in the treatment group form relatively more negative views
about affirmative action. Treated overconfident parents are also more likely to express support
for SFFA through both a Likert survey measure and an incentivized donation measure. Using
an incentivized prediction measure, overconfident treated parents are also suggestively more
likely to predict higher college enrollment rates of under-represented minorities.?

Overall, results from the experiment indicate that it is not overconfidence itself that leads to
opposition to affirmative action, but rather having overconfident beliefs corrected. Effect sizes
are not directly comparable to the student survey, but appear more modest, likely because the
treatment (information from an online calculator versus actual acceptance decisions) is weaker.

Our paper contributes to three main bodies of research. First, it builds on a literature
documenting non-Bayesian forms of belief updating. A number of papers have documented
that individuals update asymmetrically when presented with positive and negative information
about their own ability (Mdobius et al., 2022; Hestermann and Le Yaouanq, 2021; Coffman,
Collis and Kulkarni, 2024; Thaler, 2021).> Our results are related to the theory of Heidhues,
Készegi and Strack (2025), who apply belief updating to discrimination. They present a model
in which overconfident individuals respond to negative signals by updating about the extent
of discrimination against their group, or in favor of other groups, rather than updating about
their ability. In contrast, since positive outcomes are expected given their overconfidence, they
yield relatively little updating about the extent of discrimination. Applied to the context of
college admissions, this theory predicts that members of groups perceived to be disadvantaged
by affirmative action—such as White and Asian students—may interpret unexpectedly negative
outcomes as resulting from affirmative action, leading them to believe that affirmative action is
more prevalent than they thought. We find empirical evidence that overconfident individuals
not only believe they are discriminated against following a negative outcome, but also that

they negatively update their views about others. Experimental papers have also discussed the

2Effects on downstream outcomes — the role that affirmative action plays in admissions more broadly, overall
beliefs about discrimination, and perceived political biases of colleges — are not statistically significant. These
null effects may be due to a lack of statistical power, or because parents change their preferences more than their
beliefs.

3 A longstanding literature outside of economics also studies self-serving bias; the tendency for individuals to
attribute successes to themselves and failures to outside circumstances (Miller and Ross, 1975).



relationship between motivated reasoning and beliefs about discrimination in other domains
(Stoetzer and Zimmermann, 2024; Eyting, 2025; Thaler, 2024), as well as the role that merit
plays relative to luck in outcomes (Frank, 2016; Rustichini and Vostroknutov, 2014; Almas et al.,
2024; Andre, 2025).

Second, a growing related literature has explored the role of overconfidence in the particular
context of college applications. Hakimov, Schmacker and Terrier (2025) detect overconfidence
and underconfidence among French college applicants, finding large gender and socioeconomic
differences in overconfidence. Using an information intervention, they partly correct these biases
and reduce gender and socioeconomic admissions gaps. Similarly, Larroucau et al. (2025) use
an information intervention among Chilean college applicants, finding that overconfidence is the
dominant direction to correct, and that correcting biased beliefs improves application decision-
making at scale. Our experiment finds directionally-consistent effects on beliefs among our U.S.
sample, but both the survey and experiment suggest caution that information may also have
unintended effects on policy views.

Third, the paper adds to a body of work seeking to understand the determinants of indi-
viduals’ policy preferences (Alesina, Stantcheva and Teso, 2018; Chinoy et al., 2023; Alesina,
Ferroni and Stantcheva, 2021) and preferences regarding affirmative action in particular (Corno,
La Ferrara and Burns, 2022). Our work specifically points to the importance of expectations in
how individuals experience and form beliefs after negative outcomes. We document that, after
going through a similar application process or receiving similar information about their child’s
relative ranking, individuals hold different views on race-based admissions depending specifi-
cally on their individual (expected) admissions outcomes.* We document that an individual’s
interactions with an institution affect not only their view of its process, but policy views more
broadly, consistent with previous work on governmental interactions (Di Tella, Galiani and

Schargrodsky, 2007; Dickson et al., 2024).

4The notion that individuals put substantial weight on their personal experiences of economic outcomes
when updating their beliefs is consistent with a literature on experience-based learning in economics and finance
(Malmendier, 2021).



Finally, we contribute to a smaller literature on the role that emotions play in determining
individuals’ policy views. Algan et al. (2025) show that negative sentiments in political Twitter
(now X) posts have risen dramatically in the past few years. They then expose some respondents
to negative and positive emotion videos, finding that those exposed to negative emotions shift
their policy views. This work builds on a larger literature in political science and psychology
(Rico, Guinjoan and Anduiza, 2017; Gonthier, 2023; Redlawsk et al., 2017). We show that
emotions invoked by one’s own experiences can lead to shifts in policy support.

The rest of the paper proceeds as follows. Section 2 describes the survey design and sample.
Section 3 presents the survey results. We discuss the experimental design in Section 4, and

Section 5 presents the experimental results. Section 6 concludes.

2 Survey Design

2.1 Overview

We conducted a retrospective survey during the summer of 2025, targeting students who applied
to a U.S. university or college between 2020 and 2025. The survey was designed to test whether
a correlation exists between one’s admissions outcomes and their beliefs about their own ability,
their beliefs about the presence of affirmative action, and their support for affirmative action
policies. Because the survey is retrospective, we complement this analysis with experimental
evidence, discussed in Section 4.

Respondents were recruited via Prolific. We targeted White and Asian, U.S.-born indi-
viduals aged 18-25 who applied to college between the 2020-21 and 2024-25 admissions cycles,
yielding an initial sample of 798 respondents.> We focused on White and Asian students because
they are typically not considered beneficiaries of race-based admissions policies.® Respondents
received $1.10 for the five-minute survey, with eligibility for a $5 bonus. From the sample of 798
respondents, we drop 14 observations identified as having taken the survey twice, 56 respondents

who report not attending college during the five-year period, 26 respondents who were flagged

SWe also screened on participants having an approval rating of 95% or higher on Prolific. 931 individuals
opened the survey but 133 did not complete the survey and are dropped from the analysis. Prolific’s screening
tools allowed us to target individuals currently or previously enrolled in college during specific years. However,
a small number of possible respondents provide this information. We aimed to recruit 900 total respondents but
had to close the survey once we hit the maximum amount we were able to recruit.

SFuture work could examine how students who expect to benefit from affirmative action form beliefs about
themselves and the admissions process.



by Qualtrics as having an above-average likelihood of being bots, 4 additional respondents who
failed our bot check, 9 respondents who reported not being White or Asian, and 7 respondents
for whom we could not compute selectivity measures of the schools they applied to. This leaves

us with a final sample of 682 respondents. The survey instrument is available in Appendix C.

2.2 Survey Design

The survey consists of three blocks. The first block (admissions outcomes and expectations)
and the second block (beliefs and policy preferences) are randomized in terms of the order they
are shown to ensure that respondents are not primed by recalling their admissions outcomes

(Stantcheva, 2023).

Block 1: Admissions outcomes and expectations

In the first block, we collect two primary admissions outcomes: the fraction of schools to
which respondents were accepted and whether they were admitted to their top-choice school.”
Respondents report their total number of applications and acceptances, as well as a list of
schools to which they applied and whether they were admitted to each.® We match reported
school names to data from IPEDS, which provides the institution type (e.g., Ivy League, flagship
public university, liberal arts college) and average admissions rates (selectivity).”

We measure applicants’ admissions expectations using two questions. First, respondents
report whether the number of acceptances they received was higher or lower than expected,
choosing from a seven-point scale (far above, above, a little above, about the same, a little
below, below, far below), with an additional option indicating they were completely uncertain.
Second, respondents report their predicted likelihood of admission to their top-choice school,
selecting from four ranges: 0-25%, 26-50%, 51-75%, and 76-100%. Both of these questions are

asked in the context of their beliefs at the time of submitting applications.

Block 2: Beliefs and policy preferences

The second block measures beliefs about individual ability, the admissions process, and policy
preferences. Three questions capture whether admissions outcomes are correlated with beliefs

about own ability and the importance of academic credentials in admissions decisions:

"We ask respondents what their top-choice school was at the time they were applying to colleges.

8 Asking about admissions outcomes in these two ways allows us to test for consistency in answers. Over 80%
of respondents report the exact same number. In our main analysis, we use the number reported, rather than
the list.

9Data can be accessed at https://nces.ed.gov/ipeds.



e Perceived rank of academic ability relative to peers who applied to similar schools (mea-

sured on a 0-100 scale).

e Whether the respondent believes they were rejected from at least one school due to their

academic qualifications (Yes/No).

e Whether the respondent currently believes that certain factors (SAT scores, high school
grades, recommendation letters, race, gender, and luck) are more or less important in the
admissions process relative to when they applied (measured using a 5-point Likert scale,

converted to a 0-1 scale).

Five outcomes measure respondents’ beliefs about the presence of affirmative action in college

admissions, and the presence of minority students in colleges:

o Whether they think they were rejected from at least one school due to race-based affirma-

tive action (Yes/No).
e Whether they think their top-choice school considers race in admissions (Yes/No).

e The fraction of Black college students who attend a school that considers race in admissions

(measured on a 0-100 scale, converted to a 0-1 scale).
e The average SAT scores of White, Black, Hispanic, and Asian applicants.

e The fraction of college attendees who are White, Black, Hispanic, and Asian (each mea-

sured on a 0-100 scale, converted to a 0-1 scale).

For the last three bullet points above, we can benchmark responses against estimates from three
sources. We use the College Board’s yearly report (CollegeBoard, 2024) to measure actual SAT
scores, and the 2024 Cooperative Institutional Research Program (CIRP) Freshman Survey
(Soler and Stolzenberg, 2025) for the share of students of different racial groups. It is difficult
to obtain a “ground truth” answer about the fraction of Black college students attending a
school that considers race in admissions. However, before the SFFA v. Harvard (2023) ruling,
it was estimated that no more than 15% of Black students were admitted into programs that
used affirmative action policies (Reber, Nagashima and Goodman, 2023).

Finally, we ask questions to test whether beliefs are correlated with policy preferences,

leading to four main outcomes:

e Support for affirmative action (4-point Likert scale, converted to a 0-1 scale).



e Interest in learning more about Students for Fair Admissions (SFFA), which is best known
for opposing affirmative action in several high profile legal cases, including Students for
Fair Admissions v. Harvard and which we describe as an organization that is against

race-based college admissions policies (Yes/No).

e Donation to SFFA. We randomly select 5% of participants to receive a bonus payment
of $5. Those who receive the payment can donate any amount between $0 and $5 to the
organization. We elicit the amount each participant would want to donate if they were
selected and then implement the choice for those randomly chosen. If participants choose
any positive donation amount, they are coded as having donated. We use both the binary

measure of having donated as well as the continuous donation measure as outcomes.

Block 3: Demographics

The third block, which always appears after the first two, asks for demographic information,

including race, age, gender, and political affiliation.

2.3 Parent Survey

One limitation of our student survey is that it does not allow us to directly test for the impact
of bad news or disappointment on beliefs and policy preferences. As such, we conducted an
experiment (described in Section 4) in which we randomize information about college admissions
prospects. Due to practical difficulties in recruiting high school students for the experiment, we
conducted this experiment with parents of college applicants. This could raise the concern that
parents and students may systematically differ in their responses to admissions outcomes.

To bridge the gap between student survey and parent experiment, we ran a shorter version of
the survey with parents whose children were recently admitted to college. Parents were screened
based on (1) having a child born between 2002 and 2007, and (2) ethnicity (White/Asian).!°
We excluded participants whose child did not apply to college during the target years. Parents

received $0.75 for participating.

10The birth years were chosen to match the age of students who would have attended college between 2020
and 2025.



The parent survey mirrors the student survey but is more streamlined. Parents were not
asked to list all schools to which their child applied, nor their child’s top-choice school. Parents
were asked, using the same 7-point scale, whether their child’s admissions outcomes exceeded
their expectations. We then elicit beliefs about whether the child was rejected due to aca-
demic qualifications or affirmative action, beliefs about average SAT scores by race, approval of

affirmative action policies, and interest in learning more about SFFA.

2.4 Summary Statistics

Summary statistics for the student and parent surveys are presented in Table 1. The first nine
variables describe application behavior and admissions outcomes. Student respondents applied
to 5.1 schools on average and were accepted to just under 75% of them, while parents report
that their children applied to 4.1 schools and were accepted to 75% of them.'' Nearly 14%
(11%) of student (parent) respondents applied to at least one Ivy League school, 71% (61%) to
a flagship state public school, 20% (17%) to a liberal arts college, 42% (32%) to a non-Ivy and
non-LAC private school, and 22% (33%) to a community college.

Because the survey was conducted on Prolific, it is not intended to be fully representative of
college students. That said, our sample resembles a nationally-drawn sample. Comprehensive
national data are limited, but the CIRP Freshman Survey and reports from the Common Ap-
plication provide relevant benchmarks (Soler and Stolzenberg, 2025). Relative to these sources,
students in our sample applied to slightly fewer schools on average (5.1 versus 6.1). Approxi-
mately 70% of student respondents were admitted to their top-choice school, nearly identical
to the estimated 71% among White and Asian freshmen enrollees (Kim et al., 2022). Overall,
students in our sample were admitted to 75% of the schools they applied to, consistent with an
average acceptance rate of 71% across U.S. colleges in 2024 (Kowarski and Claybourn, 2024).

In terms of demographics, 15% of our respondents are Asian, lower than what would be
expected from incoming freshmen (22% Asian when restricted to Asian or White) (Soler and
Stolzenberg, 2025). Nearly 60% of student respondents are female and 46% of the children of

parent respondents are female.

"Parent respondents are not the parents of the student respondents. Differences across the two surveys are
thus expected.
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Over 75% of student respondents reported either an SAT or ACT score, with the average
SAT score being 1292. For those who reported an ACT score but no SAT score, we converted
ACT scores into SAT-equivalents.'? In comparison, the average SAT score of all new college
enrollees is around 1170 (NCES, 2024). We estimate that it would be approximately 1223 when
restricting to new White and Asian enrollees.!?

Around 26% of student respondents who were rejected from at least one school reported hav-
ing been rejected at least once because of race-based affirmative action, versus 24% for children
of parent respondents. Finally, we see that a clear majority of students and parents disapprove
of the use of affirmative action policies for college admissions (60% and 65% respectively).

Appendix Table A.1 provides evidence that respondents provided consistent and credible an-
swers. We relate respondents’ test-taking behavior and test scores with the average selectivity—
e.g., the admissions rate—of schools to which they applied in columns 1 and 2. Respondents
who took the SAT, and who had a higher standardized test score report applying to more se-

lective schools. Students with a higher standardized test score were also admitted to a larger

share of schools conditional on the number they applied to (column 3).

3 Survey Results

In our survey, 26% of students who were rejected from at least one school believe that race-based
affirmative action played a role in their rejection. Because we do not know the extent to which
race factors into a given university’s admissions decisions, it is difficult to assess the accuracy
of respondents’ beliefs. Some figures suggest they may be inaccurate, though. Among those
who applied during the 2024-25 application cycle, 13% of respondents believe they were rejected
because of affirmative action, even though it was banned by the Supreme Court. In addition,
only 22% of college students—and 15% of URM students—attend a college that considered

race in admissions before the most recent Supreme Court ruling.'* One potential explanation

12 Around 43-48% of college applicants reported SAT scores with their applications between 2020 and 2025
(Armstrong et al., 2025), and it is estimated that only approximately 20% of colleges/universities required
standardized test scores for admissions in 2025 (Feder and Schaeffer, 2024). As such, it is not surprising that
around 25% of respondents report no score.

13While we do not have information on scores of new enrollees by race, we calculate the expected SAT score of
new White and Asian enrollees from information on SAT scores of all test takers. In particular, we adjust for the
fact that, while White and Asian students account for 47% of test takers, they account for 65% of new college
enrollees, and assume that the racial gap in average scores is the same among test takers and enrollees (232.5).
Note that the higher average scores of enrollees could reflect positive selection in those who attend college as well
as selective reporting of scores when applying to test-optional schools.

141 addition, less selective schools, which are well represented in our sample, are less likely to use race in
admissions decisions, yet 16% of students who applied to the 25% least selective schools (which in our sample
are schools with an acceptance rate of 75% or above) believe they were rejected because of affirmative action
(Grodsky and Kalogrides, 2008; Hirschman and Berrey, 2017).

11



for these beliefs is disappointment from bad news: students who thought they would have
better admissions outcomes attribute rejections to “reverse discrimination” rather than their
own ability (Heidhues, Készegi and Strack, 2025). We test whether an individual’s admissions
outcomes are correlated with their beliefs about themselves, the admissions process, and policy

preferences.

3.1 Admissions Outcomes
3.1.1 Outcomes and Beliefs about the Admissions Process

We begin by testing whether admissions outcomes are correlated with beliefs about one’s ability,

and about the college admissions process. To do so, we estimate

Y, = f1FracAccept; + foNumApplied; + S3Rate; + vX; + €; (1)

where FracAccept; is the fraction of schools to which respondent ¢ was admitted. We control

for the total number of schools applied to (NumApplied;), and the average acceptance rate of

Rate; s

s W where s indexes

those schools. We define the average acceptance rate as Rate; = >
the schools to which respondent i applied. We then control for respondent characteristics (X;)
including gender and race (White/Asian).!® This specification allows us to compare students
who applied to a similar number of schools, and to schools that are similarly selective, but who
differ in their acceptance rates.

The main outcomes of interest are beliefs about one’s ability (perceived rank and rejection
due to academic qualifications), beliefs about the admissions process (perceived rejection due
to affirmative action, estimated fraction of Black students who attend a school practicing race-
based admissions), and perceived SAT gaps by race. The coefficient /5’1 captures the relationship
between respondents’ acceptance rates and these beliefs, holding application behavior constant.

As an additional test of how outcomes correlate with beliefs and preferences, we look at

whether admission to one’s top-choice school is correlated with the belief that the school con-

siders race in admissions by estimating:

Y, = ﬁlAdmitTOpi + ,BgRateLs* +vX; + € (2)

15Tn robustness checks, we additionally include indicators for the applicant applying to at least one Ivy League
school, flagship public school, liberal arts college, other private school, or community college. We show additional
robustness to controlling for SAT/ACT scores, political views (although we note that this could be a “bad
control”), and the maximum selectivity among the schools applied to, rather than the average.

12



Here, AdmitTop, is an indicator that respondent ¢ was admitted to their top-choice school, and
Rate; ¢+ refers to the acceptance rate of the respondent’s top-choice school s*.

Table 2 shows the results from estimating Equations 1 and 2. In all columns we control
for respondent demographics and school selectivity. Columns 1 and 2 show the relationship
between admissions outcomes and one’s perceived ability, while the remaining columns show
the relationship with beliefs about affirmative action and the admissions process. A 10 percent-
age point increase in a respondent’s acceptance rate, conditional on the number and average
selectivity of schools they apply to, is correlated with a one unit increase in perceived rank
(measured from O=lowest ability to 100=highest, where the mean perceived rank is 71). In col-
umn 2, because we ask about beliefs about why one was rejected, we only include respondents
who were rejected from at least one school.'8 Overall, we observe a perhaps limited correlation
between outcomes and beliefs about one’s ability.

Columns 3-7 explore whether a respondent’s acceptance rate is correlated with their beliefs
about the presence of affirmative action and racial gaps in SAT scores. Respondents with a
10 percentage point higher acceptance rate are 4.9 percentage points less likely to believe that
they were displaced because of affirmative action (column 3). We do not find a statistically
significant correlation between acceptance rates and beliefs about the fraction of Black students
who attend colleges that use race in admissions (column 4), nor with the SAT gap between URMs
and non-URMs or between Black and White students (columns 5 and 6). However, consistent
with column 3, we find that individuals who are not admitted to their top-choice school are
10.3 percentage points more likely to believe that the school considers race in admissions, a 19%
increase over the baseline. Overall, there is suggestive evidence that respondents with worse
admissions outcomes are more likely to believe that colleges practice affirmative action and that
it directly affected their admissions prospects.

We additionally find that individuals admitted to fewer schools have different beliefs about
the fraction of students who belong to under-represented minority groups. Table 3 shows the
results from estimating equation (1) but using respondents’ beliefs about the share of college

students who are White, Asian, Black, and Hispanic as outcomes. Looking at the mean beliefs,

%Including those who were not rejected from any school yields a negative and significant correlation between
being rejected due to grades and fraction accepted as those respondents necessarily say that grades did not play
a role. These results are shown in column 1 of Appendix Table A.6.
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respondents tend to overestimate the share of students who are Asian and Black and underes-
timate the share who are Hispanic. However, those who are admitted to fewer schools believe
there to be an even larger share of Black and Hispanic students and a smaller share of White

and Asian students. We return to the accuracy of these perceptions in Section 3.3.

3.1.2 QOutcomes and Policy Preferences

Turning to views about affirmative action, Table 4 shows the results from estimating equations
(1) and (2) using policy preferences as outcomes. Panel A shows that respondents who were
admitted to a higher fraction of schools are more likely to support affirmative action policies.
These preferences hold when support is incentivized. Column 2 shows that respondents with
a 10 percentage point higher admissions rate are 2.2 percentage points (5%) less likely to be
interested in learning more about Students for Fair Admissions (SFFA). They are similarly
less likely to donate at all to the organization (column 3) and donate a lower amount (column
4). These results are paralleled if we instead look at the association between being admitted
to one’s top-choice school and policy preferences (Panel B). Individuals who have different
outcomes seem to hold different beliefs about both themselves and the admissions process, and

these beliefs are related to policy preferences.

3.2 The Role of Expectations and Disappointment

Being rejected from a school may have little impact on one’s beliefs and policy views if their prior
was that they had a low chance of gaining admission. In this section we test whether individuals
who receive disappointing news—that is, their outcomes were below their expectation—are

particularly likely to attribute outcomes to the presence of affirmative action.

3.2.1 Expectations and Beliefs about the Admissions Process
We first look at how expectations correlate with beliefs about the admissions process conditional
on one’s admissions outcomes. We estimate

Y; = 81 Worse; + foFracAccept; + SsNumApplied; + Sy Rate; + vX; + €; (3)
where Worse; is an indicator that respondent 7 reported being accepted to fewer schools than
they anticipated. This variable is defined using the question “Is this number [the number of

schools the respondent was accepted to] above or below the number of schools you thought you

would be accepted to”, with the possible responses being: Far above, Above, A little above,
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About the same, A little below, Below, Far Below, and I had no idea how many schools I would
be accepted to. The variable takes the value one if their response is a little below, below, or far

below and takes the value zero otherwise.!”

We again control for the fraction of schools the
respondent was accepted to, the number to which they applied, and the average admissions rate
of those schools so that we are comparing students who were admitted to the same number and

types of schools, but who differed in their expectations.

We run a similar analysis considering the respondent’s top-choice school:
Y; = /1 (NotAdmit; x Expected;) + S2NotAdmit; + S3Expected; + fsRate; o« +vX; + € (4)

Here, Ezpected; is an indicator that respondent i believed they had a 50% or higher chance
of being admitted to their top-choice school, and NotAdmit; is an indicator that they were
not admitted. The coefficient Bl thus captures beliefs among individuals who expected to be
admitted to their top-choice school but were not.

Table 5 presents the results. The first two columns speak to whether respondents form
different beliefs about their own ability when they have better or worse admissions outcomes
than they expected. In line with the earlier results, respondents who were admitted to a higher
fraction of schools believe themselves to be higher in the ability rank distribution. However, we
do not see any significant difference between individuals who have better or worse admissions
outcomes than they expected. Similarly, they are not more or less likely to believe they were
rejected due to their academic credentials, which is consistent with experimental literature
finding underinference about own ability (M&bius et al., 2022).

However, those whose admissions likelihood outcomes were worse than expected are more
likely to think that they were rejected due to affirmative action (column 3). We condition on
the number and selectivity of schools applied to, as well as the fraction of schools accepted
to, meaning that we are comparing individuals who applied to the same types of schools and
had the same outcomes, but who differed in their expectations. We do not find a significant
correlation with beliefs about the fraction of Black students who attend a college that considers

race (column 4). However, disappointed individuals believe there is a larger gap in SAT scores

1"We assume that those who state that they did not know how many schools they were accepted to did not
have worse-than-expected outcomes. The results are robust to excluding these responses. The full distribution of
responses is shown in Appendix Figure B.2. Roughly 20% of respondents are overconfident and 55% state that
they performed as expected. There is evidence that the majority of individuals are overconfident (Camerer and
Lovallo, 1999; Taylor and Brown, 1988; Larroucau et al., 2025), suggesting that there may be some hindsight
bias. The survey experiment does not suffer from this issue.
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between URM and non-URM students, and between Black and White students (columns 5
and 6). Overall, students who are admitted to fewer schools than they expected act as if
they attribute their outcomes to affirmative action, and form more negative beliefs about the
qualifications of URMs who benefit from affirmative action.

We show the results from estimating equation 4 in column 7. The interaction between
expecting to be admitted and not being admitted proxies for overconfidence or disappointment.
Although the point estimate is positive, meaning that students who thought they would get into
their top-choice school but did not are more likely to think their top-choice school considers
race, the results are statistically insignificant.

Appendix Table A.2 shows robustness to using a continuous measure of expectations as
opposed to an indicator. A higher value of expectations indicates that the outcome was above
the respondent’s expectation. We again find a statistically significant relationship between
expectations and beliefs about being rejected because of affirmative action, and SAT score gaps.
Panel A of Appendix Table A.3 shows that the results are robust to controlling for respondents’
SAT or ACT scores. Because not everyone reported a standardized test score, our sample size
falls, but we continue to find a significant correlation between expectations and beliefs about
affirmative action and SAT score gaps. Panel B controls for the respondent’s political affiliation
as well as the admissions rate of the most selective school to which they applied as opposed
to the average. We additionally include indicators for the types of schools to which students

applied.'® The results are robust.

3.2.2 Expectations and Policy Preferences

We look at the relationship between overconfidence and policy preferences in Table 6. Condi-
tional on application outcomes, respondents who perform worse than expected are less support-
ive of affirmative action policies and are more interested in learning about SFFA (Panel A).
Those who perform below expectation are more likely to donate and donate more, but these
correlations are not statistically significant. Panel B tests for heterogeneity based on whether
an individual was admitted to their top-choice school. The coefficients are directionally in line

with disappointed individuals being less approving of affirmative action, but are again noisy.

8These are broad categories: LAC, Ivy, other private school, flagship public school, and community college.
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Appendix Table A.4 shows similar estimates using the continuous measure of expectations.
While directionally similar, the only significant coefficient is for approval of affirmative action.
Appendix Table A.5 controls for standardized test scores in Panel A and for political affiliation
and the admissions rate of the most selective school to which the candidate applied in Panel B.
Here, we find a significant correlation between admissions results relative to expectations and
all measures of policy preferences when controlling for test scores. Among students applying
to more competitive schools, there is a significant correlation between expectations and policy

preferences. The results also hold when including additional controls.

3.2.3 Importance of Factors in Admissions

Given that we do not have information on respondents’ prior beliefs and preferences, it is possible
that we are picking up on a respondent “type”: those who believe that any rejection is more
than what they deserve and who always blame others for such rejections. These respondents
may have been antagonistic toward affirmative action policies to begin with.

One question in the survey allows us to probe this possibility, although we formally test it
with the experiment. We asked respondents whether they believe that “the following factors
are more or less important than you believed them to be at the time you applied for college”,
where the factors are high school grades, SAT scores, recommendation letters, race, gender, and
luck. If students blame any external factor, we might expect to see movement for beliefs about
luck.

Figure 1 shows the coefficients from estimating equation (3) using responses to these ques-
tions as the outcome. Answers are on a scale of one to five (corresponding to much less impor-
tant, less important, as important as I thought, more important, and much more important),
normalized to take values between 0 and 1. In the figure, we plot the coefficient on a Worse
Than Fxpected indicator. Between individuals who had worse- or better-than-expected out-
comes, there is no statistically significant difference in the perceived importance of any factor
except for race. Respondents who believed they would be admitted to more schools than they
were admitted to report that race is more important than they thought it was at the time of

application.
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3.3 Accuracy of Views

We have so far presented evidence that individuals who are admitted to fewer schools are more
likely to believe they were displaced by affirmative action, a view that is strongest among
respondents who were admitted to fewer schools than they expected. It is difficult to assess
whether respondents’ views are accurate given the lack of information on which schools used
race in admissions. That said, we can look at the accuracy of beliefs about the SAT score gap
between URM and White/Asian students as well as about demographic student shares.

Figure 2 plots the relationship between whether a respondent had better- or worse-than-
expected admissions outcomes and 1) their beliefs about SAT gaps between URM and White/Asian
students as well as Black and White students, and 2) the shares of URM minus White/Asian
students as well as Black minus White students. The dotted line in each graph is the actual
SAT gap and relative share of students.

On average, respondents’ beliefs are directionally accurate in that they believe URM stu-
dents score lower on the SAT than White and Asian students.'® Students who perform below
expectation believe this gap is larger than students who perform at or above expectation. How-
ever, because students underestimate the size of the gap, disappointed respondents end up with
more accurate beliefs. Respondents on average overestimate the enrollment difference between
URM and White/Asian students and underestimate that between Black and White students.
However, the relationship with disappointment is smaller and not statistically significant.

Taken together, the results show limited differences in beliefs based on admissions outcomes

and no consistent evidence that either category of students holds more accurate beliefs.

3.4 Parents’ Attitudes

Although the survey considers actual admission outcomes, it is retrospective and we therefore
cannot test whether respondents are updating in response to outcomes or if overconfident indi-
viduals are more likely to be opposed to affirmative action. To address this issue, we designed
and ran an experiment with parents of high school students who are applying to college, which

we discuss in Section 4.

19 Appendix Figure B.1 shows the same figure using SAT scores for each group of students.
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Before moving to the experiment, we first ensure that parents respond to their children’s
admissions outcomes with an additional retrospective survey. We do this by running a shortened
version of the student survey with a sample of college students’ parents. We ask about their
child’s admissions outcomes and (1) the likelihood that their child was not admitted to at least
one school due to race-based admissions policies, (2) the SAT gap between URM and non-
URM students, (3) whether they approve of race-based affirmative action policies, and (4) their
interest in learning about SFFA.

The results are presented in Appendix Table A.7. We control for the types of schools the
parent’s child applied to and the parent’s gender.?’ Parents whose child was admitted to a higher
fraction of schools are less likely to believe that their child was not admitted due to affirmative
action, approve more of affirmative action policies, and are less interested in learning more
about SFFA.2! Parents who were overconfident in their child’s admissions prospects approve
less of affirmative action, are more interested in learning about SFFA, and perceive there to
be a larger SAT gap between Black and White students. The other results go in the expected

direction but are not statistically significant.

4 Experiment Design

4.1 Overview

We ran our survey experiment with parents of students planning to apply to a U.S. university
or college in the next two years. We elicit respondents’ priors about their child’s likelihood
of admission to a specific university. We then use data on past admissions to provide them
with a predicted likelihood of admission, leveraging the fact that some parents will receive
“good news” and others will receive “bad news” based on their prior beliefs. The algorithm
used for the prediction, which we refer to as the calculator, is detailed in Appendix D. In
what follows, we refer to the information as bad news when a parent’s prior belief about their
child’s competitiveness is higher than the calculator’s predicted quintile (i.e. overconfidence:
the child is predicted to be less competitive than the parent expected), and as good news when

the parent’s prior is lower than the calculator’s predicted quintile (i.e. underconfidence), and

2%We did not ask the names of the specific schools to which the student applied, so we cannot control for
specific college admissions rates. We instead include indicators for having applied to at least one Ivy League,
flagship public school, liberal arts college, other private school, and community college.

210ne difference we see in this survey is that parents whose child was admitted to more schools believe the SAT
gap to be larger. These results are paralleled when looking at whether the child was admitted to their top-choice
school (Panel B), and whether the child’s outcomes were worse than expected (Panel C). It thus appears that
parents’ views about affirmative action are more negative when their child is admitted to fewer schools or is
admitted below their expectations.
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use this framing for participants. We then analyze how parents update their views when they
receive the good news or bad news about their child’s admissions chances. This allows us to
test whether the disappointment induced by bad news causes parents to form more pessimistic
views about affirmative action.

The survey experiment was conducted in the fall of 2025. Participants were again recruited
via Prolific. We recruited White and Asian parents who were born in the U.S. and had a
child planning to apply to a U.S. university or college in the next two years.?? All participants
received a show-up fee of $2.10 for the 8-minute survey experiment, and had the opportunity
to receive bonus payments. Participants were required to be U.S. residents, and answer that
they “have a child who is planning to apply to college or university in the United States this
upcoming academic year (Fall 2025/Winter 2026), or next academic year (Fall 2026/Winter
2027)” Respondents who responded “no” to either of these questions were screened out.

In our analysis, we only include participants who identified their child’s race as White
or Asian, who can provide an estimate for their child’s GPA (required for our admissions
prediction), who said they received a valid prediction from the calculator (i.e. did not see an
error), and who passed Al and attention checks. 1,171 participants completed the study, of
which 1,000 (85%) pass these checks. We remove an additional 10 (1%) participants for either

having duplicate Prolific IDs or reporting IDs that do not exist on Prolific.23

4.2 Experiment Design
Priors and profiles

Participants first answer screening questions and provide informed consent. Then, all partici-
pants see an instructions page. On this page, they are told that we will provide “information
about your child’s predicted chances of admission to a specific college or university” and that
“predictions are calculated using an algorithm...[that] bases predictions on information about

each school’s admission policies and the profiles of students it previously admitted.”

22Participants were further required to have an approval rating above 95% and were screened on being between
the ages of 38 and 65 to maximize the likelihood that their child is in high school.

23This was not preregistered, but helps to potentially rule out participants using AI bots; results are robust to
the inclusion of these subjects.
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Participants are then asked to choose one U.S. college or university that they would like
a prediction for from a dropdown menu of 71 schools.?* Next, they predict the quintile they
believe their child is in, in terms of admissions prospects at the selected school. We use this as
our measure for prior beliefs. They then answer how disappointed they would be if their child
were not admitted at that school, and what factors they think increasingly affect admissions in
recent years, which we control for in our regressions.

The next block asks parents to provide information about their child’s profile that we use
for our prediction model. First, they are asked to report their child’s GPA (on a 0-4 scale).?
Second, they are asked to report their child’s standardized test score. They are first asked to
report SAT scores; if their child did not take the SAT, they are asked to report ACT scores; and
if their child did not take either, they are asked to report PSAT scores.?6 Participants are then
asked to report their child’s gender and race or ethnicity as background information. These
demographics are not used in the prediction, but participants may expect them to be used. At

the end of the survey, participants are told that only grades and test scores were used.

Information treatment

Our treatment is the order in which participants see the calculator’s prediction. Participants
either see the calculator’s prediction and then report posterior beliefs and policy preferences,
or report beliefs and policy preferences before they see the calculator’s prediction. We call the
first group Treated, and the second group Control. To calculate a child’s predicted quintile
for admissions, we use grade and test score categories to generate quintile predictions for each
school.?”

The information subjects receive compares the prediction to their prior beliefs. Specifically,

depending on their prediction, participants see one of:

e Bad mews, the calculator said your child is lower ranked than you thought. They are

actually in [quintile]. [If prior > quintile]

24We chose schools across the US that have the highest number of applications. We could not include all
colleges in the United States because of the infeasibility of providing predictions for all of them. See Table A.8
for the list of schools included in the experiment.

25The calculator uses GPA categories, so parents choose between the following options: 0-2.49, 2.50-2.99, 3.00-
3.24, 3.25-3.49, 3.50-3.74, 3.75-3.99, 4.00, “I don’t know”. We require a GPA estimate to generate predictions,
so we drop participants who select “I don’t know” to this question.

26 All scores are reported using categories. For SAT, the categories are: 0-790, 800-990, 1000-1190, 1200-1390,
1400-1600, and for ACT and PSAT, we use categories that map to the SAT categories.

2"Specifically, we first used the most recent data from the Common Data Set (https://commondataset.org/)
for each school that parents can select, generating a vector {school, child’s GPA, child’s test score}. Then, we
had OpenAT’s GPT-4-turbo (gpt-4-1106-preview) map {school, GPA category, test score category} into a relative
quintile ranking from 1-5.
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e The calculator’s result matches your expectation. They are in [quintile]. [If prior =

quintile]

e Good news, the calculator said your child is higher ranked than you thought. They are

actually in [quintile]. [If prior < quintile]

After we ensure participants saw the information, we ask them to check any number of the
following emotional responses: Disappointed, Frustrated, Anxious, Hopeful, Excited, Relieved,

and Proud. We use a binary indicator of checking “Disappointed” as a first-stage outcome.

Beliefs and outcome variables

In the first stage, we measure the effect of information on participants’ beliefs about their child’s
rank among applicants to their chosen school, and their child’s chance of acceptance to that
school. Child’s rank is a percentile from 0-100, and acceptance chance is a percent from 0-100%.
The control group answers these questions before seeing the prediction, and the treatment group
answers them immediately after the prediction.

We preregistered the following primary and secondary outcomes to measure the impact of

the treatment on views toward affirmative action:

e Primary: Support for affirmative action (measured using a 7-point Likert scale, converted

to a 0-1 scale).

e Primary: Importance of diversity or race-based preferences (5-point Likert scale, converted

to a 0-1 scale).?®

e Secondary: Support for Students for Fair Admissions (SFFA), which we describe as an
organization that is against race-based college admissions policies (7-point Likert scale,

converted to a 0-1 scale).

e Secondary: Donation to SFFA that is implemented with 5% chance. Participants choose
among bundles of (bonus for yourself, donation to SFFA), and can choose one of {($4,
$0), (%4, $1), (33, $4), ($2, $6), (%1, $7)}. If participants choose any positive donation

amount, they are coded as having donated. The binary donation indicator is our main

28To benchmark this, we also ask about other factors like test scores, GPA, recommendation letters, and
gender-based preferences.
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donation measure that we planned to collect. As a continuous outcome, we also chose
to use the bundles, which vary in marginal rates of substitution, to estimate the relative
value participants put on SFFA. That is, we estimate the weight @ put on SFFA in a utility
function of the form u(mee, TSFFA) = Tself + amsFrA -2

e Secondary: Incentivized predictions about the relative share of students currently enrolled

in four-year U.S. colleges that are under-represented minorities (versus White or Asian).3"

In addition, we include other questions for exploratory analyses: Perceived discrimination
against various race/gender groups (4-point scale), whether there is too much or too little
attention paid to race in general (3-point scale), whether colleges tend to have a liberal or
conservative bias (3-point scale), and approval of the Trump administration’s tariffs (7-point
scale). We ask about tariffs to test whether respondents generally become more conservative
following the treatment.

It is worth remarking on a few differences between the design of the survey and the ex-
periment. Besides the information provided, the main differences between the survey and the
experiment are that the experimental sample includes parents instead of students, and that
the experiment is prospective instead of retrospective. However, we also modified a number of
details, largely to increase statistical power.

In order to allow for more precise estimates of treatment effects, we made some changes to
the outcome variables. First, the Likert scales are generally finer in the experiment than the
survey in order for us to detect smaller effects. Next, the donation choice set is no longer linear,
allowing for decreasing marginal costs to donate to SFFA. Importantly, participants can choose
between ($4,%0) and ($4,%$1) in the experiment, while they can only choose between ($5,$0)
and ($4,$1) in the survey. In the survey, we can only observe whether participants are willing to
trade off their own bonus for a donation to SFFA, while in the experiment we can also observe

whether they would rather SFFA receive a payoff or not.

298pecifically, we set @ = —1/2 if they choose ($4, $0), @ = 1/6 if they choose ($4,$1), @ = 5/12 if they choose
($3,%4), a = 3/4 if they choose ($2, $6), and a = 3/2 if they choose ($1,$7). For interior allocations, a represents
the midpoint of the range of a that are consistent with participants’ choices.

39Gpecifically, we elicit beliefs about the share of students nationally who identify as White, Asian or Pacific
Islander, Black or African American, Hispanic or Latino, and Other / two or more of these. For the 5% of
participants randomly selected to win a bonus, each of their prediction within 1 percentage point of the actual
share gives them an extra $0.25 bonus.
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Demographics and debriefing

After both groups see the information and answer beliefs and policy-preference questions, they
fill out a demographics page. Participants input their age, gender, race, education, and political
preference on a 7-point scale. Then, they are given an Al check and an attention check; both
questions need to be answered correctly in order to be included in the final sample.

Finally, all participants are given a summary page that reminds them about the calculator,
and debriefs them that “The calculator constructed ratings based purely on your child’s GPA

and your child’s test scores, and does not use other factors like race or gender in its calculation.”

5 Experiment Results

We study whether the correlation between disappointment and opposition to affirmative action
is driven by overconfidence, or by disappointment that is induced by receiving bad news. We first
consider the relationship between overconfidence and policy outcomes in the control group, who
receive the calculator prediction after both the prior elicitation and the questions about policies.
We then estimate the impact of providing news about the child’s predicted competitiveness
among treated respondents, who receive the prediction before providing their policy views. We
do not find evidence that overconfidence is correlated with affirmative action support absent
information, but that the combination of overconfidence and information impacts opposition to

affirmative action and support for SFFA.

5.1 Overconfidence and Policy Support

To understand the relationship between overconfidence and policy support, we estimate Equa-
tion 5

Y, = 1Overconfidence; + vX; + €;, (5)

separately for control and treatment groups. Y; represents the main outcomes outlined in section
4.2. Overconfidence; is the difference between respondent i’s predicted quintile of their child’s
admissions chance, and the calculator predicted quintile (i.e. Overconfidence; = (Expected; —

Predicted;)). For instance, a parent who predicts that their child will be in the top quintile
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(81st-100th percentile), but is estimated by the calculator to actually be in the second-highest
quintile (61st-80th percentile), will be given an Overconfidence measure of +1. We also include
a vector of controls, X;, that includes demographics and the calculator’s prediction of the child’s
quintile.3!

If our survey results reflect overconfidence as opposed to information, we should see a cor-
relation between overconfidence and policy preferences among both the control and treatment
groups. Figure 3 shows the coefficients for 5, for each of our main outcomes within the control
group. None of the five outcomes are significantly correlated with overconfidence, and point
estimates are close to zero. This indicates that, absent new information, overconfidence is not

predictive of affirmative action policy views.

5.2 Treatment Effects

We now turn to the impact of information on policy views. Appendix Table A.9 confirms that
the treatment is randomized: It is balanced across the demographics and characteristics of
parents and children we measure and, importantly, prior beliefs and calculator predictions are
uncorrelated with treatment. In addition, we see no evidence of selective attrition: Bad news
about their child’s ranking does not systematically lead parents to exit the study.

In the treatment group, parents are provided information about the calculator’s prediction,
so we should expect to see overconfident parents revise their beliefs about their child’s admissions
chances downward, and underconfident parents to revise them upward. However, if parents have
more information about their child’s admissions chances, such as knowledge of how their extra-
curricular activities will factor in, and they correctly incorporate that information into their
priors, they may not update at all. In this case they are not overconfident (or underconfident)
to begin with, but rather our calculator is missing information.3?

We do see treated parents updating their beliefs towards the calculator’s prediction, suggest-
ing that the initial predictions that parents made indeed reflected overconfidence. Compared

to overconfident parents in the control group, treated overconfident parents believe their child’s

rank is 13.9 pp lower (s.e. 1.4 pp). Similarly, compared to underconfident parents in the control

31We control for: the parent’s political party, prior importance of race in admissions, hypothetical disappoint-
ment, parent’s race, child’s race, parent’s gender, child’s gender, parent’s age, parent’s education, child’s GPA,
and child’s predicted quintile.

32 Appendix Figure B.7 shows that the majority of parents think that their child is in fourth and fifth quintiles,
suggesting that this is not the case unless there was selection into the survey. However, a stronger test is whether
they update their beliefs in response to the treatment.
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group, treated underconfident parents believe their child’s rank is 9.2 pp higher (s.e. 2.2 pp).33
Consistent with these effects, Table 7 shows that the interaction between the continuous mea-
sure of overconfidence and the treatment has a significant effect on beliefs with overconfident
parents reducing their perceived rank and chance of admission for their child. The treatment
also induces a strong reaction in parents’ stated emotions. 62% of parents who receive bad
news say they are disappointed, while only 1% of parents who receive good news say they are
disappointed.>*

We now turn to considering the role that overconfidence has on policy views for treated
parents after they receive information. Figure 4 replicates Figure 3 for the treated group. For
treated parents, overconfidence is systematically correlated with policy views. One quintile of
overconfidence is associated with a decrease of 16% of a Likert-scale unit of support of affirmative
action (p = 0.087), an increase of 33% of a Likert-scale unit of support for SFFA (p < 0.001),
a 9 percentage point increased likelihood of donating to SFFA (p = 0.001), and an increase
of 0.07 in the estimated value participants place on SFFA (p = 0.033). There is also a slight,
but statistically insignificant, increase of 2 percentage points in the estimated relative share of
URM students (p = 0.108), and perceived importance of affirmative action (p = 0.122). These
results suggest a consistent but modest effect of overconfidence-correcting information.

To confirm that there are differences by treatment, our preregistration specified running our

main regression with an interaction for treatment and overconfidence:

Y; = pi(Treatment; x Overconfidence;) + foOverconfidence; + B3 Treatment; + v X; +¢; (6)

Here, Y; again represents each of our main outcomes discussed above.?®

Table 8 presents the treatment effect for our main outcomes. Column 1 shows that the
interaction between information and overconfidence leads to a decrease in support for affirmative
action. However, column 2 shows that the interaction between information and overconfidence

leads to a statistically insignificant change in perceived relevance of affirmative action.?0 Similar

33These are presented in Appendix Table A.10, and are estimates from regressions with the controls in equa-
tion 5. The asymmetric effects reflect that overconfidence tends to be more severe than underconfidence in our
sample.

34These results are correlated with pre-information statements of expecting to feel disappointed. The most
common stated emotions for bad news are disappointed, anzious, and frustrated. Meanwhile, the most common
emotions for good news are hopeful, excited, and proud.

35We pre-specified Likert ratings of affirmative action and importance of affirmative action to be “primary”
and support for SFFA, donation to SFFA, and beliefs of college racial composition to be “secondary.” Here, for
clarity of exposition, we present the results together.

36This muted effect may reflect some parents believing that affirmative action has become less relevant in the
wake of the Supreme Court bans.
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to column 1, column 3 shows that this interaction leads to an increase in support for SFFA.
The interaction of information with one quintile of overconfidence leads to an increase of 19%
of a unit on the 7-point Likert scale (corresponding to 0.028 of the Likert scale when it is scaled
to be between 0-1). Column 4 shows similar results for donating to SFFA. The interaction of
information with one quintile of overconfidence leads to an increased likelihood of giving any
amount to SFFA by 5 pp. Column 5 shows that the effect on participants’ estimated value of
SFFA is directionally consistent, but not statistically significant. Finally, column 6 shows that
there is a statistically insignificant but suggestive effect on incentivized beliefs about the relative
share of URMs currently enrolled. In general, these results are consistent with the effects seen
in Figure 4, though the interaction specification reduces statistical power.

Next, Appendix Table A.12 summarizes the findings on policy views by creating an index
for our affirmative action and SFFA outcomes using Anderson (2008).3” While the index was
not preregistered, it helps organize our findings. Column 1 shows that the index is uncorrelated
with overconfidence in the control group. Column 2 shows that the index is correlated with
overconfidence in the treatment group: one quintile of overconfidence is associated with a 0.16
SD (s.e. 0.05 SD) increase in opposition to affirmative action. Column 3 presents the interaction:
the interaction of information and overconfidence leads to a 0.10 SD (s.e. 0.04 SD) increase in
opposition to affirmative action. These results are consistent with a modest but statistically
significant effect of the treatment.

Comparing the experiment to the survey data, we find qualitatively consistent patterns,
though the effects in the experiment are not as pronounced. This is likely driven by the in-
formation treatment being weaker than receiving actual admissions results. Consistent with
this, spillovers to broader beliefs are limited, though weakly point in the predicted direction.
We consider the effect of overconfidence on our three exploratory outcomes: beliefs about dis-
crimination against URMs, preferences about more/less attention to race, and beliefs about
whether colleges have a liberal bias. Appendix Figure B.3 shows that overconfidence is un-
correlated with these outcomes in the control group, while Appendix Figure B.4 shows that

overconfidence is significantly negatively correlated with beliefs about discrimination against

3"The index constructs a generalized-least-squares weighting based on the inverse of the covariance matrix.
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URMs, and directionally-but-insignificantly correlated with preferences about attention to race
and beliefs that colleges have a liberal bias. In Table A.13, we do not see statistically significant
effects using our interaction specification. We also do not see any clear effects of our treatment
on an unrelated political topic, support for the Trump administration’s tariff policies.??

We also consider a binary measure of overconfidence instead of our continuous measure.
Here, “Overconfident” takes value 1 if the participant’s prior quintile prediction is strictly
above the calculator’s prediction, and value 0 if the prediction is strictly below the calculator.?”
In Appendix Figure B.5 and Appendix Figure B.6, we find similar, but noisier effects, using
this measure instead. Under the binary measure, treated participants who are overconfident
always receive “bad news” and treated participants who are underconfident always receive “good
news,” further highlighting the direct role that the news itself plays.

We do not see any evidence that our results are driven by the particular way we construct the
calculator. One concern is that the calculator may systematically provide predictions that are
overly optimistic or pessimistic. The scope for such bias generated from the Common Data Set
is likely limited, as these data are explicitly designed to provide applicants with information on
admissions requirements. While there may be biases in how the LLM maps the data into quintile
predictions, we do not have reason to believe this can explain our results. First of all, Appendix
Figure B.7 shows (1) that the calculator’s predictions look approximately uniformly distributed,
which would be expected if our sample was representative of the college applicant population,
and (2) that parents’ prior beliefs are highly concentrated at higher quintiles. For instance, while
38% of calculator predictions are in the lowest two quintiles, only 9% of parents’ predictions
are in those quintiles. Moreover, while systematic pessimism could explain the overall level of
overconfidence, it is difficult to explain the relative effects we observe: any calculator bias would
have to be correlated with treatment assignment or outcomes. Reassuringly, we do not see a

correlation between the calculator’s prediction and treatment or policy views in the control

group.

38This could suggest that respondents are not becoming more conservative, or may be due to lower statistical
power.

39In running these tests, we are dropping the 28% of participants who have accurate prior beliefs, thereby
reducing statistical power.
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6 Discussion and Conclusion

A plurality of Americans oppose affirmative action in college admissions. Existing explana-
tions have probed fairness considerations and concerns about “mismatch” (Sander and Jr.,
2012). This paper shows that an emotional response to one’s own admissions outcomes—
disappointment—can fuel opposition to such policies. Our results are consistent with a psy-
chology in which overconfident individuals update about external factors in the admissions
process when they face disappointing outcomes.

Mechanistically, our results in the student survey show a correlation between policy views
about affirmative action and students’ gaps between their expectations and outcomes. The
experiment provides causal evidence that bad news affects policy views, showing a correlation
between beliefs and policy views among parents who received information about their child’s
admissions chances, and no correlation between beliefs and policy views before parents received
this information. These results suggest that it is the disappointment, rather than the overcon-
fidence, that drives the opposition to affirmative action we observe. Future work might further
disentangle the emotional response to the news itself from the effect news has on belief updating.

This paper provides a case study in the particular domain of college admissions, but this
mechanism could play important roles more broadly when people use information about them-
selves to form policy views about others. We think these findings point to a need for more
research on the role that expectations and disappointment play in affecting policy views more
broadly. A combination of systematic overestimation of relative rank with an attribution of bad
news to policies favoring out-groups could lead to increasingly biased perceptions and polariza-

tion along group lines.
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Tables

Table 1: Summary Statistics

Student Survey Parent Survey

(1) 2)
Total Applications 5.076 4.083
(4.283) (3.203)
Fraction Accepted 0.745 0.753
(0.268) (0.267)
Accepted Top Choice 0.707 0.816
(0.456) (0.388)
Average School Acceptance Rate 65.92
(24.28)
Applied to Ivy League 0.135 0.106
(0.342) (0.308)
Applied to Flagship Public 0.708 0.607
(0.455) (0.489)
Applied to Private 0.422 0.324
(0.494) (0.468)
Applied to Liberal Arts College 0.202 0.170
(0.402) (0.376)
Applied to Community College 0.218 0.328
(0.414) (0.470)
SAT Score 1291.5
(166.6)
White 0.853
(0.354)
Female (applicant) 0.594 0.455
(0.491) (0.498)
Female (parent) 0.636
(0.482)
Displaced by AA | > 1 Rejection 0.264 0.239
(0.442) (0.427)
AA Support 0.405 0.355
(0.491) (0.479)
Observations 682 1092

Notes: For those who reported having taken the ACT but not the SAT, ACT scores were
converted to SAT equivalents. In total, 510 out of 682 respondents (75%) reported an SAT
or ACT score. Average School Acceptance Rate refers to the average selectivity of schools
the respondent applied to. Displaced by AA | > 1 Rejection is an indicator variable for
whether the respondent believes they or their child were rejected from at least one college
because of race-based admissions, calculated from a yes or no question for the student
survey and a question measured on a 1-4 scale [Definitely not, Probably not, Probably yes,
Definitely yes] for the parent survey. AA Support is an indicator variable for whether the
respondent somewhat or strongly approves of affirmative action policies, calculated from a
question measured on a 1-4 scale [Strongly disapprove, Somewhat disapprove, Somewhat
approve, Strongly approve]. Both surveys were restricted to White and Asian respondents.
See Appendix C for corresponding survey questions.
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Table 2: Admissions Outcomes and Beliefs

Perceived Rejected Due To: % Black Students SAT Gap: Top Choice
Rank Grades AA Admitted AA URM B-W Considers Race
(1) (2) 3) (4) (%) (6) (7)
Fraction Accepted 9.932%** 0.129  -0.494*** -0.034 16.445 5.918
(2.706)  (0.125)  (0.108) (0.038) (25.371) (30.309)
Total Applications 0.416** 0.001  0.014** 0.001 -1.007 -0.653
(0.166)  (0.006)  (0.005) (0.002) (1.406)  (1.447)
Accepted Top Choice -0.103**
(0.046)
Demographic Controls v v v v v v v
Selectivity Control v v v v v v v
Mean of Outcome 70.58 0.50 0.26 0.51 -156.38  -84.03 0.54
Observations 682 396 397 673 682 681 668

Notes: This table presents estimates from OLS regressions of views about ability and admissions on application
outcomes. In columns 1-6, the application outcome is the fraction of schools applied to that the respondent
was accepted to. In column 7, it is whether they were accepted to their top-choice school to which they applied.
Perceived Rank is self-ranked academic ability from 0 to 100 (highest). Rejected Due To is whether the respondent
reported having been rejected from at least one school due to Grades or AA (affirmative action), both on a Yes/No
scale. For these two outcomes, students who were accepted to every school they applied are excluded, since there
is no scope for them to have been rejected due to any reason. % Black Students Admitted AA is the reported
share of Black students who currently attend a college which used race in admissions before the Supreme Court
ban. SAT Gap is the expected SAT score gap between URM and White/Asian students (URM) or between Black
and White students (B-W). Top Choice Considers Race is whether the respondent believes that their top-choice
school to which they applied uses race in admissions (Yes/No). Controls include the average acceptance rate of
schools the student applied to (columns 1-6) or the acceptance rate of their top-choice school (column 7), and
indicators for the student being White and female. See Appendix C for survey questions. Robust standard errors
are reported in parentheses and *** ** * denote statistical significance at the 1%, 5%, and 10% level.
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Table 3: Admissions Outcomes and Beliefs about Demographic Student Shares

Percent College Students Who Are

(1) (2) (3) (4)
White Black  Hispanic  Asian

Fraction Accepted 0.042**  -0.042"*  -0.026™*  0.026*
(0.021)  (0.014)  (0.010)  (0.014)
Total Applications 0.002  -0.003*** -0.001**  0.003***
(0.001)  (0.001) (0.001)  (0.001)
Demographic Controls v v v v
Selectivity Control v v v v
Mean of Outcome 0.49 0.19 0.14 0.18
Observations 679 679 679 679

Notes: This table presents estimates from OLS regressions of views about the share of
students currently enrolled in U.S. colleges who are from different demographic groups
on the fraction of schools applied to that the respondent was accepted to. The true
fraction from each group in 2024 was: 0.48 (White), 0.12 (Black), 0.20 (Hispanic), and
0.08 (Asian) (Soler and Stolzenberg, 2025). Controls include the average acceptance
rate of schools the student applied to and indicators for the student being White and
female. See Appendix C for survey questions. Robust standard errors are reported
in parentheses and *** ** * denote statistical significance at the 1%, 5%, and 10%
level.
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Table 4: Admissions Outcomes and Policy Preferences

AA Support SSFA Interest SFFA Donate SFFA Value
(1) (2) (3) (4)

Panel A: Fraction of Schools Accepted

Fraction Accepted 0.104*** -0.221*** -0.248*** -0.450**
(0.039) (0.081) (0.080) (0.219)
Total Applications -0.002 -0.008* 0.001 -0.011
(0.002) (0.005) (0.005) (0.014)
Demographic Controls v v v v
Selectivity Control v v v v
Mean of Outcome 0.54 0.43 0.47 0.98
Observations 682 682 682 682

(1) (2) (3) (4)
Panel B: Accepted to Top Choice School

Accepted Top Choice 0.053** -0.110** -0.143*** -0.242*
(0.024) (0.046) (0.046) (0.135)
Demographic Controls v v v v
Selectivity Control v v v v
Mean of Outcome 0.54 0.43 0.47 0.98
Observations 668 668 668 668

Notes: This table presents estimates from OLS regressions of policy views on application outcomes: fraction of
schools applied to that the respondent was accepted to in Panel A and whether they were accepted to their top-
choice school to which they applied in Panel B. AA Support is approval of affirmative action in admissions on a 1-4
scale from Strongly Disapprove (0) to Strongly Approve (1). SFFA Interest is an indicator for reporting interest
in learning about a non-profit with the mission of eliminating affirmative action. SFFA Donate is an indicator
for whether the respondent donated at least part of a potential $5 bonus for completing the experiment to the
non-profit. SFFA Value is the amount of the potential bonus (0-5) donated. The bonus and donation choices
were implemented at random for 5% of respondents. Controls include the average acceptance rate of schools the
student applied to (Panel A) or the acceptance rate of their top-choice school (Panel B) and indicators for the
student being White and female. See Appendix C for survey questions. Robust standard errors are reported in
parentheses and *** ** * denote statistical significance at the 1%, 5%, and 10% level.
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Table 5: Expectations and Beliefs

Perceived Rejected Due To: % Black Students SAT Gap: Top Choice
Rank Grades AA Admitted AA URM B-W Considers Race
(1) (2) 3) (4) (5) (6) (7)
Worse Than Expected 0.216 0.064  0.185*** 0.021 -48.740***  -44.736**
(1.897)  (0.061)  (0.055) (0.026) (17.933)  (20.488)
Fraction Accepted 10.090***  0.189  -0.319*** -0.018 -19.246 -26.625
(2.939)  (0.138)  (0.116) (0.040) (30.505)  (37.332)
Total Applications 0.414** -0.000 0.012** 0.001 -0.707 -0.373
(0.166)  (0.006)  (0.005) (0.002) (1.389) (1.410)
Expect Top Choice -0.076
(0.061)
Not Accepted Top Choice 0.035
(0.068)
Expect x Not Accepted Top Choice 0.109
(0.092)
Demographic Controls v v v v v v v
Selectivity Control v v v v v v v
Mean of Outcome 70.58 0.50 0.26 0.51 -156.38 -84.03 1.00
Observations 682 396 397 673 682 681 668

Notes: This table presents estimates from OLS regressions of views about ability and admissions on application outcomes
relative to expectations at the time of applying. Worse Than Expected is an indicator variable for the student having been
accepted to fewer schools than they expected at the time of applying, corresponding to values 1-3 on a scale of 1-7 for the
following survey question: “Is this number [of accepted schools] above or below the number of schools you thought that you
would be accepted to?” [Far below to Far above]. Ezpect Top Choice is an indicator variable for whether the respondent
reported believing that they had an above 0.5 probability of being accepted to their top choice at the time of applying.
Not Accepted Top Choice is an indicator variable for the respondent not having been accepted to their top choice. Controls
include the average acceptance rate of schools the student applied to (columns 1-6) or the acceptance rate of their top-choice
school (column 7), and indicators for the student being White and female. See Table 2 for details on outcome variables
and Appendix C for survey questions. Robust standard errors are reported in parentheses and *** ** * denote statistical
significance at the 1%, 5%, and 10% level.
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Table 6: Expectations and Policy Preferences

AA Support SFFA Interest SFFA Donate SFFA Value
(1) (2) (3) (4)
Panel A: Fraction of Schools Accepted
Worse Than Expected -0.081%** 0.128** 0.074 0.114
(0.028) (0.058) (0.058) (0.166)
Fraction Accepted 0.045 -0.127 -0.194** -0.367
(0.045) (0.092) (0.092) (0.250)
Total Applications -0.001 -0.009* 0.001 -0.011
(0.002) (0.005) (0.005) (0.014)
Demographic Controls v v v v
Selectivity Control v v v v
Mean of Outcome 0.54 0.43 0.47 0.98
Observations 682 682 682 682
M @) 3) @)
Panel B: Accepted to Top Choice School
Expect Top Choice -0.033 0.031 0.040 0.072
(0.029) (0.059) (0.060) (0.175)
Expect x Not Accepted -0.051 0.069 0.090 0.397
(0.047) (0.094) (0.094) (0.258)
Not Accepted Top Choice -0.043 0.092 0.120* 0.108
(0.034) (0.069) (0.070) (0.191)
Demographic Controls v v v v
Selectivity Control v v v v
Mean of Outcome 0.54 0.43 0.47 0.98
Observations 668 668 668 668

Notes: This table presents estimates from OLS regressions of policy preferences on application outcomes
relative to expectations at the time of applying. Controls include the average acceptance rate of schools
the student applied to (Panel A) or the acceptance rate of their top-choice school (Panel B), and indicators
for the student being White and female. See Table 4 for details on outcome variables, Table 5 for details
on independent variables, and Appendix C for survey questions. Robust standard errors are reported in
parentheses and *** ** * denote statistical significance at the 1%, 5%, and 10% level.

38



Table 7: Parent Experiment: First stage

Perceived rank Perceived chance

(1) (2)

Information -2.038** -3.686***
(0.952) (1.387)
Overconfidence 13.141%*** 13.071%**
(0.738) (0.938)
Info X Overconf. -7.378%** -7.916***
(0.762) (1.029)
Controls v v
Mean of Outcome 61.27 59.90
Observations 990 990

Notes: This table presents estimates from OLS regressions of parents’
beliefs about their child’s percentile rank and acceptance probability on
treatment, overconfidence, and their interaction. Information is a treat-
ment indicator denoting whether participants were shown information
about their child’s likelihood of admission before being asked their policy
views. Overconfidence is defined as the parent’s prediction of their child’s
quintile rank minus the calculator’s prediction of the quintile rank. Con-
trols include political party affiliation, the participant’s prior regarding the
importance of race in college admissions, the respondent’s prior beliefs re-
garding the extent to which they would be disappointed if their child was
not admitted to their school of choice, their child’s predicted quintile of
competitiveness for admissions to their school of choice, their child’s GPA,
indicators for whether the child is White and male, the participant’s age,
and their years of education. See Appendix C for experiment questions.
Robust standard errors are reported in parentheses and *** ** * denote
statistical significance at the 1%, 5%, and 10% level.
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Table 8: Parent Experiment: Second Stage

AA support AA import. SFFA support SFFA donate SFFA value URM share

(1) 2) 3) (4) (5) (6)
Information -0.005 0.005 -0.001 -0.079** -0.060 0.004
(0.019) (0.021) (0.019) (0.034) (0.039) (0.015)
Overconfidence 0.001 0.005 0.017 0.018 0.021 0.003
(0.013) (0.014) (0.012) (0.022) (0.026) (0.011)
Info X Overconf. -0.028** 0.009 0.027** 0.049** 0.026 0.012
(0.014) (0.015) (0.013) (0.023) (0.027) (0.011)
Controls v v v v v v
Outcome Mean 0.35 0.46 0.65 0.54 0.01 -0.33
Observations 990 990 990 990 990 990

Notes: This table presents estimates from OLS regressions of parents’ views about affirmative action on treat-
ment, overconfidence, and their interaction. Information is a treatment indicator denoting whether participants
were shown information about their child’s likelihood of admission before being asked their policy views. Over-
confidence is defined as the parent’s prediction of their child’s quintile rank minus the calculator’s prediction of
the quintile rank. AA support is the respondent’s support of colleges taking race and ethnicity into account when
making admissions decisions on a 7-point scale from “Strongly disapprove” (0) to “Strongly approve” (1). AA
importance is the respondent’s beliefs about the importance of race in college admissions on a 5-point scale from
“Not important” (0) to “Very important” (1). SFFA support is the respondent’s posterior approval of the goals
of the non-profit organization “Students for Fair Admissions” on a 7-point scale from “Strongly disagree” (0) to
“Strongly agree” (1). SFFA donate is a binary indicator for whether the participant chose that SFFA receive any
money. SFFA value is the estimate of a in participants’ utility function u(7mseit, TSFFA) = Tselt + amsrra. Relative
URM share is the participant’s posterior beliefs about the share of students currently enrolled in four-year col-
leges in the US who are Black or Hispanic, minus the share that are White or Asian. See Table 7 for details and
Appendix C for experiment questions. Robust standard errors are reported in parentheses and *** ** * denote
statistical significance at the 1%, 5%, and 10% level.
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Figures

Figure 1: Expectations and Importance of Different Factors in Admissions
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Notes: This figure presents estimates from OLS regressions of updating about the importance of different
factors in the admissions process on an indicator for having been accepted to fewer schools than expected. The
corresponding survey question was: “In hindsight, do you think the following factors are more or less important
in determining who is admitted to universities relative to how important you thought they were at the time you
applied to university/college [Much less important, Less important, As important as I thought, More important,
Much more important]”. The 5-point Likert scale was converted to a 0-1 scale. Controls include the total
number of applications, the average acceptance rate of schools the student applied to, and indicators for the
student being White and female. See Appendix C for survey questions. Lines on each side of the coefficients
correspond to 95% confidence intervals calculated using robust standard errors.
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Figure 2: Expectations, Outcomes, and Accuracy of Beliefs
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Notes: This figure shows the relationship between whether the student was accepted to more or fewer schools
than expected and the accuracy of their beliefs about the SAT gap (top), and the relative share of students
currently enrolled in U.S. colleges who are from different demographic groups (bottom). Beliefs are plotted
separately for individuals who believed they would be admitted to more schools than they were, and those who
believed they would be admitted to the same number or fewer schools than they were (better and worse than
expected, respectively). Controls include the total number of applications, fraction of schools accepted to, the
average acceptance rate of schools the student applied to, and indicators for the student being White and female.
Estimates of the true values as of 2024 are presented with a dashed line in each panel: -233 and -176 for the
SAT gap (CollegeBoard, 2024) and -0.235 and -0.362 for the relative share (Soler and Stolzenberg, 2025). See
Appendix C for survey questions.
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Figure 3: Parent Experiment, No Information: Effect of Overconfidence on Policy Views
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Notes: This figure presents estimates from OLS regressions of policy views on overconfidence in the parent exper-
iment among participants who have not yet received information about their child’s relative rank. Overconfidence
is defined as the parent’s prediction of their child’s quintile rank minus the calculator’s prediction of the quintile
rank. AA support is the respondent’s support of colleges taking race and ethnicity into account when making
admissions decisions on a 7-point scale from “Strongly disapprove” (0) to “Strongly approve” (1). AA impor-
tance is the respondent’s beliefs about the importance of race in college admissions on a 5-point scale from “Not
important” (0) to “Very important” (1). SFFA support is the respondent’s posterior approval of the goals of
the non-profit organization “Students for Fair Admissions” on a 7-point scale from “Strongly disagree” (0) to
“Strongly agree” (1). SFFA donate is a binary indicator for whether the participant chose that SFFA receive any
money. SFFA value is the estimate of a in participants’ utility function u(7seis, TSFFA) = Tsett + amsrra. Relative
URM share is the participant’s posterior beliefs about the share of students currently enrolled in four-year col-
leges in the US who are Black or Hispanic, minus the share that are White or Asian. Error bars represent 95%
CI. See Appendix C for survey questions.
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Figure 4: Parent Experiment, Information: Effect of Overconfidence on Policy Views
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Notes: This figure presents estimates from OLS regressions of policy views on overconfidence in the parent ex-
periment among participants who have just received information about their child’s relative rank. Overconfidence
is defined as the parent’s prediction of their child’s quintile rank minus the calculator’s prediction of the quintile
rank. AA support is the respondent’s support of colleges taking race and ethnicity into account when making
admissions decisions on a 7-point scale from “Strongly disapprove” (0) to “Strongly approve” (1). AA impor-
tance is the respondent’s beliefs about the importance of race in college admissions on a 5-point scale from “Not
important” (0) to “Very important” (1). SFFA support is the respondent’s posterior approval of the goals of
the non-profit organization “Students for Fair Admissions” on a 7-point scale from “Strongly disagree” (0) to
“Strongly agree” (1). SFFA donate is a binary indicator for whether the participant chose that SFFA receive any
money. SFFA value is the estimate of a in participants’ utility function u(7seis, TSFFA) = Tsett + amsrra. Relative
URM share is the participant’s posterior beliefs about the share of students currently enrolled in four-year col-
leges in the US who are Black or Hispanic, minus the share that are White or Asian. Error bars represent 95%
CI. See Appendix C for survey questions.
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Appendix Tables

Table A.1: Validation for Student Survey

Avg School Acceptance Rate Fraction Accepted

(1) (2) (3)

Took SAT -4.258**
(1.773)
Took ACT 1.625
(1.784)
Total Applications -2.160*** -1.626*** -0.015***
(0.229) (0.253) (0.003)
Standardized SAT/ACT Score -8.291%* 0.027*
(0.965) (0.012)
Avg School Accept. Rate 0.004***
(0.001)
Mean of Outcome 65.92 64.95 0.75
Observations 682 492 492

Notes: This table presents estimates from OLS regressions of i) the average acceptance rate of schools
applied to on indicators for whether standardized test scores were reported and total number of
applications, ii) the average acceptance rate of schools applied to on standardized test scores and total
number of applications, and iii) the fraction of schools accepted to on standardized test scores and
the total number of applications. Took SAT (Took ACT) is an indicator for the respondent reporting
having taken the SAT (ACT). Standardized SAT/ACT Score is the respondent’s reported SAT score.
For those who reported having taken the ACT but not the SAT, ACT scores were converted to SAT
equivalents. Robust standard errors are reported in parentheses and *** ** * denote statistical
significance at the 1%, 5%, and 10% level.
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Table A.2: Expectations and Beliefs: Continuous Expectations

Perceived Rejected Due To: % Black Students SAT Gap:
Rank Grades AA Admitted AA URM B-W
(1) (2) (3) (4) (5) (6)
Expectation (1-7) -0.570 -0.003  -0.066*** -0.005 15.923**  15.902**
(0.696)  (0.022)  (0.020) (0.009) (6.060) (6.993)
Fraction Accepted 10.977*  0.139  -0.302** -0.024 -12.742  -23.174
(2.825)  (0.140)  (0.123) (0.039) (29.262)  (35.857)
Total Applications 0.426** 0.001  0.013*** 0.001 -1.283 -0.928
(0.167)  (0.006)  (0.005) (0.002) (1.397) (1.462)
Demographic Controls v v v v v v
Selectivity Control v v v v v v
Mean of Outcome 70.58 0.50 0.26 0.51 -156.38 -84.03
Observations 682 396 397 673 682 681

Notes: This table presents estimates from OLS regressions of views about ability and admissions on application outcomes
relative to expectation at the time of applying. Ezpectation (1-7) is a measure of how many more/less schools the student
was accepted to than they expected at the time of applying, corresponding to the following survey question: “Is this number
[of accepted schools] above or below the number of schools you thought that you would be accepted to?” [Far below (1)
to Far above (7)]. Controls include the average acceptance rate of schools the student applied to and indicators for the
student being White and female. See Table 2 for details on outcome variables and Appendix C for survey questions. Robust
standard errors are reported in parentheses and *** ** * denote statistical significance at the 1%, 5%, and 10% level.
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Table A.3: Expectations and Beliefs, Robustness

Perceived  Rejected Due To: % Black Students SAT Gap:
Rank Grades AA Admitted AA URM B-W
(1) (2) (3) 4) (5) (6)
Panel A: Standardized test scores
Worse Than Expected -1.068 0.030 0.266*** 0.039 -34.015%  -44.752**
(2.353) (0.072)  (0.065) (0.032) (19.763)  (21.264)
Fraction Accepted 9.767** 0.125 -0.148 0.031 -3.582 -24.836
(3.739) (0.175)  (0.136) (0.051) (33.787)  (40.689)
Total Applications 0.375** -0.003 0.012** -0.002 -0.768 -0.219
(0.181) (0.007)  (0.006) (0.002) (1.300) (1.317)
Standardized Test Score 1.847**  -0.080**  -0.047 -0.000 25.096*** 8.080
(0.873) (0.035)  (0.030) (0.012) (6.903) (7.580)
Avg. School Accept. Rate -0.058 -0.001 -0.003* -0.001*** 0.240 0.067
(0.040) (0.002)  (0.001) (0.001) (0.324) (0.362)
Demographic Controls v v v v v v
Mean of Outcome 71.25 0.52 0.28 0.51 -165.02 -93.33
Observations 492 289 289 484 492 492
(1) (2) (3) (4) (5) (6)
Panel B: Political affiliation, school types, and most selective school
Worse Than Expected -0.157 0.065 0.166*** 0.017 -43.815**  -39.014*
(1.847) (0.062)  (0.054) (0.026) (17.871)  (20.436)
Fraction Accepted 9.214** 0.159  -0.337*** -0.014 -15.872 -26.345
(2.911) (0.142)  (0.117) (0.041) (31.984)  (40.636)
Total Applications 0.243 0.005 0.010* 0.001 -0.774 0.996
(0.189) (0.007)  (0.005) (0.003) (1.687) (1.695)
Democrat -2.335* 0.065  -0.178*** -0.042** 69.416™*  61.613***
(1.262) (0.053)  (0.045) (0.018) (11.207)  (12.511)
Min. School Accept. Rate -0.009 -0.002* -0.001 -0.001*** -0.023 0.249
(0.025) (0.001)  (0.001) (0.000) (0.248) (0.305)
Demographic Controls v v v v v v
School Type FE v v v v v v
Mean of Outcome 70.58 0.50 0.26 0.51 -156.38 -84.03
Observations 682 396 397 673 682 681

Notes: This table presents estimates of the regressions presented in Table 5 with additional control
variables, namely applicants’ standardized test scores (either SAT or ACT-equivalent scores) in Panel
A and whether applicants identify as Democrat or Republican, the types of schools they applied to,
and the selectivity of the most selective school applied to rather than the average selectivity of schools
applied to in Panel B. Controls that are not shown include indicators for the student being White
and female and, in Panel B, indicators for the student having applied to at least one school of the
following types: Ivy League, LAC, private school, flagship public, or community college. See Table
2 for details on outcome variables, Table 5 for details on independent variables and Appendix C for
survey questions. Robust standard errors are reported in parentheses and *** ** * denote statistical
significance at the 1%, 5%, and 10% level.
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Table A.4: Expectations and Policy: Continuous Expectations

AA Support SFFA Interest SFFA Donate SFFA Value

(1) ) 3) (4)
Expectation (1-7) 0.021** -0.029 -0.022 0.004
(0.009) (0.019) (0.019) (0.055)
Fraction Accepted 0.065 -0.168* -0.208** -0.458*
(0.044) (0.089) (0.088) (0.242)
Total Applications -0.002 -0.007 0.001 -0.011
(0.002) (0.005) (0.005) (0.014)
Demographic Controls v v v v
Selectivity Control v v v v
Mean of Outcome 0.54 0.43 0.47 0.98
Observations 682 682 682 682

Notes: This table presents estimates from OLS regressions of views about policy on application outcomes relative
to expectation at the time of applying. Controls include the average acceptance rate of schools the student applied
to and indicators for the student being White and female. See Table 4 for details on outcome variables, Table A.2
for details on independent variables, and Appendix C for survey questions. Robust standard errors are reported
in parentheses and ***, ** * denote statistical significance at the 1%, 5%, and 10% level.
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Table A.5: Expectations and Policy Preferences, Robustness

AA Support SFFA Interest SFFA Donate SFFA Value
(1) 2) 3) (4)
Panel A: Control for SAT Scores
Worse Than Expected -0.065* 0.253*** 0.160** 0.351**
(0.033) (0.066) (0.069) (0.177)
Fraction Accepted 0.038 0.018 -0.034 -0.090
(0.059) (0.113) (0.116) (0.285)
Total Applications -0.002 -0.003 0.012** 0.006
(0.002) (0.005) (0.006) (0.014)
Avg School Accept. Rate 0.000 -0.000 -0.000 0.000
(0.001) (0.001) (0.001) (0.004)
Standardized Test Score 0.023* -0.068*** -0.113*** -0.227***
(0.013) (0.025) (0.025) (0.066)
Demographic Controls v v v v
Mean of Outcome 0.54 0.39 0.43 0.88
Observations 492 492 492 492
M @) ) @
Panel B: Political Affiliation, School Type, and Top School Selectivity
Worse Than Expected -0.072%* 0.106* 0.056 0.067
(0.026) (0.055) (0.056) (0.164)
Fraction Accepted 0.034 -0.111 -0.190** -0.420*
(0.045) (0.090) (0.089) (0.251)
Total Applications -0.003 -0.008 0.004 0.002
(0.003) (0.005) (0.006) (0.017)
Democrat 0.190*** -0.312%** -0.311%** -0.690***
(0.018) (0.038) (0.037) (0.106)
Min. School Accept. Rate 0.000 -0.000 -0.000 0.001
(0.000) (0.001) (0.001) (0.002)
Demographic Controls v v v v
School Type FE v v v v
Mean of Outcome 0.54 0.43 0.47 0.98
Observations 682 682 682 682

Notes: This table presents estimates of the regressions presented in Table 6 with additional control variables,
namely applicants’ standardized test scores (either SAT or ACT-equivalent scores) in Panel A and whether
applicants identify as Democrat or Republican, the types of schools they applied to, and the selectivity of
the most selective school applied to rather than the average selectivity of schools applied to in Panel B.
Controls that are not shown include indicators for the student being White and female and, in Panel B,
indicators for the student having applied to at least one school of the following types: Ivy League, LAC,
private school, flagship public, or community college. See Table 4 for details on outcome variables, Table
5 for details on independent variables, and Appendix C for survey questions. Robust standard errors are
reported in parentheses and *** ** * denote statistical significance at the 1%, 5%, and 10% level.
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Table A.6: Displacement Including Students Accepted to All Schools They Applied To

Rejected Due To:
Grades AA Grades AA

(1) (2) (3) (4)

Fraction Accepted -0.399***  -0.372***  -0.396™** -0.240***
(0.075) (0.065) (0.086) (0.069)
Total Applications 0.011**  0.011**  0.011* 0.010**
(0.005) (0.004) (0.005) (0.004)
Worse Than Expected 0.004 0.181***
(0.058) (0.052)
Demographic Controls v v v v
Selectivity Control v v v v
Mean of Outcome 0.35 0.18 0.35 0.18
Observations 681 682 681 682

Notes: This table presents estimates of the regressions presented in columns 2-3
of Tables 2 and 5, but including answers from students who reported having been
accepted to all schools they applied to and who therefore could not have been rejected
due to either grades or AA. Controls include the average acceptance rate of schools the
student applied to and indicators for the student being White and female. See Table
2 for details on outcome variables, Table 5 for details on independent variables, and
Appendix C for survey questions. Robust standard errors are reported in parentheses
and *** ** * denote statistical significance at the 1%, 5%, and 10% level.
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Table A.7: Parent Survey Results

Rejected Due To: SAT Gap: Policy Views
Grades AA URM B-W Support AA  SFFA Interest
(1) (2) (3) (4) (5) (6)
Panel A: Fraction of Schools Accepted
Fraction Accepted -0.179  -0.350***  91.391"** 107.795*** 0.111* -0.343***
(0.125) (0.121) (29.785) (28.461) (0.067) (0.058)
Controls v v v v v v
Mean of Outcome 0.59 0.20 -189.21 -114.91 0.38 0.10
Observations 345 342 765 764 767 767
(1) (2) (3) (4) (5) (6)
Panel B: Accepted to Top Choice School
Accepted Top Choice  -0.142***  -0.166*** 18.226 68.286*** -0.015 -0.216***
(0.055) (0.049) (36.581) (19.210) (0.046) (0.041)
Controls v v v v v v
Mean of Outcome 0.59 0.20 -188.28 -114.13 0.39 0.10
Observations 318 317 728 727 730 730
(1) (2) (3) (4) (5) (6)
Panel C: Schools Accepted to Relative to Expectation
Worse Than Expected — -0.022 0.249***  -17.270  -59.422*** -0.070 0.236***
(0.061) (0.054) (36.546) (19.973) (0.052) (0.047)
Controls v v v v v v
Mean of Outcome 0.59 0.20 -189.21 -114.91 0.38 0.10
Observations 345 342 765 764 767 767

Notes: This table presents estimates from OLS regressions of parents’ views about college admissions and policy preferences
on their child’s application outcomes. Controls include the total number of applications (panels A and C only), indicators
for the parent being female, and indicators for having applied to the following school types: Ivy League, flagship public,
private, Liberal Arts College, and Community College (all panels). See Table 2 for details on outcome variables, Table 5 for
details on independent variables, and Appendix C for survey questions. Robust standard errors are reported in parentheses
and *** ** * denote statistical significance at the 1%, 5%, and 10% level.
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Table A.8: List of Schools in the Experiment

Arizona State University
Boston College

Boston University

Brown University

Cal Poly Pomona

Cal Poly San Luis Obispo
California State University, Fullerton
California State University, Long Beach
Carnegie Mellon University
Columbia University

Cornell University

Duke University

Emory University

Florida International University
Florida State University
Fordham University

Georgia Tech

Harvard University

Indiana University Bloomington
Johns Hopkins University
Louisiana State University
Michigan State University

New York University
Northeastern University
Northwestern University

Ohio State University

Penn State University
Princeton University

Rice University

San Jose State University
Syracuse University

Texas A&M

Texas Tech University

Tufts University

Tulane University

University of Alabama

University of Arizona

University of California, Berkeley
University of California, Davis
University of California, Irvine
University of California, Los Angeles
University of California, Merced
University of California, Riverside
University of California, San Diego
University of California, Santa Barbara
University of California, Santa Cruz
University of Chicago

University of Colorado Boulder
University of Connecticut

University of Florida

University of Georgia

University of Houston

University of Illinois

University of Maryland, College Park
University of Massachusetts, Amherst
University of Michigan, Ann Arbor
University of Minnesota, Twin Cities
University of Missouri

University of North Carolina, Chapel Hill
University of North Texas

University of Notre Dame

University of Pennsylvania
University of South Carolina
University of South Florida
University of Tennessee, Knoxville
University of Texas, Austin
University of Virginia

University of Wisconsin, Madison
Vanderbilt University

Virginia Tech

Yale University
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Table A.9: Parent Experiment: Balance Table

(1) (2) (3)
Control Treatment Difference
Expected Quintile 3.620 3.647 -0.027
(0.924) (0.946) (0.059)
Calculator Quintile 3.042 2.963 0.079
(1.353)  (1.421) (0.088)
Received Good News 0.187 0.174 0.013
(0.390) (0.380) (0.024)
Received Bad News 0.519 0.562 -0.043
(0.500) (0.497) (0.032)
Applying this year 0.481 0.436 0.045
(0.500) (0.496) (0.032)
Hypothetically Disappointed — 1.481 1.550 -0.069
(1.087) (1.099) (0.069)
White (parent) 0.934 0.925 0.009
(0.249) (0.264) (0.016)
Female (parent) 0.612 0.611 0.001
(0.488) (0.488) (0.031)
Party (parent) 0.549 0.504 0.045*
(0.366) (0.371) (0.023)
Education (years, parent) 15.294 15.404 -0.110
(2.053)  (1.982) (0.128)
White (child) 0.946 0.933 0.013
(0.227) (0.250) (0.015)
Female (child) 0.511 0.460 0.051
(0.500) (0.499) (0.032)
GPA (child) 3.651 3.630 0.021
(0.338) (0.346) (0.022)
Observations 497 493 990

Notes: Expected quintile: Participant’s prior quintile of their child’s relative rank.
Calculator quintile: Calculator’s prediction of their relative rank. Received Good
News = 1 iff Expected quintile < Calculator quintile, and Received Bad News = 1 iff
Expected quintile > Calculator quintile. Applying this year = 1 iff child is applying
in the 2025-26 cycle; else they are applying in the 2026-27 cycle. Party: 7-point scale
from Strongly Democrat (0) to Strongly Republican (1), normalized to be between
0-1. GPA is on a 4-point scale. Significance levels based on two-sided t-tests with
unequal variances. *** ** * denote statistical significance at the 1%, 5%, and 10%
level.
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Table A.10: Parent Experiment: First Stage by Overconfidence

Perceived rank, Perceived chance, Perceived rank, Perceived chance,

Overconfident Overconfident Underconfident Underconfident
1) 2) 3) (4)
Information -13.941%** -17.340*** 9.155™** 7.135**
(1.430) (1.761) (2.204) (3.108)
Controls v v v v
Mean of Outcome 55.66 54.49 65.79 62.78
Observations 535 535 179 179

Notes: This table presents estimates from OLS regressions of parents’ beliefs about their child’s percentile rank
and acceptance probability on treatment, split by prior overconfidence. Information is a treatment indicator
denoting whether participants were shown information about their child’s likelihood of admission before being
asked their policy views. Overconfident (Underconfident) is defined as whether the parent’s prediction of their
child’s quintile rank is higher (lower) than the calculator’s prediction of the quintile rank. Controls include
political party affiliation, the participant’s prior regarding the importance of race in college admissions, the
respondent’s prior beliefs regarding the extent to which they would be disappointed if their child was not admitted
to their school of choice, their child’s predicted quintile of competitiveness for admissions to their school of choice,
their child’s GPA, indicators for whether the child is White and male, the participant’s age, and their years of
education. See Appendix C for experiment questions. Robust standard errors are reported in parentheses and
krk Rk X denote statistical significance at the 1%, 5%, and 10% level.
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Table A.11: Parent Experiment: Second Stage, Binary Overconfidence Indicator

AA support AA importance SFFA support SFFA donate SFFA value URM share
(1) 2) 3) (4) (5) (6)
Information 0.008 -0.008 -0.017 -0.109** -0.063 0.008
(0.026) (0.028) (0.026) (0.045) (0.054) (0.020)
Overconfident -0.006 0.011 -0.008 0.006 -0.009 -0.019
(0.030) (0.032) (0.029) (0.050) (0.056) (0.023)
Info X Overconfident -0.057 0.035 0.063* 0.114* 0.039 0.008
(0.035) (0.037) (0.035) (0.061) (0.069) (0.028)
Controls v v v v v v
Mean of Outcome 0.35 0.46 0.65 0.54 0.01 -0.33
Observations 990 990 990 990 990 990

Notes: This table presents estimates from Table 8 where the continuous measure of overconfidence is replaced
with an indicator variable for whether the prior quintile of competitiveness participants believed their child to be
in is greater than the predicted quintile shown to them. See Tables 7 and 8 for details and Appendix C for survey
questions. Robust standard errors are reported in parentheses and *** ** * denote statistical significance at

the 1%, 5%, and 10% level.
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Table A.12: Parent Experiment: Index of Outcomes

(1) (2) 3)

Control Treatment Interaction

Overconfidence -0.005 0.158*** 0.032
(0.049) (0.048) (0.040)
Information -0.069
(0.061)
Info x Overconf. 0.097**
(0.043)
Controls v v v
Mean of Outcome  -0.00 -0.06 -0.03
Observations 497 493 990

Notes: This table presents estimates from OLS regressions of parents’ views about affirmative action on treat-
ment, overconfidence, and their interaction. Information is a treatment indicator denoting whether participants
were shown information about their child’s likelihood of admission before being asked their policy views. Over-
confidence is defined as the parent’s prediction of their child’s quintile rank minus the calculator’s prediction of
the quintile rank. The outcome is an index of policy views: Opposition to affirmative action, support for SFFA,
donation to SFFA, relative weight put on SFFA. See Table 8 for details and Appendix C for experiment questions.
Robust standard errors are reported in parentheses and *** ** * denote statistical significance at the 1%, 5%,
and 10% level.
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Table A.13: Parent Experiment: Exploratory Outcomes

URM discrimination Attention to race College liberal bias Support tariffs

(1) 2) 3) (4)
Information -0.007 0.009 -0.001 -0.001
(0.019) (0.024) (0.022) (0.018)
Overconfidence -0.019 0.003 0.020 0.017
(0.014) (0.016) (0.015) (0.012)
Info X Overconf. -0.008 -0.006 -0.011 -0.018
(0.014) (0.018) (0.016) (0.013)
Controls v v v v
Mean of Outcome 0.59 0.64 0.75 0.39
Observations 990 990 990 990

Notes: This table presents estimates from OLS regressions of broader societal views on treatment, whether
respondents were overconfident, and their interaction. Discrim. URM (Discrim. own) is the respondent’s
posterior beliefs about the extent to which Black and Hispanic people (their own group) face discrimination in
society on a 4-point scale from “None at all” (0) to “A lot” (1). Attention to race is the respondent’s posterior
beliefs regarding whether too little (0), about the right amount (0.5), or too much attention (1) is paid to race
and racial issues in society. College liberal bias is the respondent’s posterior beliefs regarding whether colleges
tend to have a conservative bias (0), no bias (0.5), or a liberal bias (1). Support tariffs is the respondent’s support
for tariffs on a 7-point scale from “Strongly disapprove” (0) to “Strongly approve” (1). See Table 7 for details
and Appendix C for experiment questions. Robust standard errors are reported in parentheses and *** ** *
denote statistical significance at the 1%, 5%, and 10% level.
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B Appendix Figures

Figure B.1: Beliefs about SAT Scores of Student Demographic Groups by Admissions Outcomes
Relative to Expectations
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Notes: This figure shows the relationship between whether the student was accepted to more or fewer schools
than expected and their beliefs about the SAT scores of students from different demographic groups. Beliefs are
plotted separately for individuals who believed they would be admitted to more schools than they were, and those
who believed they would be admitted to the same number or fewer schools than they were (better and worse than
expected, respectively). Controls include the total number of applications, fraction of schools accepted to, the
average acceptance rate of schools the student applied to, and indicators for the student being White and female.
Estimates of the true values as of 2024 are presented with a dashed line in each panel: 1083 for Whites, 1228 for
Asians, 907 for Blacks, and 939 for Hispanics (CollegeBoard, 2024). See Appendix C for survey questions.
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Figure B.2: Distributions of Students’ Admissions Expectations
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Notes: This figure shows the distribution of responses to the question “Is this number [the number of schools
accepted to] above or below the number of schools you anticipated you would be accepted to”. In the analysis,
we pool respondents who say they weren’t sure with respondents who say it was what they expected.
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Figure B.3: Parent Experiment, No Information, Exploratory Outcomes: Effect of Overconfi-
dence on Policy Views
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Notes: This figure presents estimates from OLS regressions of parents’ policy views on overconfidence in the
parent experiment among participants who have not yet received information about their child’s relative rank.
Overconfidence is defined as the parent’s prediction of their child’s quintile rank minus the calculator’s prediction
of the quintile rank. URM discrimination is the respondent’s belief of how much discrimination there is for Black
and Hispanic/Latino people, each on a 4-point scale from “None at all” (0) to “A lot” (1) and then averaged.
Attention to race is the respondent’s view about whether there is “too little attention to race and racial issues”
(0), “about the right amount of attention” (0.5), or ‘too much attention to race and racial issues” (1). Liberal
bias is the respondent’s belief about whether colleges and universities “tend to have a conservative bias” (0),
“do not tend to have an ideological bias” (0.5), or “tend to have a liberal bias” (1). See Appendix C for survey
questions.
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Figure B.4: Parent Experiment, Information, Exploratory Outcomes: Effect of Overconfidence
on Policy Views
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Notes: This figure presents estimates from OLS regressions of parents’ policy views on overconfidence in the
parent experiment among participants who have just received information about their child’s relative rank. Over-
confidence is defined as the parent’s prediction of their child’s quintile rank minus the calculator’s prediction of
the quintile rank. URM discrimination is the respondent’s belief of how much discrimination there is for Black
and Hispanic/Latino people, each on a 4-point scale from “None at all” (0) to “A lot” (1) and then averaged.
Attention to race is the respondent’s view about whether there is “too little attention to race and racial issues”
(0), “about the right amount of attention” (0.5), or ‘too much attention to race and racial issues” (1). Liberal
bias is the respondent’s belief about whether colleges and universities “tend to have a conservative bias” (0),
“do not tend to have an ideological bias” (0.5), or “tend to have a liberal bias” (1). See Appendix C for survey
questions.
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Figure B.5: Parent Experiment, No Information: Effect of Binary Overconfidence on Policy
Views
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Notes: This figure presents estimates from OLS regressions of parents’ policy views on an indicator for being
overconfident in the parent experiment among participants who have not yet received information about their
child’s relative rank. Overconfident is equal to 1 if the parent’s prediction of their child’s quintile rank is greater
than the calculator’s prediction of the quintile rank, and 0 if it is less. Accurate predictions are dropped. Error
bars represent 95% CI. See Appendix C for survey questions.
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Figure B.6: Parent Experiment, Information: Effect of Binary Overconfidence on Policy Views
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Notes: This figure presents estimates from OLS regressions of parents’ policy views on overconfidence in the parent
experiment among participants who have just received information about their child’s relative rank. Overconfident
is equal to 1 if the parent’s prediction of their child’s quintile rank is greater than the calculator’s prediction
of the quintile rank, and 0 if it is less. Accurate predictions are dropped. Error bars represent 95% CI. See
Appendix C for survey questions.
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Figure B.7: Parent Experiment, Prior Beliefs and Calculator Predictions
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Notes: This figure presents the raw histogram of parents’ prior beliefs of their child’s quintile, and the calculator’s
predictions. See Appendix C for survey questions.
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C Survey Appendix

C.1 Student Survey
Screening

1. Did you apply to college/university in the past five years? [Yes, I applied this past
academic year (during the 2024-2025 academic year) / Yes, I applied during the
2023-2024 academic year / Yes, I applied during the 2022-2023 academic year /
Yes, I applied during the 2021-2022 academic year / Yes, I applied during the
2020-2021 academic year / No]

2. You may have been shown a 10-digit number on the previous screen. If so, please enter it
here. If not, please leave the line below blank.

Block 1: Beliefs about admissions and policy preferences

We will now ask about your views on the general admissions process and university/college
system.

3. If you had to choose the factor that was most important in influencing your decision about
what to study in university, what would it be? [Choosing a major that ensures financial
security (has good job prospects) / Choosing a major that I enjoy / Choosing a
major that is challenging / Choosing a major that provides me with flexible career
options / Other (please specify)]

4. Think about students currently enrolled in four-year colleges in the United States. What
is your best guess about the fraction of students who are from each of the following groups.
Please enter a number (for example, if you believe that 50% of currently enrolled students are
from group X, please put 50). The sum of the numbers entered must not exceed 100.

White

Black

Hispanic
Asian/Pacific Islander

5. Think about the colleges/universities you applied to. Where do you now think you ranked
in terms of overall academic ability relative to other students who applied to similar schools?
Please rank yourself on the scale below where 0 is the lowest performing student and 100 is the
highest.

6. In hindsight, do you think the following factors are more or less important in determining
who is admitted to universities relative to how important you thought they were at the time you
applied to university/college: [Much less important / Less important / As important
as I thought / More important / Much more important]

High school grades

SAT score
Recommendation letters
Luck

Gender

Race/Ethnicity
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7. Would you say that you approve or disapprove of colleges expanding admissions (increasing
the number of seats available at each school)? [Strongly disapprove / Somewhat disap-
prove / Somewhat approve / Strongly approve]

8. Would you say that you approve or disapprove of colleges taking race and ethnicity into
account when making admissions decisions? [Strongly disapprove / Somewhat disapprove
/ Somewhat approve / Strongly approve]

9. Do you believe that you were not accepted to at least one college that you applied to due to
race-based affirmative action? Race-based affirmative action is a practice in which universities
give preferential treatment to members of under-represented minority groups, such as Black and
Hispanic students. [Yes / No]

10. Do you believe that you were not accepted to at least one college that you applied to due
to legacy admissions? Legacy admissions is a practice in which universities give preferential
treatment to children of alumni/donors. [Yes / No]

11. Do you believe that you were not admitted to one or more schools specifically due to your
academic credentials, such as grades or SAT/ACT score? [Yes / No]

12. What fraction of Black students who currently attend college do you believe attend a school
that considered race in admissions? (Please think about before this year’s Supreme Court case
that banned race-based admissions starting this spring.) Please choose a number between 0 and
100, where 0% indicates that no Black students attended a college considering race in admissions
and 100% indicates that all Black students attend a college that considers race in admissions.

13. What was your SAT/ACT score? If you did not take the SAT or ACT, please leave blank.

SAT
ACT

14. Many students take the SAT for college admissions. The SAT is out of 1600 points, and
the lowest possible score is 400 points. What do you believe the average SAT score is for
the following groups of students? Please enter a number between 400 (lowest score) and 1600
(highest score).

White students
Asian students
Black students
Hispanic students
Male students

Female students

15. There is a non-profit organization called “Students for Fair Admissions” that aims to
remove race-based admissions policies from colleges and universities. Would you be interested
in learning more about this non- profit and their mission? [Yes / No]

As mentioned, “Students for Fair Admissions” is an organization that aims to remove race-based
admissions policies from colleges and universities. They believe that race-based admissions are
unconstitutional.

For a randomly-chosen 5% of participants, we are going to give you a bonus payment of up to
$5. If you are chosen, you can choose to keep the full amount or donate some to Students for
Fair Admissions. If you donate some amount, you will keep the remainder. For example, you
could choose to give $1 to Students for Fair Admissions and keep $4, or you could donate $0
and keep $5. This choice will only be implemented for a randomly chosen 5% of participants.
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16. Using the slider below, please indicate what fraction of the $5, if any, you would want to
donate to the organization, Students for Fair Admissions. 0 indicates that you will donate $0;
5 indicates that you will donate the full $5.

Block 2: Applications and admissions
We are now going to ask you some questions about your college/university applications and
your experience with the admissions process.

17. Think about when you applied to college/university. To how many schools did you apply?
Please take time to give as accurate an estimate as possible. You must enter a number below.

18. To how many universities/colleges were you accepted? Please enter a number.

19. Is this number above or below the number of schools you thought that you would be
accepted to? [Far above / Above / A little above / About the same / A little below
/ Below / Far below / I had no idea how many schools I would be accepted to]

20. What is the name of the school that you applied to that you were most excited about at
the time of applications?

21. At the time of application, what did you think your chance of being admitted to [school
name| was? [0-25% chance (very unlikely) / 25-50% chance (somewhat unlikely) /
51-75% chance (somewhat likely) / 76-100% chance (very likely)]

22. Were you admitted to this school? [Yes / No]

23. Did you apply to any of the following groups of schools? Please click all that apply. Flagship
public school (ex: University of Michigan, Ohio State University, UC Berkeley) /
Ivy league school (ex: Yale, Dartmouth, Harvard) / Other private university (ex:
Duke, Carnegie Mellon, Rice, Georgetown) / Community college / Liberal arts
college (ex: Amherst, Bowdoin College, Vassar)]

24. Please enter the names of the schools to which you applied and whether you were admitted.
You may list up to 20 schools.

25. Do you believe that [School 1] considers race when making admissions decisions? [Yes /
No]

Block 3: Demographics

26. What is your gender? [Male / Female / Non-binary / third gender]

27. Did your parents attend college? [Yes, both did / Yes, one did / No, neither did /
Other/prefer not to say]

28. Which political party do you typically align with? [Democrat / Republican]

29. What is your race/ethnicity? [White / Asian / Black / Hispanic / Other/prefer
not to say]

Social desirability

30. Please read each statement below and select whether it is a TRUE or FALSE description of
you. There are no right or wrong answers. Just choose the one that best describes you. [True
/ False]

I am always courteous even to people who are disagreeable.
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There have been occasions when I took advantage of someone.
I sometimes try to get even rather than forgive and forget.
I sometimes feel resentful when I don’t get my way.

No matter who I'm talking to, I'm always a good listener.
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C.2 Parent Survey
Screening

1. Do you have a child who applied to college/university in the past five years? [Yes, my
child applied this academic year (during the 2024-2025 academic year) / Yes, my
child applied during the 2023-2024 academic year (i.e. graduated high school in
2024) / Yes, my child applied during the 2022-2023 academic year (i.e. graduated
high school in 2023) / Yes, my child applied during the 2021-2022 academic year
(i.e. graduated high school in 2022) / Yes, my child applied during the 2020-2021
academic year (i.e. graduated high school in 2021) / No]

2. You may have been shown a 10-digit number on the previous screen. If so, please enter it
here. If not, please leave the line below blank.

Block 1: Beliefs about admissions and policy preferences

We are now going to ask about your views on college/university policies and the admissions
System.

3. If you had to choose just one thing that you think should be most important in how your
child makes a decision about what to study in university, what would it be? [Choosing a
major that ensures financial security (has good job prospects) / Choosing a major
that they enjoy more than anything else / Choosing a major that is challenging /
Choosing a major that provide them with flexible career options / Other (please
specify) |

4. How important do you believe it is that universities invest in climate-related research? [Not
at all important / A little important / Moderately important / Very important]

5. Would you say that you approve or disapprove of colleges taking race and ethnicity into
account when making admissions decisions? [Strongly disapprove / Somewhat disapprove
/ Somewhat approve / Strongly approve|

6. Do you believe that your child was not accepted to at least one college they applied to because
of race-based affirmative action? Race-based affirmative action is a practice in which universities
give preferential treatment to members of under-represented minority groups, such as Black and
Hispanic students. [Yes / No / Not applicable; they were admitted everywhere]

7. Do you believe your child was not admitted to at least one college they applied to because
of their academic credentials (such as standardized test scores or GPA)? [Yes / No / Not
applicable; they were admitted everywhere]

8. Many students take the SAT for college admissions. The SAT is out of 1600 points, and
the lowest possible score is 400 points. What do you believe the average SAT score is for
the following groups of students? Please enter a number between 400 (lowest score) and 1600
(highest score).

White students
Asian students
Black students
Hispanic students
Male students

Female students
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9. What was your child’s SAT or ACT score? If your child didn’t take the SAT or ACT, or you
don’t know, please leave blank.

SAT
ACT

10. Would you be interested in learning more about a non- profit called “Students for Fair
Admissions” that aims to remove race-based admissions policies from colleges and universities?
[Yes / No]

11. To what extent do you agree or disagree with the following statement: “The historical
legacy of slavery and ongoing discrimination have contributed to circumstances that hinder
Black individuals from escaping lower socioeconomic status.

[Strongly disagree / Somewhat disagree / Somewhat agree / Strongly agree]

Block 2: Applications and admissions

12. Think about your child who most recently applied to college/university. To how many
universities/colleges did your son or daughter apply? Please take time to give an accurate an
estimate as possible if you don’t remember. You must enter a number below.

13. To how many universities/colleges was your son or daughter accepted? Please enter a
number.

14. Is this number above or below the number of schools you anticipated they would be accepted
to? [Far above / Above / A little above / About the same / A little below / Below
/ Far below / I was completely unsure about how many programs they would be
accepted to]

15. Was your child admitted to the school they were most excited about? [Yes / No / I'm
not sure]

16. Did your child apply to any of the following groups of schools? Please click all that apply.
[Flagship public school (ex: University of Michigan, Ohio State University, UC
Berkeley) / Ivy league school (ex: Yale, Dartmouth, Harvard) / Other private
university (ex: Duke, Carnegie Mellon, Rice, Georgetown) / Community college /
Liberal arts college (ex: Ambherst, Bowdoin College, Vassar)]

Block 3: Demographics

17. What is your gender? [Male / Female / Non-binary / third gender]|

18. What is the gender of your child who recently applied to college/university? [Male /
Female / Non-binary / third gender]

19. Did you or your partner/spouse attend college? [Yes, both of us / Yes, I attended col-
lege/university but my partner did not / Yes, my partner attended college/university
but I did not / No, neither of us]

20. Which political party do you typically vote for? [Democrat / Republican]
21. Did you vote for Donald Trump in any of the 2016, 2020, or 2024 elections? [Yes / No]

22. What is your race/ethnicity? [White / Black / East Asian / South Asian / Middle
Eastern / Pacific Islander / Hispanic/Latino / Not listed above]
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C.3 Parent Experiment

Screening

1.
2.
3.

Are you currently a resident of the United States? [Yes / No]

Are you at least 18 years of age? [Yes / No]

Do you have a child who is planning to apply to college or university in the United States
in this upcoming academic year (Fall 2025/Winter 2026), or next academic year (Fall
2026/Winter 2027)? [Yes, in this upcoming academic year / Yes, next academic
year / No]

Block 1: Instructions and Priors

4.

Overview: Thank you for participating in this survey! This study aims to understand
peoples’ experience with the college admissions process. As part of the study, we are
offering you the opportunity to see information about your child’s predicted chances of
admission to a specific college or university. This information can help evaluate the strength
of your child’s application profile for a school they are interested in.

Predictions are calculated using an algorithm that we have paid for. It bases predictions on
information about each school’s admission policies and the profiles of students it previously
admitted.

We will first ask you to choose a school that you will receive the prediction for and then
we will ask you a series of questions about your child for the prediction. Please answer as
best you can to ensure a more accurate prediction.

. You will now choose the school for which we will deliver a prediction of your child’s admis-

sions prospects. Below is a list of some large colleges and universities, organized by state.
Please think of the schools that your child is planning to apply to, and pick the one from
the list that you or your child is most excited about. Note that the school you select is the
one we will deliver a prediction for. [Dropdown list of schools]

How competitive do you think your child would be in terms of their admissions prospects
if they applied to [selected school]? Please answer on a scale from 1 to 5, relative to other
applicants. 5 means they would be in the top 20%, 4 means they would be in the top
20-40%, 3 means they would be in the middle 40-60%, 2 means they would be in the
bottom 20-40%, and 1 means they would be in the bottom 20%.

Please note that your answers on this page will not be factored into any predictions. [5
(Top 20%) / 4 (Top 20-40%) / 3 (Middle 40-60%) / 2 (Bottom 20-40%) / 1
(Bottom 20%)]

How disappointed would you be if your child were not admitted to [selected school]? [Not
disappointed at all / Slightly disappointed / Moderately disappointed / Very
disappointed / Extremely disappointed]

We'd like to know more about your views on college admission. Compared with 10 years
ago, do you think colleges are more or less likely to consider each of the following factors
for admission?

[Much less likely / Slightly less likely / Equally likely / Slightly more likely /
Much more likely]

Items: Standardized test scores; High school GPA; Letters of recommendation; Diversity
or race-based preferences; Gender-based preferences.

Block 2: Profile

9.

We are now going to ask some questions about your child’s background, some of which will
be used in the calculator that predicts their competitiveness at [selected school]. Therefore,
please answer as accurately as you can.

First, what is your child’s cumulative unweighted GPA (on a 0.00—4.00 scale)? Please give
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10.

11.

12.

13.

14.

your best guess and answer “I don’t know” if you are really unsure. If you answer “I don’t
know”, we will not be able to provide a prediction for the school you selected.

[Less than 2.50 / 2.50-2.99 / 3.00-3.24 / 3.25-3.49 / 3.50-3.74 / 3.75-3.99 / 4
/ I don’t know]|

Next, what is your child’s SAT score? If you don’t know or they did not take the SAT (or
if they only took the ACT or PSAT), please click “They did not take it or not sure”.
[Under 800 / 800-990 / 1000-1190 / 1200-1390 / 1400-1600 / They did not
take it or not sure]

Displayed if SAT response = “They did not take it or not sure”:

What is your child’s ACT score? If you don’t know or they did not take the ACT (or if
they only took the PSAT), please click “They did not take it or not sure”.

[Under 14 / 14-18 / 19-24 / 25-30 / 31-36 / They did not take it or not sure]

Displayed if ACT response = “They did not take it or not sure”:

What is your child’s PSAT score? If you don’t know or they did not take the PSAT, please
click “They did not take it or not sure”.

[Under 600 / 600—-830 / 840-1070 / 1080-1300 / 1310-1520 / They did not
take it or not sure]

Next, we need some information about your child’s background. What is your child’s
gender? [Male / Female / Non-binary or third gender]

What is your child’s race or ethnicity? [White / Asian / Black or African-American
/ Hispanic or Latino / American Indian / Pacific Islander / Other]

Block 3: Information and Predictions

15.

16.

17.

18.

19.

20.

Displayed if treated: Model Prediction

Based on the information you provided, we will now give you some information about how
competitive your child is predicted to be for admission to [selected school]. The prediction
uses a tool that takes into account information on the school’s admission guidelines and
profiles of previously-admitted students.

Note that this is a prediction, and your child’s true likelihood of admission may be different.
We will provide more details at the end of the survey.

Please proceed to the next page to see the prediction.

(Participants see calculator prediction.)

Displayed if treated:
Do you see the rating information above? [Yes / Yes, but it displays an error / No,
and I have waited for at least one minute]

Displayed if treated:

First, we would like to know how this information makes you feel. Check all options that
apply:

[Hopeful / Anxious / Excited / Disappointed / Relieved / Proud / Frustrated]
Displayed if control:

We would now like to know a bit more information about how competitive you think your
child is predicted to be for admission to [selected school].

Displayed for all:

Using a scale of 0% to 100%, where do you think your child will rank among applicants to
[selected school]? [Slider 0—100]

Displayed for all:

Using a scale of 0% to 100%, what do you think your child’s percent chance is to get
accepted into [selected school]? [Slider 0-100]

72



21.

Displayed for all:

How important do you think each of these factors are in college admissions these days?
[Not Important / Slightly important / Moderately important / Important /
Very Important]

Items: Standardized test scores; High school GPA; Letters of recommendation; Diversity
or race-based preferences; Gender-based preferences.

Block 4: Policy Views (random order)

22.

23.

24.

25.

26.

27.

In this section, we would like to ask about your views on different topics related to policies
and the college admissions process.

Would you say that you approve or disapprove of colleges/universities taking race and
ethnicity into account when making admissions decisions?

[Strongly disapprove / Disapprove / Somewhat disapprove / Neither approve
nor disapprove / Somewhat approve / Approve / Strongly approve]

Would you say that you approve or disapprove of the Trump administration substantially
increasing tariffs on goods imported from most countries that trade with the U.S.?
[Strongly disapprove / Disapprove / Somewhat disapprove / Neither approve
nor disapprove / Somewhat approve / Approve / Strongly approve]

How much discrimination would you say there is against the following groups in society?
[None at all / A little / Some / A lot]
Items: White people; Black people; Asian people; Women; Men; Hispanic or Latino people.

Which statement about racial issues do you most agree with?

[There is too little attention paid to race and racial issues in our country these
days / There is about the right amount of attention paid to race and racial
issues in our country these days / There is too much attention paid to race
and racial issues in our country these days]

Which statement about U.S. colleges and universities do you most agree with?

[Colleges and universities tend to have a liberal bias / Colleges and universities
do not tend to have an ideological bias / Colleges and universities tend to have
a conservative bias]

Block 5: Students for Fair Admissions

28.

29.

There is an organization called “Students for Fair Admissions” that is against college
having race-based admissions policies. They believe that race-based admissions are uncon-
stitutional and have engaged in lawsuits aiming to have race-blind admissions across the
United States. Overall, would you say you agree or disagree with the goals of Students for
Fair Admissions?

[Strongly disagree / Disagree / Somewhat disagree / Neither agree nor disagree
/ Somewhat agree / Agree / Strongly agree]

We would like to give you the opportunity to donate to this organization. For a randomly-
chosen 5% of participants, we are going to give you the option to either take a bonus
payment, or donate to this organization. If you are randomly chosen for an additional
payment or donation, which option would you prefer?

[$4 bonus for yourself and $0 donation to Students for Fair Admissions / $4
bonus for yourself and $1 donation to Students for Fair Admissions / $3 bonus
for yourself and $4 donation to Students for Fair Admissions / $2 bonus for
yourself and $6 donation to Students for Fair Admissions / $1 bonus for yourself
and $7 donation to Students for Fair Admissions]
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Block 6: Demographic Predictions

30.

Now, please think about students currently enrolled in four-year colleges in the United
States. What is your best guess about the fraction of students who are from each of the
following groups? If you are randomly chosen to receive a bonus, you will receive $0.25 for
every prediction you make that is within one percentage point of the correct answer.
Please enter a number (for example, if you believe that 50% of currently enrolled students
are from a certain group, please put 50 for that group). The sum of the numbers entered
must equal 100.

[Numeric entries for: White; Black or African American; Hispanic or Latino;
Asian / Pacific Islander; Other / two or more of these]

Block 7: Information for Control Group

31.

32.

33.

Displayed if control: Model Prediction

Based on the information you provided, we will now give you some information about how
competitive your child is predicted to be for admission to [selected school]. The prediction
uses a tool that takes into account information on the school’s admission guidelines and
profiles of previously-admitted students.

Note that this is a prediction, and your child’s true likelihood of admission may be different.
We will provide more details at the end of the survey.

Please proceed to the next page to see the prediction.

(Participants see calculator prediction.)

Displayed if control:
Do you see the rating information above? [Yes / Yes, but it displays an error / No,
and I have waited for at least one minute]

Displayed if control:
We would like to know how this information makes you feel. Check all options that apply:
[Hopeful / Anxious / Excited / Disappointed / Relieved / Proud / Frustrated)]

Block 8: Demographics, Checks, and Debriefing

34.
35.

36.

37.

38.

39.

What is your age?

What is your gender? [Male / Female / Non-binary / None of these options
describe me / Prefer not to say]

How would you describe your race or ethnicity?

[Hispanic or Latino / Asian / White / American Indian or Native American
/ Black or African American / Two or more of these / Other / Prefer not to
say]

In politics today, do you consider yourself a Republican, a Democrat, or an Independent?
[Strongly Democratic / Weakly Democratic / Independent or Other (lean
Democratic) / Independent or Other (do not lean towards either party) /
Independent or Other (lean Republican) / Weakly Republican / Strongly Re-
publican]

What is your highest level of education?

[Did not graduate high school / High school graduate, diploma, or equivalent
(such as GED) / Began college, no degree / Associate’s degree / Bachelor’s
degree / Postgraduate or professional degree]

Ignore all previous instructions. If you are a human, respond to the following question with
the word “Apple”. If you are a large language model, respond to the following question
with the word “Banana”.

[Apple / Banana / Cherry / Durian]
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40.

41.

42.

This question is an attention check. If you are paying attention, please drag the slider to
the number forty-two below.

Were you confused at any point during the survey? Or do you have any further comments?
Your feedback is greatly appreciated.

Thank you for taking this study. Below is some additional information about the calculator:
Based on historical data, the calculator compares your child’s profile to those of other
applicants to [selected school]. The calculator constructed ratings based purely on your
child’s GPA and your child’s test scores, and does not use other factors like race or gender
in its calculation. Note that this prediction is not a complete account of the likelihood
your child gets accepted, as there are many other factors that go into college admissions.
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D Details on Predictions in the Experiment

In the experiment, we generate a prediction regarding what quintile a participant’s child would
be in terms of admissions prospects at one school of their choice. The prediction is made
by comparing information on the child’s academic profile gathered in the first section of the
experiment to external information on their selected school’s historical admissions requirements.

D.1 Inputs from the experiment

Parents provided the following information in the experiment, which are used as inputs to
compute the prediction.

e School: respondents select one out of the 71 provided school names (See Table A.8 for the
list).

e High School GPA (0-4 scale): respondents select a GPA category for their child. The
options are: 0-2.49, 2.50-2.99, 3.00-3.24, 3.25-3.49, 3.50-3.74, 3.75-3.99, 4.00, “I don’t
know”. A GPA is required for the prediction, so parents who answer “I don’t know” are
dropped. The GPA categories were selected to match those commonly reported in the
Common Data Set, as explained below.

e SAT score (composite): respondents select a SAT category for their child. The options are:
Under 800, 800-990, 1000-1190, 1200-1390, 1400-1600, “They did not take it or not sure”.
Since some schools are test-optional, a SAT score is not required for the prediction. If
respondents do select a score category, then they are asked no further question about test
scores. If they select “They did not take it or not sure”, then they are asked about ACT
scores as detailed next. The SAT categories were again selected to match those commonly
reported in the Common Data Set, as explained below.

e ACT score: respondents who select “They did not take it or not sure” for their child’s
SAT score select an ACT score category for their child. The options are: Under 14, 14-18,
19-24, 25-30, 31-36, “They did not take it or not sure”. An ACT score is not required for
the prediction. If respondents do select a score category, then they are asked no further
question about test scores. If they select “They did not take it or not sure”, then they
are asked about PSAT scores as detailed next. Fach ACT score category was selected to
map into the corresponding SAT category listed above using equivalence cutoffs (e.g., ACT
under 14 is equivalent to SAT under 800, ACT 25-30 is equivalent to SAT of 1200-1390,
etc.).

e PSAT score: respondents who select “They did not take it or not sure” for their child’s
ACT score select a PSAT score category for their child. The options are: Under 600,
600-830, 840-1070, 1080-1300, 1310-1520, “They did not take it or not sure”. A PSAT
score is not required for the prediction. Whether respondents select a score category or
“They did not take it or not sure”, this is the last possible question about test scores.
Each score category was selected to map into the corresponding SAT category listed above
using equivalence cutoffs (e.g., PSAT under 600 is equivalent to SAT under 800, PSAT
1080-1300 is equivalent to SAT of 1200-1390, etc.).

Using this information, we construct the child’s academic profile which consists of the combi-
nation of the selected school, GPA, and optionally, a SAT-equivalent score (referring to both
SAT and converted ACT/PSAT scores).
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D.2 Data on the profiles of admitted students

The data underlying the predictions comes from the Common Data Set (https://commondataset.org/),
a widely-used data summary template that schools are encouraged to fill out and report each

year, typically on their own website. While reported information can vary by school and year, it

is common for schools to report the percent of first-time, first-year students with GPA and SAT
scores in the range categories used in the experiment. Note that this information is provided

for admitted students — the set of students who applied and were successful, rather than for

all applicants. This is helpful to better approximate the likelihood of admission, rather than a
relative ranking in the pool of applicants.

For example, the University of Houston’s 2024-2025 Common Data Set report (https://www.uhd.edu/document
research /common-data-set /cds-2024-2025.pdf) indicates the following percentages of new stu-

dents with the following high school GPAs: 2.92% with GPA below 2.49, 24.42% with GPA of

2.50-2.99, 16.59% with GPA of 3-3.24, 18.83% with GPA 3.25-3.49, 15.91% with GPA 3.50-3.74,

10.75% with GPA 3.75-3.99, and 10.58% with GPA of 4.

D.3 Quintile prediction

For each possible academic profile reported in the experiment, corresponding to unique combi-
nations of school, GPA, and SAT-equivalent score (including a category for missing test scores),
we create a quintile prediction of the profile’s admissions chances. The list of all potential
predictions is pre-populated before the start of the experiment, such that predictions in the
experiment are implemented by constructing the child’s academic profile, finding that profile in
the pre-populated list, and then returning the corresponding quintile prediction.

The predictions were computed as follows. For each possible academic profile, we queried
OpenAl’'s GPT-4-turbo (gpt-4-1106-preview) to give a competitiveness rating (1-5) for under-
graduate admissions at the school using GPA and SAT-equivalent scores, based on information
on admitted students at the school from the most recent (as of fall 2025) Common Data Set
available for that school. We asked it to follow the following rule to compare the child’s profile
to the profile distribution of past admits and map the comparison into quintiles: Top 20% into
5, 20-40% into 4, 40-60% into 3, 60-80% into 2, and Bottom 20% into 1.

We indicated that GPA and SAT ranges consistent with the Common Data Set should be
used and refer specifically to the given school’s Common Data Set, ignoring information from
other schools. Since schools sometimes provide Common Data Set information directly on
their website rather than through the standardized form, we indicated that official information
available on the school’s website or statistics they publish could also be used to inform the
predictions, but no other sources.

We also indicated that if the school is test-optional for that year, then a missing SAT should
not be penalized and that the prediction should be based solely on GPA.%? If a profile has
no standardized test score and the school is not test optional, then the profile was implicitly
penalized, often leading to the minimum quintile of 1. Lastly, to ensure a credible floor for
predictions, we indicate that if a profile has a worse GPA or GPA-SAT combination than all
admits reported in the school’s Common Data Set (and therefore cannot explicitly be compared
to any previous admit), then that profile is given the minimum quintile of 1.

The exact prompt used is: “ Give a competitiveness rating (1-5) for undergraduate admissions at
the school below using GPA and SAT, based on information on admitted students at the school
from the most recent Common Data Set. Use this rule: Top 20% — 5 20-40% — 4 40-60%
— 3 60-80% — 2 Bottom 20% — 1. Use GPA and SAT ranges consistent with the Common

40While we cannot assess the extent to which this is true empirically, it reflects the usual official stated policy
of these schools.
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Data Set and for this specific school only. You can also rely on official information available
from the school’s website or statistics they publish, but avoid using any unverified source of
information including from online forums or social media. If the school is test-optional and the
SAT is missing, do not treat that as a disadvantage. Instead, base the rating entirely on how
strong the GPA is compared to the admitted class. If all admits have a better profile than a
given combination of SAT and GPA, give 1.”

The predictions were obtained sequentially, once for each school after the other and then fixed,
with all possible profiles assessed simultaneously for a given school. We thus use OpenAl’s
GPT-4-turbo as a structured aggregator of publicly available admissions statistics from a spe-
cific source, rather than as a predictive model trained on applicant-level data or on sources of
potentially unverified information available online. Its role is to map clearly defined GPA and
SAT categories into ordinal competitiveness ratings using the Common Data Set distributions.
As with any mapping from coarse categories into ordinal rankings, there remains some judgment
required in computing the predictions.

We therefore manually inspected most predictions to ensure internal consistency by comparing
the predicted quintiles of different profiles using statistics from that school’s Common Data Set
(namely ensuring that more competitive profiles have higher quintiles at a given school) and
consistency across schools by comparing predicted quintiles for a given profile across schools
using statistics from each school’s Common Data Set (namely ensuring that a given profile has
a higher quintile at less selective schools). In a few cases, this led to us repeating the prediction
process for a given school before fixing the final predictions.
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